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finding rates and in the quality of the job found. Compared to the unemployed, employed job
seekers have a smaller pool of job offers that they consider acceptable; this leads to lower
job finding rates but better quality jobs. Differences in job quality are tiny when unobserved
heterogeneity and selection into accepting a job are accounted for. Hence, differences are
mostly due to behaviour of unemployed people rather than negative signaling or employer
discrimination.
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1. Introduction

The literature suggests that reductions in unenmpéoyt (or welfare) benefits increase the
transition rates from unemployment into employmémye is no consensus, however, on
whether the shorter search results in worse jole&g@bi and Weber 2015). From a policy
point of view, the quicker unemployed people firvjobs, the sooner they stop claiming
unemployment benefit and start paying income taxéswever, this may have hidden costs
as the unemployed tend to find jobs that pay coatpely lower wages (Arulampalam 2001;
Gregg and Tominey 2005) and are likely to be unst@@bheim and Taylor 2002; Booth et
al. 2002). Unemployed entering lower quality joti8 pay comparatively lower income tax
and will be at a higher risk of further unemployryehis may have long-lasting
consequences for welfare and for individuals.

Recent research on recipients of unemploymentfileine Germany suggests that
longer durations of unemployment benefits tranglattejobs that last longer and pay higher
wages (Caliendo et al. 2013). For Sweden, varB#eg and Vikstrom (2014) find that
punitive sanctions related to refusal of suitable ¢ffers lead to higher transitions into jobs,
but also more transitions into lower quality jobs.

Instead of focusing on recipients of unemploymniesntefits, this paper contributes to
the debate on the trade-off between shorter ungmaot spells and larger scars from
unemployment by comparing unemployed job seekenetfver receiving unemployment
benefits or not) to job seekers who are employlte comparison includes job finding rates
and various job characteristics such as wagesshand permanency. By accounting for
unobserved individual heterogeneity and selectibm accepting a job offer this paper also
explores the additional impact of negative signgllon the re-employment of unemployed
people and therefore also contributes to the tiieeaon unemployment scarring (e.g.
Arulampalam 2001; Arulampalam et al. 2001). Thegpalso contributes to the literature
comparing job search outcomes of (successful) ufap and employed job seekers (e.qg.
Blau and Robins 1990; Weber and Mahringer 2008)is Titerature generally focuses on
successful job seekers and cannot control forsgéfetion in job offer acceptance.

Theoretical models of job search predict that @ygd job seekers will find better
jobs than unemployed job seekers (Pissarides X##also Rogerson et al. 2005 for a
review) although predictions on the probabilityfiotling a jobs are not clear-cut. From the
supply side, the unemployed tend to have worserebdeharacteristics than job seekers

who are employed and they may be more willing #aployed job seekers to accept any job
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to avoid the stigma of unemployment or becausewfflnancial means, or unemployment
benefit duration or sanctions. From the demane, si&mployers interpret unemployment as
a negative signal, the worse re-employment outcdordbe unemployed may be the result

of constraints or inefficiencies in the labour nmetrend may be independent on the behaviour
of unemployed job seekers.

In terms of the probability of finding a job, teignalling theory suggests that
employers will prefer employed job applicants t@mployed ones (Blanchard and Diamond
1994, Eriksson and Gottfries 2005; Eriksson andekstgom 2006) thus reducing the
probability of finding a job for the unemployed: the negative signal is relevant and
unemployed people are channelled into a secondbaout market, the outcome of their job
search is somehow constrained and independentearbthaviours and choices. We would
expect the unemployed to be less likely to findlaand to find lower quality jobs. On the
other hand, it is possible that some unemployed dmmparatively worse jobs because they
feel pressure to quickly find a job and are theeforepared to accept job offers that they
would not have accepted had they had a job. dfiththe case, we would expect the
unemployed to find jobs more quickly than emplojauseekers, but also to find worse jobs
on average. However, we should expect no diffeemt job quality after controlling for
self-selection into accepting a job offer.

The results suggest that the difference betwegalogmed and unemployed job seekers
is consistent with employed and unemployed job sexkaving different reservation wages
and different expectations about other job chareties such as permanency and working
hours. In contrast to the predictions of the sigmatheory, the unemployed have a higher
probability of receiving an acceptable job offemnhemployed job seekers, and this
difference remains after controlling for observearker and spouse’s characteristics, job
search behaviour, and unobserved individual hegreity. Controlling for differential
selection into a new job, the results also sugipestemployed job seekers accept jobs with
higher wages than the unemployed, and are mory likan the unemployed to find
permanent jobs that meet their working hour requoéets. However, although systematic,
these differences are tiny and suggest that thattgpes of jobs seekers operate in the same
labour market and the impact of signalling (i.e pbager behaviour) is less relevant than the
impact of behaviour (i.e. accepting any job) inedietining the quality of the job found. The
pressure that unemployed people may feel to aagpjob may have a positive impact on
their probability of finding a job, but may alsovganegative consequences on the quality of

the job found and on their subsequent (employnaargers.
2



2. Theoretical background and modelling strategy

2.1. The job search model

The most appropriate theoretical background forcttraparison of employed and
unemployed job seekers is the job search moded nddel presented here is commonly
used in the literature and is derived from Rogesstoal. (2005).

Consider a labour market with two types of jobkees: unemployed and employed
people engaging in on-the-job search. Employegleasho do not engage in on-the-job
search are excluded. Job seekers maximise tfegime utility, which is a function of the
expected income received when employed and whempioged (}), in a stationary

environment. In the discrete case:
Utility = max[E (X2, B1,)] 1)

WhereE refers to the expected valy®js a discount factor ranging from zero to one, knd
is income. When the job seeker is employed, lisrire isw. It is common to proxy income
by wages; however, we could interpnetas a bundle of job characteristics including mdy o
wages, but also characteristics such as job sgcatitonomy, and so on. Income from
employment is then a measure of the desirabilithhefjob (see also Rogerson et al. 2005).
When the job seeker is unemployed his inconteaad may include unemployment benefits,
the utility of additional leisure or of home prodion, and so on.

At each point in time each employed and unemplggbdeeker randomly draws a
job offer with job desirabilityv from a known i.i.d. distribution of job offes(w), and
decide whether to accept the offer or not. IfdHer is rejected, the job seeker does not
change status (e.g. employed or unemployed) aruslke=arching. Even though all job
offers are acceptable by at least one job seekeguse of search frictions, and because
a bundle of job characteristics, even unemploybdsgekers may find a subset of job offers
unacceptable. When the job offer is rejected, atchmis produced and the job offer goes
back into the pool of offers. When the offer isgqated the job seeker enters the job and may
either stop searching, or still participate in $earch process and evaluate new offers

(although search intensity may change).



