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ABSTRACT 

 
Do Youth Employment Programs Improve 

Labor Market Outcomes? A Systematic Review* 
 
This study reviews the evidence on the impact of youth employment programs on labor 
market outcomes. The analysis looks at the effectiveness of various interventions and the 
factors that influence program performance including country context, targeted beneficiaries, 
program design and implementation, and type of evaluation. We identify 113 counterfactual 
impact evaluations covering a wide range of methodologies, interventions, and countries. 
Using meta-analysis methods, we synthesize the evidence based on 2,259 effect sizes 
(Standardized Mean Differences, or SMD) and the statistical significance of 3,105 treatment 
effect estimates (Positive and Statistically Significant, or PSS). Overall, we find that just more 
than one-third of evaluation results from youth employment programs implemented worldwide 
show a significant positive impact on labor market outcomes – either employment rates or 
earnings. In general, programs have been more successful in middle- and low-income 
countries; this may be because these programs’ investments are especially helpful for the 
most vulnerable population groups – low-skilled, low-income – that they target. We also 
conjecture that the more-recent programs might have benefited from innovations in design 
and implementation. Moreover, in middle and low income countries, skills training and 
entrepreneurship programs seem to have had a higher impact. This does not imply, however, 
that those programs should be strictly preferred to others; much depends on the needs of 
beneficiaries and program design. In high-income countries, the role of intervention type is 
less decisive – much depends on context and how services are chosen and delivered, a 
result that holds across country types. We find strong evidence that programs that integrate 
multiple interventions are more likely to succeed because they are better able to respond to 
the different needs of beneficiaries. We also find evidence about the importance of profiling 
and follow-up systems in determining program performance, and some evidence about the 
importance of incentive systems for services providers. 
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1. Introduction  

The economic crisis that began in 2007 reversed the gradual declining trend in global youth 

unemployment rates observed between 2002 and 2007, changing the course of the trend to increasing 

youth unemployment between 2007 and 2010. This turn of events quickly led to discouragement and 

significant withdrawal from the labor force among young workers and jobseekers. It is estimated that 

nearly 6.4 million youth worldwide moved into inactivity as a response to the crisis, while many 

others continue working yet living in poverty (ILO, 2012).   

Today, the global youth unemployment rate has settled at 13.0 per cent, with nearly 73.3 

million youth actively looking for jobs. While the unemployment rate among youth is expected to 

remain relatively constant in the near future, it is still well above its pre-crisis level of 11.7 per cent. 

Youth remain overrepresented among the unemployed and shaken by the changing patterns in the 

labor market. Two-fifths (42.6 per cent) of the global youth labor force were reported unemployed or 

working poor in 2013 (ILO 2015). In addition, many youths are idle. In 2014, 12.4 percent of youth in 

the European Union (EU-28) were not in employment, education or training (NEET) (ibid.).   

As a result, many countries have implemented active labor market programs (ALMPs) aiming 

to connect youth to wage- or self-employment. These include general employment services  

(counselling, job search assistance, and intermediation), training, wage subsidies, and 

entrepreneurship programs. Unfortunately, although this has been changing over the last decade, 

many programs have been implemented without proper evaluations, and our knowledge about their 

effectiveness has been limited.  

While some previous studies have synthesized the evidence based on the effectiveness of 

ALMPs (e.g., Card et al. 2010 and 2015), very few reviews have focused specifically on programs and 

outcomes for youth. The most relevant review of labor market interventions for youth to date, 

Betcherman et al. (2007), has served as the basis for technical assistance and policy advice worldwide. 

Since then, a vast amount of research has been published, using experimental or quasi-experimental 

methods to determine the impact of new and innovative employment programs. While some recent 

reviews have covered this new evidence, these have not synthesized the existing empirical evidence 

using empirical methods such as meta-analysis (JPAL 2013), or they have focused on (potentially 

selective) subsets of the available evidence (IEG 2012). Other studies have put their emphasis on 

specific types of intervention or outcomes (Tripney et al. 2013, Grimm and Paffhausen 2015). There 

also remain knowledge gaps in trying to understand how issues related to design and implementation 

affect the effectiveness of different programs.   

This Systematic Review looks at the available rigorous evaluations to understand the relative 

effectiveness of youth-targeted interventions and some of the key factors that influence their 
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performance. We conducted a comprehensive search of available impact evaluations that yielded 113 

studies considered of adequate quality and methodological rigor to be included in our meta-analysis. 

The systematic search and selection process allows us to address potential issues stemming from 

publication bias and selective reporting. The protocol, search, selection process, and quantitative 

results are presented comprehensively in Kluve et al. (2014, 2016). This paper builds on that 

Systematic Review, presents the search and data in a concise way, and presents new and additional 

narrative and – in particular – quantitative evidence using the review’s data base.  

Specifically, we employ random-effects meta-analysis methods to synthesize and compare 

effect sizes reported in the primary studies. We further estimate multivariate meta-regression models 

to understand the determinants of success (effect sizes and the likelihood of a statistically significant 

effect), including information about the specific intervention design, country characteristics, and 

implementation features.   