In the continuous case we canget 1/(1 + rA), whereA is the length of the
period. New job offers arrive at raig while unemployed, and at rai¢ while employed,

andA is the exogenous rate of job loss (see Rogersah 2005). Whed— 0:

rU =b+a, fVZ[W(W) — U]dF (w) 2)
and

Ww)=w+a, fooo max{Ww') — W(w),0}dF(w") + A[U — W(w)] 3)

U andW (w) are the values of being unemployed and employbdewU and
rW(w) are the flow value per period. These flow valaesthe sum of the instantaneous
payoff (b for the unemployed and for the employed) and the expected value of amyghs
in the job seeker’s state. The second term inteué?) is the expected increase in income
from a move into a joblW (w) — U) multiplied by the probability that the unemployed
receives a job offer,) and represents the event in which the unemplogegives a job
offer higher than his “reservation desirability’e(i including reservation wage and all other
job characteristics). The second term in equg®ris the event in which the employed job
seeker receives a job offét’(w")) higher than his current job desirability, whitetthird
term refers to a job loss. From equations (2)(@ydhe unemployed have a reservation
desirability such thalt (wgz) = U and employed job seekers switch jobs wheérn> w (see
Rogerson et al. 2005). Compared to employed jekess, unemployed people are likely to
consider “acceptable” a larger proportion of jofecd (Gruetter and Lalive 2009).

2.2. Probability of finding a job

The job search model implies that the probabiligtthe job seeker has not found a job after
a spell of Iengthﬁ'ht iIsH = a [1-F(wr)] and is the product of the job offer arrival ratedy

for the unemployed ang, for employed job seekers) and the probabilityaufegpting the job
offer 1-F(wg), wherewr is the reservation desirability for the unemploged the current job
desirability for employed job seekers. Whetherghebability of finding a job is higher for
employed or unemployed job seekers is still an apesstion.

Empirically, the job offer arrival rate is not @rgable, and may differ depending on
individual characteristics and behaviours. Whatlserve is the pool of jobs accepted by
employed and unemployed job seekers. The estinpatdxhbility that the job seeker accepts
a job offer is a function of his individual charastics and behaviours, and the acceptability
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of the offer given his current situation. If bathemployed and employed job seekers draw
job offers from the same distribution and unemplewiris not interpreted as a negative
signal by employers, the (unobserved) probabilitgeing offered a job should be the same
for both job seekers after controlling for thosaretteristics that generate heterogeneity in
the job offer arrival rate. The (unobserved) gqyaii jobs offered should also be the same on
average, while the probability of finding any ofterceptable may be higher for the
unemployed, thus generating a higher probabilit§rafing a job for the unemployéd|f, on
the other hand, employers use unemployment asal§low productivity and rank job
applicants on the basis of such signals, we shostdad observe a lower probability of
finding a job for unemployed job seekers sinceuthemployed would be offered the job only
if there were no employed job applicants, or alptayed job applicants rejected the job
offer. In this case we should also observe a laverage quality of the jobs offered to the
unemployed.

The dataset used in this paper allows us to coiaranost of the individual
characteristics and behaviours that may resulifiardnces among job offer arrival rates,
including unobserved heterogeneity. Hence, camdhii on these characteristics, we can
assume that the job offer arrival rate is the seanemployed and unemployed job seekers.
The probability of accepting a job offer can berapienalised using a correlated random
effect probit model.

Since we only observe job characteristics foreéhwho accept a job offer, it is not
possible to include the characteristics of the(putrepted) among the explanatory variables.
The quality of the job accepted by employed andnpieyed job seekers is analysed in a

separate step.

2.3. Quality of the job found

Although the reservation desirability is likelylie higher for employed job seekers than for
the unemployed, it is unclear how the differentralteristics of the job sum up to the overall
desirability, and whether the unemployed weightedwracteristic differently than
employed job seekers (Bonhomme and Jolivet 200ly&uand To 2014). For example,
because of financial constraint the unemployed bealess willing (than employed job

seekers) to trade-off wages for other job charesties. The aim of the second part of the

1 Gush et al. (2015) provide qualitative evidena tmhemployed people are likely to accept the fistthat
may come along.



analysis is to compare how the characteristich®jdb accepted by an employed job seeker
differ from the characteristics of the job acceptgdhe unemployed.

If signalling is important and unemployed job serskare channelled into a secondary
labour market, we would expect significant differes in the quality of the job accepted by
the two types of job seekers. However, if differemnare mostly due to different behaviours
and in the pressure to find a job, we should expedifferences between unemployed and
employed job seekers once we account for the obdeand unobserved characteristics that
have an impact on the probability of finding a job.

A convenient way to compare the quality of the ga@lbepted by employed and
unemployed job seekers is to estimate a model inohwthe dependent variable is a dummy
for whether the person hired in the job was an ypleyed job seeker as opposed to an
employed job seeker. The explanatory variablesrere@arious characteristics of the job.
This allows us to use a probit Heckman selectiodehto account for selection into
accepting a job offer.

In summary, if the main reason why the unempldymdibad quality jobs is due to
negative signals and labour market constraints madavexpect the unemployed to have
lower job finding rates and to find lower qualitbs than employed job seekers. If the main
reason why the unemployed find bad quality jolduie to the higher probability of
unemployed people accepting any job offer, we weaxioect them to have higher job finding
rates than employed job seekers. Although on geenge may still observe differences in
job quality, we would expect both unemployed angleyed job seekers to find similar

guality jobs once we control for characteristicd anlf-selection into accepting a job offer.

3. Data and descriptive statistics

The analysis is based on the UK quarterly Laboucé&&urvey (LFS). The LFSis a
representative survey of households living in théwhich collects data quarterly on a large
number of individual and household characteristitse analysis uses data from 1993, when
information on wages became available, up to tts¢ duarter of 2010, and excludes

Northern Ireland.

2 The quarterly nature of the data means that sesrelts that take place between two interviewsnate
recorded. The data capture some of these shdlg,sphen an interview happens during that sp€he
analysis relies on the assumption that short sespehs are not systematically different than lormyges once
we control for both observed and unobserved cheriatits.
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The LFS has two important features: it asks qaaston job search to both employed
and unemployed respondents, and has a rotating gtameture where people are interviewed
for up to five successive quarters. This allovesract comparison between the unemployed
and employed people engaging in on-the-job sedralipws the identification of job seekers
who find a (new) job by the following quarter ame tcharacteristics of the job found.
Although the panel dimension is relatively shdrglso allows to control for individual
unobserved heterogenetiy.

For the purpose of this analysis job seekersgsoralents who: (1) are looking for
paid employment; (2) have looked for work in thet lur weeks; and (3) mention at least
one method of job search. To avoid complicati@hated to the complexity of female labour
market attachment, the focus here is on men wheitrer employed or unemployed and
who actively search for a job. While almost alearployed search for a job, about 5-6% of
those who are employed engage in on-the-job s€aeehLonghi and Taylor 2014 for more
details). Hence, the number of job seekers inabeur market is roughly equally split
between the unemployed and those who search ojotthe-

Table 1 presents summary statistics by job sestkés. Employed and unemployed
job seekers differ in terms of the intensity of ggaarch, with unemployed job seekers on
average using almost 5 and employed job seekerg about 3 different search methods (this
is consistent with what Kuhn and Mansour 2014 fordhe US). Higher search intensity for
the unemployed is consistent with a greater pressufind a job. The unemployed are more
likely than employed job seekers to use job cerdrgwivate career offices, while employed
job seekers are more likely to respond to newspaghegrtisements. Most employed job
seekers search because various aspects of théfrgabwages to commuting time) are
considered to be unsatisfactory, while about 1438k for a job because their current job

may soon come to an end.

TABLE 1 ABOUT HERE

Compared to employed job seekers, on averagengrapioyed have lower levels of
education, are less likely to have children ankawee a spouse. Unemployed job seekers’
spouses are less likely to have a job (either @ jodi or self-employment) and are paid lower
wages than spouses of job seekers who are employethere seem to be no difference in

part-time or temporary jobs.



The bottom rows of Table 1 summarise the job $eantcomes. On average, 7.2%
of unemployed people find a job by the followingagter (this includes people with any
length of search), compared with 6.6% of employddgeekers. The quality of the jobs
found by unemployed and employed job seekers difiesiderably. The average hourly
wages in the jobs found by the unemployed are £8oRtpared with £9.66 for employed job
seekers; 32.1% of unemployed job seekers entenpat@ry job, compared to 19.8% of
employed job seekers.

The LFS asks job seekers whether they are lodking full-time job, a part-time job,
or are indifferent between the two. A variable bardefined that takes the value one for
those job seekers who accepted a part-time (fuk}ijob and were looking for a part-time
(full-time) job or were indifferent between the twbn case of a mismatch the variable takes
the value zero. Table 1 shows that 91.0% of uneyel job seekers accepted a job offer
with the sought working hours compared with 95.Z%raployed job seekers. However a
larger proportion of unemployed than employed jebkers is indifferent between part- and
full-time jobs and so will not be classified as mached. Hence, differences are likely to be
larger than appears from this analysis.

4. Econometric models

4.1. Probability of finding a job

We can compare the probability of employed and pieyed job seekers finding a job using
a correlated random effects probit model. The ddest variable is binary, taking the value
one if a worker finds a job by the following quartand zero otherwise. This is observed at
most at four quarterly interview dates. The mddeindividuali is specified as follows:

Yit = Xipr—1By + Sit—16y + Jir—10y + a; + & 4)

% In the LFS information on wages are collected anlghe fifth interview from 1993 and both in thiest and
fifth interview since 1997. To increase samplesizage data for the second, third, and fourthrirgg/s are
imputed under the assumption that wages do notgehsignificantly within five quarters. If theredhbeen a
job change in the period considered, wage datactelll from the first interview (if available) araguted to all
quarters before the job change, and wage datectadlérom the fifth interview are imputed to allagters after
the job change. Since this may include measuregrent, some of the models have been re-estimated
excluding wages that have been imputed. Similamfprmation on unions, days off and commuting tinase
been collected at (sometimes irregular) intervaats, are generally available only since 2003-20Dd increase
sample size, missing observations are imputechfise waves where the current job is the same gshihghen
such data were collected. As sensitivity analysegjels are estimated including and excluding thesables.
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WhereY}; is the unobservable individual propensity to hemtered a job at time X;,_, is a
vector of individual characteristics affectiiiy, J;,_, is a vector of search-related
characteristics§;,_, is a binary variable indicating whether the joblss was employed
rather than unemployed; captures the individual unobserved heterogenaitgg;; is the
unobservable error terngy, 8y andé, are parameters to be estimated. All explanatory
variables refer to the time of the searth)(rather than the time of entry into the jdjp (

An individual is observed entering a job whenrigpensity to enter a job exceeds
zero. Ife;,~IN(0,02) we can use a correlated random effect probit mib@delincludes
among the explanatory variables the individual mafaall time-varying covariates to partly
control for possible correlation between the indizal unobserved heterogeneity)(and the
explanatory variables (Mundlak 1978; Wooldridge @01A positive estimate fdty
indicates that employed job seekers are more litkelp otherwise similar unemployed job
seekers to accept a job offer.

The vector of individual characteristi&s._, includes age, dummies for highest
education level, for the presence of children yauriban 18 and for employment
characteristics of the spouse (if any); these ohela dummy for whether in the data we have
information about the spouse, a dummy for whetherspouse has a job (paid job or self-
employment), dummies for whether her job is tempooa part-time, and her hourly wages
(only for those with a paid job). These varialdes all set to zero for those who do not have
a spouse. Whether the partner has a job, andhtradteristics of her job are likely to have
an impact on the pressure to find a job, with alrect impact on the pool of job offers that
the job seeker may consider acceptable. It i$yliteat having a partner with a (good) job
will result in a narrower pool of job offers théietjob seeker will consider acceptablg,_,
also includes dummies for the nine English Govemin@dfice Regions, plus Wales and
Scotland, together with dummies for year and quaiftéhe survey, and a dummy for the
years of the recent recession (2008-onwards).

The vector of search-related characterisiis,() includes the number of search
methods used (to proxy for search intensity), duesnfior the main job search method used
and length of job search (or unemployment duratidfr those who are employed job
seekerg;,_, also includes dummies for the main reason of gayeh, with unemployed used
as reference group.

It is also important to ascertain whether themetuo individual characteristics, job

search methods, length of search, and labour medkelitions differ for employed and



unemployed job seekers. For example, we might exgaticular types of job search
methods to be more effective for employed job see&rd others to be more effective for the
unemployed. Hence, the probability that the jodkse finds a job is also modelled
separately for unemployed and employed job seekers.

4.2. Quality of the job found

The second research question relates to the quélibe job found conditional on finding a
job and focuses on how jobs filled by employedgekbkers compare with those filled by the
unemployed. The data include various measuresbofjjiality: wages, contractual status
(temporary/fixed term or permanent), whether orthetjob found corresponds to the stated
job search criteria in terms of working hours, pres of unions at the workplace, the
number of days off per year and commuting timas likely that job seekers will jointly
evaluate all the characteristics of the job bettgeiding whether to accept or reject a job
offer.