The paper is organized as follows: in Section 2 we propose a theory of change that will guide 

our analysis, linking program inputs to labor market employment outcomes of youth. In Section 3, we 

lay out our inclusion criteria and the search strategy. The characteristics of the studies and 

interventions included in the review are discussed in Section 4. Section 5 presents our data and 

methods. In Section 6, we present the empirical results of the meta-analysis, both from unconditional 

and multivariate analysis. Section 7 presents our conclusions.   

2. Theory of change  

The active labor market programs examined in this paper affect labor market outcomes for 

youth in multiple and interrelated ways. The interventions are clustered into four typologies: (i) 

training and skills development; (ii) entrepreneurship promotion; (iii) employment services; and (iv) 

subsidized employment interventions. The theory of change hypothesizes that participation in these 

ALMPs will ultimately improve the employment and earnings outcomes for youth. The idea behind 

this hypothesis is that youth can face different constraints that affect access to wage- or self-

employment, constraints that can be addressed through targeted interventions. For instance, they 

might not have the necessary skills and/or work experience, they might not have information about 

job opportunities and/or knowledge about the jobs search process, and they are less likely to be able to 

access capital to start a business (Robalino et. al. 2013). This review is designed to illuminate which 

type of intervention (or combination of interventions) is most successful in addressing these 

constraints. Table 1 summarizes these.   

Training and skills development, the first type of intervention, comprises programs outside the 

formal education system that offer skills training to young people to improve their employability and 
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facilitate access to jobs.1 The objective of skills training programs is to develop employment-relevant 

skills of jobseekers. Broadly speaking, employability skills refer to a set of job-specific technical 

skills, but also include non-technical, soft (or behavioral) skills, such as self-management, teamwork, 

and communication. In this analysis, training and skills development programs are classified 

according to the skill-set they target, i.e., technical skills, business skills, literacy or numeracy skills, 

and non-technical skills, such as behavioral, life, or soft skills.   

Entrepreneurship promotion interventions aim to provide advisory services, as well as facilitate 

access to finance and markets. The analysis, therefore, disaggregates programs into those providing or 

facilitating access to credit, providing start-up grants, or fostering micro-franchising mechanisms. In 

addition, the analysis includes programs that offer business advisory services and mentoring, business 

skills training, and access to markets and value chains.   

Employment service programs are generally based on the (matching and) intermediation 

approach to active labor market policy. Employment services deliver job counselling, job-search 

assistance, and/or mentoring services for (re)activation purposes, which are often complemented by 

job placements and technical or financial assistance. The basic idea for providing employment 

services to youth is that young workers have difficulty signalling their skills and credentials and/or 

lack the networks or knowledge to search effectively for vacancies and connect with employers. As a 

result, these programs often focus on improving job-seeking skills and the efficiency of the matching 

process.   

Subsidized employment interventions comprise wage-subsidy and (labor-intensive) public work 

programs. Wage subsidies provide incentives to employers to hire often first-time job-seekers for a 

given period of time by reducing labor costs. The programs can take many forms, from grants to 

employers or trainees to reductions in social security contributions. The main objective of these 

programs is to allow young workers to build work experience and acquire job-relevant skills (Almeida 

2012). Public work programs and services, on the other hand, offer directly subsidized, temporary 

jobs to workers. These programs are mainly considered when there is not enough labor demand in the 

private sector (Grosh 2008) and often serve as a temporary safety net in times of crisis.   

Table 1 provides a simplified results chain, aiming to map out the causal process from 

intervention delivery to labor market effects. The extensive results chain can be found in Kluve 

et al. (2016).  

                                                      
1 The review excluded studies of formal training programs such as evaluations of vocational and dual training 
systems in Germany, Austria, and Switzerland.  
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Type of constraint faced by youth
General Type of intervention 

used to address
Rationale Services under this type of intervention Illustrative examples

Information gap (lack of adequate information 

about job opportunities & lack of  information 

about skills of young applicants by employers), 

limited access to networks, obstacles to 

applying for jobs (eg. high transport costs)

Employment and 

Intermediation Services

Creating mechanisms that make information 

exchange between(for) employers and 

workers less costly.

Information Systems/ Counseling, based on 

accurate labor market information Mentoring

Training,  Job search assistance,  Support services

Programa Inserjovem 

(Portugal),  Jordan New 

Opportunities For Women 

(NOW)

Limited Access to Credit;  Lack of financial 

capital, Limited Social Networks, Limited know‐

how in setting up a business, bookkeeping, and 

similar skills, Value chain exclusion or 

disconnect

Youth Entrepreneur Promotion 

Programs

Directly supplying young entrepreneurs with 

access to the specific inputs needed for a 

business to succeed.