Estimating a system of equations in which eactcjudracteristic is used as dependent
variable would not easily allow to model selectioto accepting a job. Since neglecting
non-random selection may cause biased estimatesrtalysis proposes a different type of
model; the explanatory variables are the charatitesiof the jobZ%;,) while the dependent
variable {;;) is a dummy which is one if the person hired i jitb was a unemployed job

seeker, and zero if it was an employed job seeker:

Hiy = Zjn + €ien (5)

Z;, includes dummies for permanency, whether or m@atttual working hours match the job
search criteria, hourly wages, presence of univtiseaworkplace, the number of days off per
year, and commuting time. The latent variathferepresents the desirability of the job, and
depends on the characteristics of the job itsalhat we observe is whether the job offer has
been accepted by an employed job seeker, or byploged job seeker. Although this
setting may seem unusual, it has been used befayelLonghi and Taylor 2014). A positive
value of the coefficien would indicate a higher probability that the jadstbeen filled by

an unemployed job seeker, keeping constant the okiagacteristics of the job, while a
negative value would indicate a higher probabilisgt the job has been filled by an employed

job seeker. If a job with certain characteristecmore likely to be filled by an unemployed
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rather than an employed job seeker, we may specthiat a job with such characteristics
may be less likely to be considered acceptablen(évbe offer was made) by those who are
employed.

The characteristics of the job can only be obskiiveither an employed or an
unemployed job seeker has accepted the job o8election into accepting a job offer is
modelled using a probit Heckman selection modeh @& Ven and van Praag 1981), where
the selection equation is similar to equation () éxcludes the dummy for employed versus
unemployed job seekers and reason for on-the-jakzlsewhich would perfectly predict the
dependent variable in the main model. All othgrlaratory variables included in equation
(4) are used as instruments for the self-sele@ration. In addition, since we observe at
most one job acceptance, the selection equatiarsésconly on the characteristics of the job
seeker in the last quarter before accepting agolm the last quarter before exiting the LFS
sample, thus using cross-section data.

It could be argued that not all variables includethe selection equation are
appropriate instruments. For example, educatightrhave a direct impact on some
characteristics of the job found such as wagesh Sariables should therefore be included in
the main model. The empirical part discussesdbestness of the results to changes in the
variables included in the two equations.

Another problem is that the selection equation maynisspecified since it excludes
the reason for on-the-job search and neglectsishaa unobserved heterogeneity. The first
issue is investigated by comparing the unemployl @mployed job seekers who search for
different reasons. The second issue, neglecteblseneed heterogeneity, is investigated by
means of a sensitivity analysis. The intuitionibdihe sensitivity analysis is that we can
interpret the individual unobserved heterogenesty@observed time-invariant individual
characteristics that increase or decrease theithdiVs probability of accepting a job offer.
The impact of these individual characteristics loa pprobability of finding a job can be
estimated from a longitudinal version of the setecequation, and then included as an
additional explanatory variable in the cross-sectiersion of the selection equation. The
longitudinal version of the selection equationstireated using a linear probability model

with individual fixed effects with the caveat ttiae data include only four waves.
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5. Empirical results

5.1 Probability of finding a job

The marginal effects resulting from the estimatiéequations (4) are in Table'2For
comparison, the first column shows the results wioalel estimated using a cross-section
probit, while the remaining columns estimate catedl random effect probit models.
Columns (1) and (2) show the results of a modduaing both employed and unemployed
job seekers, while the remaining two columns shepagate estimations for employed and
unemployed job seekers.

Column (2) indicates that even when controllingdidferences in search strategy,
search duration and a range of observed and unaaseharacteristics, employed job
seekers have a 28.5 percentage points lower pidpdaban unemployed job seekers of
entering a new job. Therefore all else equal, ypleyed job seekers are more likely than
employed job seekers to receive an acceptableffeh during recessions, employed job
seekers are even less likely than the unemployédda job. This is consistent with the
idea that the stigma of unemployment is lower dyarrecession (Clark 2003, Biewen and
Steffes 2010), but may also be due to a larger pboehemployed in these periods, or to an
average lower quality of jobs on offer during ag®sion.

The higher probability that unemployed people fanjdb and the fact that this
difference is larger during a recession is a firdtcation that the unemployed have a larger
pool of job offers that they consider acceptablagared to those who search on-the-job.
This is also inconsistent with the signalling theavhich would predict a higher job-finding
rate for employed job seekers, although it is stilisistent with the dual labour-market
theory, which would suggest the existence of twaasate labour markets. As described in
the theoretical background section, the followitgpsconsists in the comparison of the
quality of the job found by unemployed and emplojysilseekers (Section 5.2). Before this,
it is useful to analyse the impact of the otheraz@tes.

It is interesting to compare the results of theled probit model (column 1) to those
of the correlated random effects probit (column Bhe difference between employed and
unemployed job seekers appears larger when we actmuwnobserved heterogeneity, thus
suggesting that employed and unemployed job seekées systematically in unobservable
characteristics. The inclusion of unobserved loggemeity in the model reduces the level of

* The marginal effects in the correlated randomegffeobit models are estimated under the assumgiitrthe
individual unobserved heterogeneity is zero.
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statistical significance of many of the covariades in some cases changes the sign of the
marginal effects. In particular, the impact of teegth of the search is negative in the pooled
model, consistent with empirical evidence suggegdtiat the probability of finding a job
decreases with the length of search, but positithe panel model. The positive impact
estimated after controlling individual unobservetenogeneity suggests that the cross-
section results are due to unobserved negativectegistics of job seekers with a longer
search time. Those who remain unemployed for Ionmgey have comparatively worse
unobserved characteristics which makes them mioedylto remain unemployed, all else
equal.

Among employed job seekers, those who search bedheair job may soon come to
an end are comparatively more likely to find afbén those who search for any other
reason. This is consistent with the idea that eskvhose job may soon come to an end
have higher incentives to accept job offers, evémely are of lower quality, than other
employed job seekers. Since the reference groupesployed job seekers, this interaction
suggests that employed who search because themgglsoon come to an end are more
similar to the unemployed than to employed job seelwho search for other reasons. This
will be investigated in more details in Section.5.4

Columns (3) and (4) suggest that all search mathoel equally productive for
employed job seekers, while unemployed who dirempigroach potential employers as main
method of job search seem to have a comparatigelgr probability of finding a job.
Perhaps the negative signal of unemployment hagh&himpact when using this search
method. As expected, search intensity, represdmteéde number of methods of search used,
has a positive impact on the probability of findimgpb.

Job seekers whose spouse has a part-time jobaaeelikely, while those whose
spouse has a temporary job are less likely to aecgyb offer; most of these differences

disappear when we analyse employed and unemplopeskekers separately.
TABLE 2 ABOUT HERE
5.2. Quality of the job found
Estimates of differences in the quality of the fobnd by employed and unemployed job

seekers are in Table 3 and account for self-seleatito accepting a job offer (the results of

the selection equations are in the Appendix, TAlile Positive coefficients indicate a
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higher probability that the job was filled by anemmployed, as opposed to employed job
seeker.