Microfinance, business skills training, assesments 

by  experienced professionals, Facilitating access 

to value chains, mentorships that teach 

management and other know‐how (marketing, 

business registration)

Women's Income 

Generation Supports 

(WINGS, Uganda),  The 

Prince's Trust (UK)

Inadequate supply of skills – technical, 

cognitive, and non‐cognitive, Low Skill Level, No 

or little work experience, Skills Mismatch (youth 

are not trained for the jobs requested by 

employers), Missing “soft” non‐congnitive skills

Skills training for young people

Training workers with the technical, 

vocationa, non‐cognitive skills that makes 

them desirable to firms

Different types of training: technical and 

vocational skills, business skills, literacy and/or 

numeracy,  behavioral and non‐cognitive skills 

that are implemented both in classrooms or on 

the job (OJT)

Job Corps (US), Chile Joven

Little or no work experience of youths

Minimum Wages and mandatory benefits (e.g. 

social security contribution)

= Workers whose productivity is not high 

enough to outweigh the low productivity of 

youth with little or no work experience

Subsidized Employment 

Lowering hiring and labor costs of employing 

workers to allow them to gain work 

experiences which makes them more 

productive and propels them into their 

career path.

Direct payments to employers, tax deductions to 

employers, direct payments to workers.

JUMP wage subsidies 

(JWS, Germany), Youth 

Hires (Canada)
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3. Search, selection, and coding of primary studies  

3.1 Inclusion criteria  

This Systematic Review focuses on studies that investigate the impact of interventions on labor 

market outcomes of young people and meet the following inclusion criteria:   

Population and context. The review is global in coverage and considers interventions from all 

countries, regardless of their level of development. Studies must have investigated ALMPs that are 

designed for – or primarily target – young women and men aged 15 to 35, in consideration of national 

definitions of youth. The ALMPs examined in the study (i) target the unemployed or those with low 

levels of skills or limited work experience or who are generally disadvantaged in the labor market and 

(ii) aim to promote employment and/or earnings/wage growth among the target population, rather than 

simply providing income support (Heckman et al. 1999).   

Intervention. Eligible studies must have evaluated an ALMP that provided at least one of the 

four categories of intervention (also shown in Table 1) – training and skills development, 

entrepreneurship promotion, employment services, and/or subsidized employment.   

The Review makes an important distinction between programs and interventions. A youth 

employment program is a single entity that may consist of one or several interventions. It is possible 

to find a comprehensive program that offers, for instance, both skills training and employment 

services. Program examples consisting of several interventions include the Job Corps program in the 

United States, the Economic Empowerment for Adolescent Girls program in Liberia, the Projoven 

program in Peru, and theEmployment Fund in Nepal.   

Interventions are, therefore, components/tracks of programs, or in some contexts also identified 

as sub-programs within an overall larger program. They are defined based on characteristics such as 

the category of intervention or the population targeted. For example, if a program has a training track 

and an employment services track, and participants take one or the other, these are considered to be 

two interventions within the same program. Note that, by this definition of track, we are assuming that 

each intervention within a program has separate groups of participants that do not overlap. On the 

other hand, if a program has a single track that includes two different services, whereby the same 

participants take both training and employment services, this would be considered a single 

intervention. The identification of components within programs allows for the analysis of interactions 

across interventions.   

An additional consideration is made to identify primary intervention types under multi-pronged 

designs. The review defines “main category of intervention” as the largest and predominant 

intervention type within a program. If several intervention types are equally distributed across the 

target population (i.e., an individual is exposed to more than one intervention type with the same level 

of intensity), the main category of intervention is classified as comprehensive.   
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Comparison. The Systematic Review included studies that measure change in at least one 

outcome of interest among intervention participants and relative to non-intervention participants based 

on a counterfactual analysis (comparing treated and control groups). Eligible comparison groups 

(counterfactual) include those that receive no intervention or are due to receive the intervention in a 

pipeline or waitlist study. Note that the comparison group of some studies might be exposed to 

interventions other than the evaluated intervention.  

Outcome. Eligible studies must have reported at least one selected outcome variable measuring 

the primary outcomes of interest, namely: employment outcomes, earnings outcomes, or business 

performance outcomes. The Review also captured outcomes that are measured conditional on other 

outcomes and excluded studies that focus only on intermediary outcomes without measuring impacts 

on the above-mentioned primary outcomes.   

Study design and methods. The Review focuses on completed experimental and quasi-

experimental evaluations, and considers the following research design categories and impact 

evaluation methods to quantitatively estimate the causal effect of the intervention on the outcome it 

intends to influence – (i) randomized experiments, (ii) methods for causal inference under 

unconfoundedness (classical regression methods, statistical matching, propensity score matching), and 

(iii) selection on unobservables (instrumental variables, regression discontinuity design, difference-

indifferences).  

The form of publication of eligible studies includes peer-reviewed journal, working paper, 

mimeo, book, policy or position paper, evaluation or technical report, and dissertation or thesis. 

Eligible studies can be published in any language as long as they meet all other eligibility criteria. The 

date of publication or reporting of the study must have been between 1990 and 2014.  