While information on hours sought and permaneraehoeen collected each quarter
consistently since the beginning of the quartentysy, data on wages have been asked only
in the first and fifth interview, while data on theesence of unions, number of days off and
commuting time have been asked irregularly and eimige 2004. Table 3 shows various
model specifications which progressively includerengariables, at the cost of a reduced
sample size.

The results suggest that temporary jobs are niiaely lto be filled by unemployed job
seekers, and that unemployed job seekers arakebstb accept job offers that satisfy their
requirements in term of working hours. Unemplojsulseekers are also more likely than
employed job seekers to accept jobs offering coatpaaly lower wages. These results are
consistent whether we include imputed values fagaseor not, although including imputed
wages tends to result in comparatively larger nmaigeffects. In other words, columns (2)
and (3) of Table 3 suggest that unemployed jobessekre hired in jobs that pay about 0.1-
0.5 percentage points lower wages, have a 1.4d5ceptage points higher probability of
being temporary instead of permanent, and a 1.per&ntage points lower probability of
offering the amount of working hours sought. If gasider that average wages in this
dataset are about £8.77 and the proportion of teanpgobs is about 25%, these differences
may be considered small.

This suggests that both unemployed and employedgekers find similar quality
jobs once we control for characteristics and seléaion into accepting a job offer. The
results are consistent with the idea that the meason why unemployed people find lower
guality jobs is due to their willingness to accapy job while factors such as negative signals

and labour market constraints do not seem to plajeaant role in the outcome.

TABLE 3 ABOUT HERE

Columns (4) and (5) of Table 3 include dummiesti@ presence of unions in the
workplace, the number of days off, and commutingeti The results still suggest that
unemployed job seekers are more likely to accdys fbat are temporary (consistent with
Boheim and Taylor 2002), do not satisfy their wagkhour requirements, and pay
comparatively lower wages. In addition, they seeate likely to accept jobs where unions

are not present, and perhaps with comparativelgtesshoommuting time and more days off.
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Most of the marginal effects however, become gstesilty insignificant, and this is likely due

to the small number of observations.

5.3. Sensitivity

The results are robust to changes in the variabtdsded in the selection equations and in
the main model. The first two columns of Table AZhe Appendix show models that
exclude education and the recession dummy fromseleetion equation and include them in
the main model. The results are similar both gmsind in magnitude to those in Table 3. At
the extreme, we can estimate a model in whichalbbles are included in the main model
and there is no selection equation. Such a medemated using a probit, gives similar
marginal effects for wages and larger marginalatffer the other two variables. In this case
unemployed people have about 8-9 percentage pugther probability of being hired in
temporary jobs, and 7-11 percentage points lowabadrility of being hired in jobs that
satisfy their requirements in terms of working reocompared to employed job seekers.
Such larger marginal effects are consistent wighgitevious conclusions that most of the
difference in the quality of the job found by emy#d and unemployed job seekers is due to
the pressure of accepting — any — job, even & dfilower quality, rather than constraints
imposed by the labour market. The larger diffeesnior other job characteristics compared
to wages suggest that the unemployed are lesy lixetade-off wages for other job
characteristics when evaluating job offers. Thisansistent with the unemployed facing
more financial constraints than employed job seek®&/hen such differences in job-
acceptance behaviour are taken into account, tieefgund by the unemployed are of very
similar quality than the job found by employed g¥®kers, thus suggesting little or no role of
labour market constraints.

As a second sensitivity analysis an alternativdpHeckman selection model is
estimated, which partly accounts for individual bserved heterogeneity in the selection
equation. The results are shown in the last twoneos of Table A2 of the Appendix and are
generally consistent with those in Table 3. Thénndi#ference is an increase in the marginal
effects, which are also more stable across spatidits. Unemployed job seekers tend to be
hired in jobs that pay on average about 1 percemamts lower wages, have a 12-14
percentage points higher probability of being terappinstead of permanent, and a 10
percentage points lower probability of offering etmaount of working hours sought.

Overall these results suggest that unemployedgeliers enter jobs that are of

systematically lower quality than employed job s¥ekbut that the difference between the
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two is tiny once we control for observed and unobsg characteristics, and for the

probability of accepting a job offer.

5.4. Differences by reason of job search

While almost 60% of employed job seekers statettieamain reason for searching for a new
job is that they find some aspects of their jobatisgactory, 14.3% search because their
current job may soon come to an end (see Tabl&ibylarly to the unemployed, employed
job seekers who search because their job may swoe to an end may feel financial
pressure to accept a job offer; however, similgdhtother employed job seekers, they do not
carry a negative signal of unemployment. Givenrdseilts in the previous section, the
expectation is that the quality of the job founddmyployed job seekers who search because
their job may soon come to an end will be the sasfr other employed job seekers, while
the job-finding rate should fall between that & tmemployed and that of employed
searching for other reasons.

Table 4 shows the probability of finding a job {@) the unemployed compared to
employed job seekers who search because their gytsoon come to an end, and (2)
employed who search because their job may soon tmare end compared to employed
searching for any other reason. The referencepgunemployed in column (1) and
employed job seekers who search for other reasocalumn (2). Employed who search for
other reasons are excluded from the model in col(hrwhile the unemployed are excluded
from the model in column (2). The results suggiest employed job seekers who search
because their job may soon come to an end havsikarsprobability of finding a job than the
unemployed (column 1); the difference is statistycsignificant only at the 10% level.
Employed job seekers who search because their gybsmon come to an end are about 2.4
percentage points more likely to accept a job #raployed job seekers who search for other
reasons. The marginal effects of the other expiapaariables are consistent with those in
Table 2.

TABLE 4 ABOUT HERE

Table 5 focuses on the quality of the job fouNdhile column (1) shows the results
of a multinomial probit, not accounting for selfiexgtion into accepting a job offer, the
following columns show the results of Heckman sidecmodels. The selection models

compare the unemployed to employed job seekerstsagrbecause their job may soon
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come to an end (column 2) and employed job sedeashing because their job may soon
come to an end to those searching for any otheoregolumn 3).

The models suggest that, compared to the unenthleyeployed job seekers who
search because their job may soon come to an endae likely to find jobs that meet their
requirements in terms of working hours and thatpugiher wages. However, there seem to
be no difference in the probability of finding aeorary job. Compared to employed job
seekers who search because their job may soon tcoameend, those who search for any
other reason are less likely to accept a tempgrasition, while there seem to be no

differences in terms of actual working hours coregao what sought, and in terms of wages.

TABLE 5 ABOUT HERE

6. Conclusions

This paper compares job search outcomes of emplayeédinemployed job seekers. The
aim is to analyse whether differences in outcomeselated to different behaviours and
choices made by unemployed and employed job seglstesad of being dictated by the
labour market (i.e. being due to signalling anthi presence of a dual labour market). The
results indicate that unemployed people have aghigifobability than employed job seekers
of accepting a job offer, even after controlling ¥arious individual and household
characteristics and individual unobserved hetereiggn After controlling for heterogeneity
in the probability of finding a job, the resultgggiest that wages obtained by unemployed job
seekers are comparatively lower than those obtdgeamployed job seekers, but the
difference is small. Employed job seekers are slightly more likely to obtain permanent
jobs and jobs that satisfy their requirements imgeof working hours.

Employed job seekers who search because them@bsoon come to an end have
the same probability of accepting a job offer thamunemployed, and this is higher than the
probability for employed who search for other remsoNevertheless, they find jobs that are
of the same quality (in terms of wages and workiagrs) than those found by other
employed job seekers, and of better quality thés pccepted by the unemployed. In terms
of permanency, the employed who search becauggdbanay soon come to an end are
more similar to the unemployed than to other emgdigpb seekers (in contrast with Booth et
al. 2002).
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Differences in job search outcomes between uneyagdland employed job seekers
are rather small once we control for observed arabserved characteristics. This suggests
that they may be due to differences in the pogbbfoffers that each job seeker considers
acceptable. The unemployed may be subject to catmpaly higher pressure to find a job:
they accept jobs too quickly and accept worse tuj@bs on average. Hence, the pressure
that unemployed people may feel to accept any jap Inave a positive impact on their
probability of finding a job, but also negative sequences on the quality of the job found
and on subsequent (employment) careers. The sesuiiot show evidence of the
unemployed being channelled in a secondary lab@ukeh characterised by bad jobs.

The results suggest that the unemployed may obtad quality jobs, comparable to
those found by employed job seekers, if they céoréto wait longer for a better job offer.
This adds evidence that financial incentives suchreemployment and benefits may allow
(certain types of) unemployed people to searchoimger and obtain overall better and more
stable jobs with positive net effects for welfarensistent with Caliendo et al. (2013), van
den Berg and Vikstrom (2014), Nekoei and Weber 5201
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Tablesand figures

Table 1: Descriptive statistics for unemployed antployed job seekers

Unemployed Employed
job seekers job seekers
Number of Observations 45,809 43,952
Main search method
Job centres, private career offices etc. $.38 0.146
Ads in newspapers 0.407 0.644
Direct approach employers 0.085 0.073
Ask friends/relatives 0.108 0.101
Do anything else 0.015 0.036
No. of search methods 4.7 3.3
Reason for search on-the-job
Job may come to an end 0.143
Pay unsatisfactory 0.263
Other aspects of job unsatisfactory 0.319
Other reasons 0.275
Searching 0-3 months 0.245 0.404
Searching 3-12 months 0.314 0.337
Searching > 12 months 0.441 0.259
Age 40 38
Children (18 or younger) 0.246 0.354
Education level
NVQ level 4 and above 0.145 0.365
NVQ level 3 0.216 0.228
NVQ level 2 and below 0.228 0.236
Other gualifications 0.155 0.109
No qualifications 0.256 0.063
Spouse information
No spouse information 0.708 0.426
Spouse has job (includes self-employed) 0.647 0.905
Hourly wages employed spouse (£ when datdaine) 7.62 8.51
Spouse has part-time job 0.464 0.417
Spouse has temporary job 0.065 0.070
Outcomes of interest
Proportion finding a job 0.072 0.066
Quality of the new job found (observations) (2,706) (2,043)
Hourly wage (£) 7.70 9.66
Temporary job 0.321 0.198
Part/Full-time as desired 0.910 0.952
Commuting time in minutes (observations: £898) 28 36
Unions at workplace (observations: 180 — 245) 0.383 0.424
Number days off (observations: 179 — 240) 34 29

LFS 1993Q1-2010Q1 excluding Northern Ireland; wadefated to 2010 prices using the Consumer Price
Index (CPI).
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Table 2: Determinants of unemployed and employbdsgekers finding a job

1) 2 3 4
Probability Probability Probability that Probability that
of finding  of finding unemployed employed
ajob ajob seeker job seeker
finds a job finds a job
Employed job seeker -0.053* -0.285*

(0.007) (0.022)
Search method (ref: job centres, career office$.etc

Ads in newspapers -0.004+ -0.004 -0.004 -0.004
(0.002) (0.004) (0.005) (0.008)
Direct approach employers 0.005 -0.002 -0.014+ $.01
(0.003) (0.007) (0.006) (0.013)
Ask friends/relatives 0.004 -0.001 -0.007 0.016
(0.003) (0.006) (0.007) (0.013)
Do anything else -0.002 0.007 0.008 -0.012
(0.005) (0.012) (0.017) (0.013)
No. search methods 0.012* 0.007* 0.006* 0.010*
(0.000) (0.001) (0.001) (0.001)
Reason for search on-the-job (ref: unemployed/att@sons)
Job may come to an end 0.083* 0.076* 0.036*
(0.011) (0.024) (0.012)
Pay unsatisfactory 0.042* 0.038+ 0.009
(0.009) (0.018) (0.008)
Other aspects of job unsatisfactory 0.041* 0.038+ 0.007
(0.009) (0.018) (0.008)
Other reasons 0.042* 0.028
(0.009) (0.017)
Searching 3-12 months -0.024* 0.046* 0.074* 0.027*
(0.002) (0.004) (0.007) (0.006)
Searching > 12 months -0.060* 0.095* 0.168* 0.049*
(0.002) (0.009) (0.015) (0.011)
Age (10 years) -0.003* 0.003 0.022 -0.013
(0.001) (0.013) (0.016) (0.025)
Children (18 or younger) -0.001 -0.006 -0.022 0.019
(0.002) (0.013) (0.014) (0.021)
Education level (ref: NVQ level 4 and above)
NVQ level 3 -0.000 0.013 0.006 0.035
(0.002) (0.015) (0.018) (0.028)
NVQ level 2 and below 0.000 0.009 -0.000 0.034
(0.002) (0.016) (0.018) (0.031)
Other qualifications -0.001 0.006 0.003 0.027
(0.003) (0.016) (0.019) (0.033)
No qualifications -0.020* -0.001 -0.001 0.003
(0.003) (0.016) (0.019) (0.031)
Spouse information
No spouse information -0.018* -0.020 0.003 -0.039
(0.003) (0.017) (0.020) (0.026)
Spouse has job 0.012* -0.028 -0.017 -0.027
(0.004) (0.014) (0.019) (0.024)
Hourly wages employed spouse -0.000 -0.000 -0.000 .0000
(0.000) (0.001) (0.002) (0.001)
Spouse has part-time job 0.003 0.031+ 0.042 0.020
(0.003) (0.016) (0.029) (0.019)
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Spouse has temporary job -0.016* -0.022+ -0.011 028
(0.004) (0.011) (0.019) (0.012)
Recession -0.157* -0.150*
(0.001) (0.003)
Recession * Employed job seeker -0.017* -0.033*
(0.005) (0.008)
Unobserved heterogeneity no yes yes yes
Log likelihood -20857 -19932 -10332 -9949
Observations 89,761 89,761 45,809 43,952

Marginal effects of probit model (column 1) and afrrelated random effect probit models (columns);2-4
dependent variable = 1 if job seeker entered aXf@wby the subsequent quarter, and = 0 otherwiserdard
errors in parenthesis are clustered by individualgolumn (1). Other explanatory variables: dummies
government office region, year, quarter, and mddheotime-varying covariates (columns 2-4).