3.2 Search methods  

The search for relevant literature was based on a variety of sources to ensure that published and 

unpublished studies (“grey” or “gray” literature) relevant to the research question are included in the 

search process. The search process included (i) a primary search – searching of a wide range of 

general and specialized databases, and (ii) a complementary search – hand-searching of relevant 

websites; searching of dissertations, theses, and grey literature databases; literature snowballing; and 

contacting authors and experts. The search included search terms in English, Spanish, French, 

German, and Portuguese. For each source, the review team tested and documented several strategies 

and identified one or more preferred search strategies that yielded a comprehensive and precise set of 

potentially relevant results. The full list of sources and specific searches conducted can be found in 

Kluve et al. (2014), the protocol for this Systematic Review.  
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3.3 Data extraction  

Relevant information from included studies was systematically extracted using a coding tool 

and coding manual. The coding tool included information about variables related to study methods, 

characteristics of the intervention and its implementation, characteristics of the subject samples of 

analysis, outcome variables and statistical findings, and contextual features.  

At effect-size level, the coding tool captured sub-group analysis of employment, earnings, and 

business performance outcomes and estimated treatment effects by age cohorts, gender, education 

level, income level, and location, among other dimensions. For some sub-groups, such as those 

defined by education and income levels, we relied on the descriptions and classifications applied in 

the original studies. Types of outcomes were further disaggregated by occupation category (dependent 

vs. self-employment), status of occupation (formal vs. informal), and conditionality on other 

outcomes. To describe the data and empirical methods, the coding tool includes information about the 

research design, statistical methodology, type of significance test, type and method of measurement, 

date of data measurement, and data source. The coding tool also captured the form and year of 

publication.  

For each category of intervention (i.e., skills training, entrepreneurship promotion, employment 

services, and subsidized employment), the coding tool extracts information about type of intervention, 

targeting and delivery mechanism, payment system and provider, duration of specific interventions, 

selection of participants, and conditionality of eligibility2. General program characteristics record the 

target group by age, gender, education level, income level, location, and employment status, as well as 

the type of organizations involved in designing, financing, and implementing the program. The coding 

tool keeps record of region, country, scale, and average duration of the program. Any awareness 

raising efforts and gender considerations integrated in program design and implementation were also 

captured. A set of select variable definitions, which includes some of these design features, is included 

in Table 1 of Appendix 2.   

Three key program design features were also coded: the implementation of participant profiling, 

mechanisms to keep beneficiaries engaged in the program, and incentives to service providers. 

Profiling is the identification of individual factors that represent a risk in the labor market and 

assigning appropriate services based on this. Collecting the information to assess the main constraints 

(risks) in the labor market include caseworker mentor discretion, detailed screening, eligibility rules, 

or statistical profiling among others. A program is considered to profile if it uses information to assign 

participants specific services among an array of services offered or to determine the intensity of 

services (e.g. program duration). A key element of this is that the program collects information and 

proactively assigns services. Second, engagement mechanisms are features of the program to 

                                                      
2 Program design and other information features coded were based on what the original design of the program was, 
whether or not the program was implemented as originally designed. This includes items such as program duration.   
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incentivize and increase the probability that beneficiaries will complete the program or perform well 

in the program. These are usually applied by either providing monetary (or in-kind) incentives for 

participants attending the programs or by individualized attention and guidance. Most frequently 

incentives include payments or living stipends that are contingent on attendance. This can also include 

incentives for participation such as taking away welfare or unemployment benefits. Individualized 

monitoring can be direct one-on-one supervision of program participants often through scheduled 

visits with a case manager or mentor.  

Third, incentives to service providers refers to instances in which payment to service providers 

on the field from the respective funders are linked to the outcomes of the beneficiaries, either in terms 

of program completion, performance within the program (e.g. test scores) or labor market outcomes, 

such as gaining productive employment after program exit. While these are design features that have 

been observed in successful programs, such as some of the Jovenes program in Latin America and the 

Caribbean, empirical evidence on whether these features systematically improve youth employment 

performance, to our knowledge, does not exist. On the other hand, this important information was 

often missing in the impact evaluation studies. To minimize the number of missing values for these 

design feature variables, additional information was researched from sources supplementary to the 

study. Such sources included project reports and projects’ websites.  

 A separate section of the coding tool was used to record information when the study reported 

intermediary outcomes or outcomes other than the ones considered in this review. This section also 

captured additional sub-group analyses, relative treatment effects, general equilibrium effects, costs of 

the program or cost-benefit analysis, as well as any implementation problems or empirical 

identification problems described by the author.  

The coding manual provided detailed instructions for coders, to ensure consistency in extracting 

and interpreting relevant information, in particular with regard to the selection of appropriate 

treatment effect estimates. Guidelines identified the treatment effect estimates with lowest risk of bias 

when studies reported multiple estimates for the same types of outcomes. Coders selected the 

preferred method of estimating the effect, which was then verified by a second reviewer. For example, 

estimates based on experimental designs were considered to provide the lowest risk of bias, followed 

by natural experiments and quasi-experimental designs. Other considerations outlined in the manual to 

mitigate the effects of potential bias include the use of covariates, type of data used, and statistical 

methodology applied for the estimation.   