+ Significant at 5%, * Significant at 1%.

Table 3: Quality of the job found by unemployed antpbloyed job seekers

Characteristics of accepted job (1) (2) (3) (4) (5)
Wage (£ per hour) -0.005* -0.001* -0.003+ -0.002
(0.001) (0.000) (0.001) (0.001)
Temporary 0.037* 0.051* 0.014* 0.039 0.012
(0.004) (0.009) (0.004) (0.020) (0.015)
Working hrs same as sought -0.034* -0.048* -0.013* -0.029 -0.029
(0.005) (0.011) (0.004) (0.030) (0.022)
Commuting time (in 10 minutes) -0.003
(0.002)
Presence of unions -0.022 -0.003
(0.019) (0.013)
Number of days off 0.001 0.000
(0.000) (0.000)
Imputed values no yes no yes yes
Log likelihood (full model) -2195 -14921 -6335 -188 -1244
LR test of indep. egns. (rho = 0) 297.14* 101.70* 23.61* 20.10*
Observations 6,165 3,749 1,272 419 252

Time

1992-2010 1992-20101992-2010

2004-20102004-2010

Marginal effects of Heckman selection probit modelspendent variable = 1 if person hired in the yads
unemployed, and = 0 if it was an employed job seedae Table Al, columns 1-5 for self-selectionagigun.

+ Significant at 5%, * Significant at 1%. Stand&rrors in parenthesis.
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Table 4: Determinants of the probability of findiagob, by reason of search

1) 2
Reference: Reference:
unemployed Employed searching
for any other reason

Employed searching because job may soon comed¢adn -0.005 0.024*
(0.003) (0.004)
Search method (ref: job centres, career office$:etc
Ads in newspapers -0.007 -0.004
(0.005) (0.007)
Direct approach employers -0.015+ 0.013
(0.007) (0.013)
Ask friends/relatives -0.006 0.015
(0.007) (0.013)
Do anything else 0.010 -0.007
(0.018) (0.013)
No. search methods 0.010* 0.010*
(0.001) (0.001)
Searching 3-12 months 0.050* 0.019*
(0.006) (0.006)
Searching > 12 months 0.103* 0.041*
(0.012) (0.011)
Age (10 years) 0.006 -0.027
(0.016) (0.022)
Children (18 or younger) -0.022 0.018
(0.015) (0.021)
Education level (ref: NVQ level 4 and above)
NVQ level 3 0.009 0.043
(0.019) (0.030)
NVQ level 2 and below -0.001 0.040
(0.019) (0.032)
Other qualifications 0.007 0.035
(0.021) (0.035)
No qualifications -0.003 0.004
(0.020) (0.029)
Spouse information
No spouse information -0.003 -0.035
(0.021) (0.027)
Spouse has job -0.019 -0.023
(0.019) (0.020)
Hourly wages employed spouse -0.001 0.000
(0.002) (0.001)
Spouse has part-time job 0.038 0.017
(0.029) (0.019)
Spouse has temporary job -0.019 -0.020
(0.017) (0.012)
Log likelihood -10991 -7894
Observations 49,330 37,973

Marginal effects of correlated random effect prahddels; dependent variable = 1 if job seeker edtar(new)
job by the subsequent quarter, and = 0 otherwisedard errors in parenthesis. Other explanatoriabies:

dummies for government office region, year, quaded mean of the time-varying covariates.

+ Significant at 5%, * Significant at 1%.



Table 5: Quality of the job found by unemployed @&naployed job seekers, by reason for on-the-job

search

) (2) (3
Ref: unemployed Ref: Ref: Employed
unemployed any other reason
Employed Employed Employed Employed
Characteristics of accepted job job may end any other reasonjob may end job may end

Wage (£ per hour) 0.002+ 0.005* 0.002* 0.001
(0.001) (0.001) (0.001) (0.001)
Temporary 0.054* -0.139* 0.002 0.212*
(0.012) (0.016) (0.005) (0.030)
Working hrs same as sought 0.039 0.035 0.022* 0.035
(0.024) (0.030) (0.007) (0.054)
Log likelihood (full model) -6617 -9184 -9060
LR test of indep. eqgns. (rho = 0) 44.03* 8.26*
Observations 6,999 2,182 2,043

Marginal effects of multinomial probit (column 1hdof probit Heckman selection models (columns @ 3hn
see Table Al, columns 6-7 for self-selection equmtiOther explanatory variables in the multinorpiadbit are
the same as in the self-selection equation in thbipHeckman selection models.

+ Significant at 5%, * Significant at 1%. Standa&rrors in parenthesis.
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Table Al: Selection model for quality of the jolufa by unemployed and employed job seekers

) &) 3 (4) (5) (6) (7)
Unemployed and Employed job seekers
Unemployed and employed job seekers  employed job seekers searching because job may end
searching because and employed job seekers