Information extracted from included studies was discussed with a second reviewer and coding 

decisions involving assumptions were documented by the researcher. When information at effect size 

level could not be obtained by the researcher from the primary studies, authors of included studies 
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were contacted to provide missing information and clarify discrepancies.3 Additional details about 

inclusion criteria, search strategy, and data extraction are delineated in the protocol of the Systematic 

Review (Kluve et al. 2014).  

3.4 Search results  

The primary and complementary search resulted in 32,117 records based on search in more than 

70 sources, including: 12 specialized databases; 11 general databases; 35 websites, such as 

institutional and conference websites; 5 dissertations, theses, and grey literature databases; and 9 other 

reviews and meta-analyses.   

After removing duplicates using the reference management software EndNote, individual 

reviewers screened 28,375 records on title and abstract by applying the inclusion criteria of the 

screening questionnaire. A total of 1,141 records were identified for full-text screening.   

To minimize bias, included and excluded results were cross-checked by another researcher and 

discrepancies were resolved by the two. This systematic screening process led to the identification of 

86 studies that are considered to be of adequate content and methodological rigor to inform the 

Systematic Review. After extracting data from the preliminary set of 86 included studies, the review 

team screened 6,782 additional records that were identified through reference lists and citation 

tracking of included studies, hand-searching of key journals in which a large number of included 

studies were found, and contacting authors and experts. This search process led to the selection of 27 

additional studies.   

Overall, this comprehensive search and selection process resulted in 113 studies considered 

eligible for inclusion in this review. The search and screening process is illustrated in Figure 1.  

  

  

                                                      
3 The review team contacted authors of 100 studies, requesting additional information to facilitate the computation of 
the effect sizes or to get clarity on the quantitative results or intervention details; 34 authors replied to the request.   
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Figure 1. Results of the search process  

 

 

4. Study and intervention characteristics   

4.1 Characteristics of included studies  

Table 2 provides an overview of the 113 studies included in the database. 65 of the studies 

originate from high-income countries and 48 from low and middle-income countries, indicating the 

worldwide coverage of the review and the substantial share of impact studies from developing and 

emerging markets included here (Panel (a)). The extensive search effort was also successful in 

identifying unpublished studies (Panel (c)). Around one-third of the studies are from peer-reviewed 

journals, with the remainder split between technical reports from implementing organizations and 

working papers. Other reviews, in comparison, have a much lower share of unpublished reports; the 

Systematic Review team believes that the detection of grey literature is one of the strengths of this 

Review.   

Primary and complementary search: 32,117 records

Title/abstract review of 28,375 records

Full text review of 1,141 records

86 reports selected

Final selection: 113 reports

Review of 6,782 records identified 
through reference lists, citation tracking, 

hand searching of key journals and 
contacting authors and experts

27 reports selected

Duplicates in EndNote: 3,742 records

27,234 records excluded

31 countries 87 programmes

Search in over 70 sources using search terms in 
EN, SP, FR, GE, PO, including:
 12 specialized databases
 11 general databases
 35 websites, including institutional and conference 

websites
 5 dissertations, theses and grey literature databases 

and gateways
 9 other reviews and meta-analyses

107 interventions
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Table 2 shows the recent surge of research in the field (Panel (b)). Almost half of the studies in 

our sample were published after 2010, with 21 studies published in 2014 alone. Most of the latter are 

working papers.   

 

Table 2.  Study characteristics  
  

 n %  n %

a) Country income level  e) Timing of Evaluation Follow-up  

High-income country 65 58% Follow-up <= 1 year 58 51%

Low and middle-income country 48 42% Follow-up > 1 year 71 63%

b) Year of Publication 
 

f) Sub-group analysis in addition to the overall analysis

1991-2000 14 12% Gender Disaggregated 56 50%

2001-2005 20 18% Low-income participants 4 4%

2006-2010 27 24% Education level of participants 13 12%

2011-2014 52 46%

g) Outcome Category 

  

c) Type of Publication   Employment 98 87%

Peer-Reviewed Journal 41 36% Earnings 91 81%

Working Paper 28 25% Business Performance 10 9%

Evaluation / Technical Report 30 27%    

Other (Book / Dissertation) 14 12% h) Main Intervention

Skills Training 74 65%

d) Evaluation Design   Entrepreneurship Promotion 12 11%

Experimental 53 47% Employment Services 11 10%

Natural Experiment 11 10% Subsidized Employment 17 15%

Quasi-experimental 50 44% Unspecified 9 8%

Note: N=113. Reports  may not be exclusive across the different typologies in this table. E.g. one study may estimate 
multiple outcomes or look into more than one intervention type.   

In contrast to other systematic reviews, we seem to find a large share of experimental studies in 

the form of randomized control trials (RCTs). Many of the results from these RCTs have been 

published quite recently (66 per cent after 2010) and, hence, are not included in previous reviews. 