Characteristics of accepted job job may come to an end searching for other reasons
Search method (ref: job centres, career office$:etc
Ads in newspapers -0.138*0.109* -0.136* -0.030 0.003 -0.157* 0.047
(0.016) (0.020) (0.028) (0.057) (0.068) (0.025) .0a8)
Direct approach employers -0.068*-0.059 -0.126* 0.017 -0.009 -0.125* 0.125*
(0.025) (0.032) (0.045) (0.101) (0.126) (0.040) .04a)
Ask friends/relatives -0.071*-0.081* -0.102+ 0.040 0.041 -0.140* 0.067
(0.024) (0.031) (0.042) (0.093) (0.114) (0.038) .040)
Do anything else -0.144*-0.147* -0.172+ -0.137 -0.207 -0.227* 0.009
(0.043) (0.055) (0.079) (0.159) (0.209) (0.074) .06B)
No. search methods 0.139* 0.140* 0.136* 0.127* %13 0.186* 0.042*
(0.004) (0.004) (0.006) (0.011) (0.014) (0.006) .00®)
Searching 3-12 months -0.131*0.146* -0.096* -0.114+ -0.010 -0.195* -0.163*
(0.015) (0.019) (0.026) (0.050) (0.059) (0.024) .0pa)
Searching > 12 months -0.429%0.452* -0.356* -0.443* -0.363* -0.523* -0.485*
(0.020) (0.024) (0.033) (0.069) (0.081) (0.029) .08D)
Age (10 years) 0.018* 0.029* 0.014 0.056* 0.045 8d:0 -0.039*
(0.006) (0.008) (0.011) (0.021) (0.025) (0.010) .01a)
Children (18 or younger) -0.023 0.017 0.000  -0.0080.066 0.005 -0.001
(0.016) (0.020) (0.029) (0.054) (0.065) (0.026) .0p®)
Education level (ref: NVQ level 4 and above)
NVQ level 3 0.062* 0.004 0.011 -0.085 -0.133 -0.003 -0.071+
(0.019) (0.023) (0.033) (0.070) (0.083) (0.030) .009)
NVQ level 2 and below 0.081* 0.007 -0.025 -0.051 .08® 0.039 -0.044
(0.019) (0.023) (0.033) (0.056) (0.066) (0.030) .0A0)
Other qualifications 0.089* -0.012 0.028 -0.215+.36®* 0.006 -0.087+
(0.023) (0.028) (0.039) (0.088) (0.114) (0.036) .08®)
No qualifications 0.027 -0.143*-0.165* -0.314* -0.265+ -0.062 -0.428*
(0.024) (0.032) (0.045) (0.102) (0.116) (0.038) .040)

Spouse information
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No spouse information -0.148*-0.114* -0.036 -0.249+ -0.314* -0.117* -0.101+

(0.026) (0.034) (0.046) (0.103) (0.117) (0.040) .043)
Spouse has job -0.128*-0.009 -0.028 0.013  -0.032 -0.081 0.302*
(0.033) (0.040) (0.058) (0.111) (0.129) (0.049) .063)
Hourly wages employed spouse  -0.001  0.002 -0.00200%0. 0.002 0.002 -0.004
(0.002) (0.002) (0.004) (0.004) (0.005) (0.003) .003)
Spouse has part-time job 0.013 0.026 0.032 0.057 0490. 0.036 0.028
(0.022) (0.026) (0.039) (0.062) (0.076) (0.034) .081)
Spouse has temporary job -0.137%0.141* -0.071 -0.116 -0.225 -0.067 -0.150+
(0.043) (0.050) (0.073) (0.132) (0.175) (0.064) .069)
Imputed values no yes no yes yes yes yes
Log likelihood (selection model) -17946  -12470  -5522 -1613 -1087 -8085 -7985
Observations 55,057 52,641 50,164 14,561 14,394 0781, 50,935

Coefficients of the selection equation; dependemiable = 1 if job seeker entered a (new) job keythbsequent quarter, and = 0 otherwise; standeors én parenthesis.
Other explanatory variables: dummies for governnodfite region, year and quarter and a dummy ferrétession.
+ Significant at 5%, * Significant at 1%. Standarors in parenthesis.
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Table A2: Quality of the job found by unemployediamployed job seekers

Characteristics of accepted job (1) (2) (3) (4)
Wage (£ per hour) -0.004* -0.001* -0.011* -0.009*
(0.001) (0.000) (0.001) (0.002)
Temporary 0.042* 0.011* 0.126* 0.144*
(0.007) (0.003) (0.019) (0.030)
Working hrs same as sought -0.035* -0.010* -0.0933.101+
(0.009) (0.003) (0.033) (0.050)
NVQ level 3 0.015+ 0.002
(0.007) (0.003)
NVQ level 2 and below 0.010 0.001
(0.007) (0.003)
Other gualifications 0.017+ 0.005
(0.008) (0.003)
No qualifications 0.064* 0.013~
(0.010) (0.004)
Recession 0.065* 0.015*
(0.010) (0.004)
Imputed values yes no yes no
Log likelihood (full model) -14980 -6363 -6250 -210
LR test of indep. egns. (rho =0) 138.8590.53* 31.97* 7.46*
Observations 3,749 1,272 3,749 1,272

First Stage (coefficients)

Search method (ref: job centres, career office$:etc

Ads in newspapers -0.095* -0.124* -0.077 -0.120+
(0.020) (0.027) (0.039) (0.049)
Direct approach employers -0.056 -0.119* -0.126 176+
(0.032) (0.044) (0.066) (0.083)
Ask friends/relatives -0.073+ -0.093+ -0.077 -0.090
(0.030) (0.041) (0.061) (0.077)
Do anything else -0.119+ -0.146 -0.050 -0.124
(0.053) (0.077) (0.119) (0.156)
No. search methods 0.141* 0.137* 0.174* 0.173*
(0.004) (0.006) (0.009) (0.011)
Searching 3-12 months -0.143* -0.094* 0.493* 0.526*
(0.019) (0.026) (0.039) (0.050)
Searching > 12 months -0.452* -0.362* 0.646* 0.661*
(0.023) (0.033) (0.046) (0.060)
Age (10 years) 0.019+ 0.008 -0.007 -0.022
(0.008) (0.011) (0.016) (0.020)
Children (18 or younger) 0.012 -0.005 -0.029 -0.023

(0.020) (0.028) (0.040) (0.052)
Education level (ref: NVQ level 4 and above)

NVQ level 3 0.028 0.049
(0.046) (0.058)
NVQ level 2 and below 0.059 -0.008
(0.045) (0.058)
Other qualifications 0.028 0.047
(0.055) (0.068)
No qualifications -0.073  -0.129

(0.061) (0.079)
Spouse information
No spouse information -0.101* -0.027 -0.053 0.042
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(0.033) (0.045) (0.070) (0.089)
Spouse has job -0.008 -0.019 -0.024 -0.015

(0.039) (0.057) (0.086) (0.113)
Hourly wages employed spouse 0.002 -0.002 -0.002.0060

(0.002) (0.004) (0.005) (0.007)

Spouse has part-time job 0.025 0.028 0.164* 0.204*
(0.026) (0.038) (0.052) (0.069)

Spouse has temporary job -0.139* -0.061 -0.258+ 25D.
(0.050) (0.072) (0.105) (0.141)

Individual fixed effects 6.084* 5.435*

(0.083) (0.100)

Log likelihood (selection model) -12591  -5569 -3764 -2256
Observations 54,175 51,698 87,328 84,851

Marginal effects of Heckman selection probit modelspendent variable = 1 if person hired in the yads
unemployed, and = 0 if it was an employed job seek8&election equation other explanatory variables:
dummies for government office region, year, quaaited a dummy for the recession (in columns 3 and 4)

+ Significant at 5%, * Significant at 1%. Standa&rrors in parenthesis.
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