Figure 2 shows the increase in rigorous evidence that is covered in this Systematic Review for the first 

time. Furthermore, before 2011, most RCTs in the sample were conducted in Organisation for 

Economic Co-operation and Development (OECD) countries, while the last five years have seen a 

remarkable increase in RCTs in developing countries. Most notably, in 2014, 12 out of 15 RCTs 
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included in this review were from non-OECD countries; 5 of them evaluated youth employment 

programs in Sub-Saharan Africa.  

Table 2 also provides an overview of the types of outcomes that are evaluated by these studies 

(Panel (g)). Three out of every four studies in the sample report results for several outcomes. 

Employment probability4 and earnings are, by far, the most commonly measured and reported 

outcomes within our set of studies, with 98 and 91 studies, respectively, providing an estimate of 

program impact on employment probability / earnings. Within the employment outcome category, 35 

studies estimate the effect of an intervention on hours worked (not reported separately in the table). 

Since only entrepreneurship promotion interventions measured business performance outcomes, we 

have limited observations for these outcomes across the sample.   

  Figure 2.  Increasing body of evidence    

  

In relation to the evaluation features, 39 studies provide impact estimates at multiple time 

points. In addition, 71 studies measured changes in outcomes of interest over 12 months after 

treatment exposure (Panel e)). These longer-term effects are estimated primarily across skills training 

interventions. Relatively few studies provide a sub-group analysis in addition to the overall analysis 

(Panel (f)). In particular, only half of the reports in the sample provide separate results for males and 

                                                      
4 Note employment outcomes include other outcomes aside from probability of employment, such as hours worked.  
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females (excluding those that evaluated gender-targeted programs). Only a few reports in our sample 

provide separate treatment effects for disadvantaged, low-income, or low-educated youth.  

4.2 Characteristics of evaluated interventions  

Some of the 87 youth employment programs covered in this review consist of several 

interventions. For example, a single program may have different tracks – one track providing job 

placement services and another providing skills training. To provide evidence of which interventions 

and combinations have been shown to work best, these different types are evaluated separately in the 

meta-analysis.   

Table 3 provides an overview of the characteristics of the 107 interventions in the sample. 

Many of the interventions provide a combination of different components, whose distribution is 

reported in the table (Panel (c)), as well as the distribution by main category of intervention (Panel 

(a)). 

In particular, panel (c) in Table 3 splits the interventions by the various combinations of 

intervention components: it can be seen that over 30 per cent of interventions provide a combination 

of different components for participants. Among single-component interventions, only skills training 

programs constitute a similarly large share (30 per cent).  

The 113 studies included in this review cover a wide range of countries from all major world 

regions. As in previous reviews of ALMPs (e.g., Card et al. 2010 and Betcherman et al. 2007), a large 

share of the interventions that are evaluated have been implemented in OECD countries. Another 

large share of studies comes from Latin America and the Caribbean, where many countries have 

experimented with ALMPs – in particular, skills training – and started to evaluate their impact early in 

the 1990s using quasi-experimental and experimental designs. As mentioned above, we are able to 

include a relatively large number of recent ALMP evaluations from Sub-Saharan Africa (15), which 

contrasts with the number of evaluations found in other developing and emerging regions, such as 

Europe and Central Asia and South Asia, with four interventions each, respectively. There is no 

evidence from programs implemented in East Asia and the Pacific. With regard to scale, most 

interventions have a national coverage. In 30 cases, the evaluations looked into localized interventions 

implemented as pilots (Panel (f)).   

A close examination of program targeting led to the identification of 16 interventions (15 per 

cent) that served only young women and 45 (42 per cent) that focused exclusively on low-income and 

disadvantaged youth. Two interventions in 5 targeted unemployed youth. With respect to 

implementation, most interventions had public and private entities delivering services, ranging from 

the provision of in-classroom training to internships agreements and coaching. Non-Governmental 

Organizations (NGOs) appear as implementers in about one-third of the evaluated interventions in the 

sample (Panel (g)). 
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Table 3. Intervention characteristics  

 n %  n %

a) Main category  d) Country income level   

Skills Training 55 51% High-income country 60 56%

Entrepreneurship Promotion  15 14% Low and middle-income country 47 44%

Employment Services  10 9%    

Subsidized Employment 21 20% e) Intervention Region   

Unspecified 6 6% OECD 56 52%

   Sub-Sahara Africa 15 14%

b) Has Component   Europe and Central Asia 4 4%

Skills Training 68 64% Latin America and Caribbean 22 21%

Entrepreneurship Promotion  17 16% Middle East and North Africa 6 6%

Employment Services  40 37% South Asia 4 4%

Subsidized Employment 25 23%

f) Scale of Intervention 
  

c) Combinations   National 59 55%

Skills Training Only 32 30% Regional 21 20%

Entrepreneurship Promotion Only 14 13% Local or pilot 30 28%

Employment Services Only 9 8%    

Subsidized Employment Only 12 11% g) Intervention features   

Skills Training & Entrepreneurship Promotion 1 1% Target group:   

Skills Training & Employment Services 24 22% Women only 16 15%

Skills Training & Subsidized Employment 8 7% Unemployed at intervention start 48 45%

Entrepreneurship Promotion & Employment 
Services 

1 1% Low-Income/Disadvantaged 
Youth 

45 42%

Employment Services & Subsidized Employment 3 3% Implemented with participation of:  

Skills Training & Employment Services & more 3 3% Government 75 70%

   Private Sector 63 59%

   NGO/Non-profit 37 35%

   Multilateral organisation 11 10%

Note: N=107.    

 Skills training interventions: Education and skills are considered core factors in determining 

the outcomes for young people in the labor market (Biavaschi et al. 2012), As a result, skills training 

programs are the most widely used labor market intervention for young people worldwide (Kluve 
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2010, Betcherman et al. 2007) and are increasingly delivered as complements to other labor market 

measures (Betcherman et al. 2007; Fares & Puerto 2009). Over half of youth interventions have some 

skills training components. About 50 percent of the included skills training interventions are in high 

income countries, 35 per cent in middle-income countries, and 12 per cent in low-income countries. 

The objective of these skills training programs is to develop employment-relevant skills of jobseekers 

to improve their chances of finding stable employment.   

Skills training interventions for youth are largely multifaceted with regard to the services 

provided, skills taught, and settings in which they are taught. About 40 per cent of the interventions 

complement training with other services. Combinations have paired training with employment 

services (31 interventions), subsidized employment (8 interventions), and entrepreneurship promotion 

(4 interventions). While most interventions offer technical skills, non-technical skills (or soft skills) 

are increasingly embedded in the package, reflecting employers’ growing demand for these abilities 

(Cunningham, Sanchez-Puerta, & Wuermli 2010; Youth Employment Network & IYF 2009). Our 

sample has 29 interventions that incorporated soft skills within the package.   

A significant portion of the interventions relied on a results-based approach for the service 

providers to improve outcomes for beneficiaries. Of these, 18 out of 32 skills training interventions 

with available information on payment systems relied on a results- or performance-based approach. In 

these cases, a central agency provides traditionally bonus payments to the service providers, 

contingent on the employment or earnings outcomes of beneficiaries.   

About one-third of programs applied participant profiling to match the services provided with 

participant needs. Profiling involves incorporating a mechanism in the program design to proactively 

assure that the specific constraints faced by the individuals within target group are being mitigated. 

This is generally implemented through (1) tailored services for each participant based on an individual 

assessment done by modelling or interviews by caseworkers or (2) increased emphasis on detailed 

targeting so a program’s services match the needs of its beneficiaries. The Adolescent Girls  

Employment Initiative (AGEI) in Nepal, for instance, provided technical and life skills training with a 

comprehensive incentive scheme. Training providers were selected through a competitive bidding 

process and offered a bonus payment based on the number of trainees who “gainful” employment six 

months after completing the training and a second bonus for the share of participants who met 

prespecified vulnerability criteria and were successfully placed in employment (World Bank 2015).   

Of the skills training interventions in lower- and middle-income countries in our sample, almost 

one-fourth are located in Latin America and the Caribbean and follow the “Jóvenes” model.5 The 

model, piloted in the 1990s in Chile, combines in-classroom and on-the-job training in a demand-

driven fashion. The design ensures private sector involvement in the definition of training content via 

                                                      
5 These programs were implemented in Argentina, Chile, Dominican Republic, Colombia, Peru, and Panama.  
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the workplace component, securing correspondence between the skills taught and those demanded by 

the productive sector. Moreover, implementation is demand-driven through a stringent, competitive 

bidding process for the selection of training providers and incentive payments schemes based on 

trainee outcomes.   

Entrepreneurship promotion interventions: Programs that focus on forming or supporting 

youth entrepreneurs are comparatively rare in the dataset, comprising 15 interventions. These 

interventions are primarily found in low-income (e.g., Uganda and Liberia) and upper-middle-income 

economies (Peru, Colombia, Tunisia, Bosnia, and Herzegovina).   

Similar to skills training interventions, the entrepreneurship promotion interventions included in 

the sample apply multipronged approaches, often providing technical and non-technical skills training 

in entrepreneurship in combination with other services. Two-thirds of the evaluated entrepreneurship-

oriented interventions fall into this group, most offering a combination of business skills training, 

business advisory services (including mentoring), and access to finance. An example is the Women’s 

Income Generation Support (WINGS) program in Uganda, which applies this specific combination. 

Only a small proportion of interventions in our sample (fewer than 3) provided access to finance 

through credits or grants in a single-pronged manner, or solely business skills training.   

Employment services interventions: The sample contains 10 employment service 

interventions embedded in 9 different programs that almost always deliver job counselling, job-search 

assistance, and/or mentoring services, sometimes complemented by job placement services and/or 

financial assistance. The only intervention that focuses solely on financial assistance for job search is 

a subsidized transportation experiment by Franklin (2014) conducted in Addis Ababa, Ethiopia. In 

contrast to other main intervention types, the employment service interventions examined in this 

review exhibit a trend toward single-pronged approaches, mostly the provision of job counselling, job 

search assistance, and/or mentoring services.   

While only 10 interventions in our sample have the main intervention category of employment 

services, 40 interventions have employment service components. These are most frequently observed 

as sub-components of either skills training or subsidized employment interventions.   

Except for 3 regional or pilot studies that are set in lower- or middle-income countries 

(Ethiopia, India, Jordan), employment services for youth have so far been evaluated mostly in high 

income countries (Finland, France, Germany, Portugal, the U.S.), where they are typically 

implemented by public employment agencies and operate on a national scale (all interventions are 

found in high-income/OECD countries).   

Subsidized employment interventions: The evaluations included in this review contain a 

heterogeneous sample of 21 subsidized employment interventions that consider reductions in 

employer social security contributions, reductions in employer labor/wage costs, direct subsidy 
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payments to the individual (e.g., through vouchers), and labor-intensive infrastructure development 

projects, or any combination of these services, as the predominant category of intervention. The 

interventions in our sample have been implemented exclusively in high-income economies (Australia,  

Canada, Chile, France, Germany, Sweden, and the U.S.) and upper-middle income economies (Jordan, 

South Africa, Tunisia, and Turkey).   

Of the subsidized employment interventions, 9 out of 21 are multipronged interventions 

combining different employment services, such as skills training with job mentoring, all within the 

framework of a subsidized job. The remaining 12 interventions provide standalone subsidized 

employment opportunities, such as the Targeted Jobs Tax Credit (TJTC) program in the U.S. In terms 

of the intervention setting, the majority of the subsidized employment interventions in our sample take 

place within private enterprises (for example, the Swedish employer-paid payroll tax or the French 

Contrat Jeune en Entreprise).   

5. Empirical analysis  

5.1 Effect size computations and meta-analysis methods  

We use two measures created from the treatment effects reported in the evaluations to enable us 

to both summarize their results succinctly as well as to conduct a multivariate analysis to investigate 

determinants of the evaluation results. The two measures are the standardized mean difference (SMD) 

effect size statistic and a binary variable holding the value of one if a treatment effect is positive and 

statistically significant (PSS).6   

The SMD captures the relative magnitude of the treatment effect in a way that is unit-less and hence 

comparable across outcomes and studies. It is the ratio of the treatment effect (ATT, ITT, or LATE, 

see below) for a specific outcome relative to the standard deviation of that outcome within the 

evaluation sample used to estimate the treatment effect. The true effect size (ߠ) is the mean difference 

between the treatment (ݐߤ ) and control groups (ܿߤ ) as a proportion of the standard deviation of the 

outcome variables:   

ሺ1ሻ			ߠ ൌ
ఓ೟ିఓ೎
ఙ

	    

The most intuitive form of estimating ߠ is applying Cohen’s d (Cohen, 1988) defined by  

ሺ2ሻ			݀ ൌ ௧ܻഥ െ ௖ܻഥ

ܵ௣
ൌ
ܦ
ܵ௣

 

 

where ܻ̅ݐ is the mean outcome of the treatment group and ܻ̅ܿ that of the control group. The 

numerator of d captures the treatment effect and is often reported as a treatment effect parameter 

                                                      
6 We consider a treatment effect as statistically significant if it has a p-value from a two-tailed test of less than 0.05.   
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estimate, such as an average treatment effect on treated (ATT), intention-to-treat effect (ITT), or local 

average treatment effect (LATE), rather than as differences in means; thus we use D to denote a 

treatment effect estimate.  The denominator of d,  ܵ݌, is the pooled standard deviation from standard 

deviations of the treatment and control groups and is equivalent to   

ሺ3ሻ			ܵ௣ ൌ 	ඨ
ሺ݊௖ െ 1ሻ ∗ ܵ௖ଶ ൅	ሺ݊௧ െ 1ሻ ∗ ܵ௧

ଶ

݊௧ ൅ ݊௖ െ 2
 

where ݊ܿ and ݊ݐ are the sample sizes of the control and treatment groups, respectively, and ܵܿ 

and ܵݐ are the sample standard deviations of the control and treatment groups, respectively. While d is 

an intuitive estimator for ߠ, research shows that d has a bias and overestimates the absolute value of  ߠ 

in small samples (Hedges, 1981). For this reason we use a small sample size adjusted estimator 

referred to as Hedges’ g, which is given by   

(4)   ݃ ൌ ݀ ቆ1 െ ቀ ଷ

ସሺ௡೟ା௡೎ሻିଽ
ቁቇ. 

The standard error of Hedges’ g is given by   

௚ܧܵ   (5) ൌ ටቂ
௡೟ା௡೎
௡೎∗௡೟

൅
௚మ

ଶ∗ሺ௡೎ା௡೟ሻ
ቃ  . 

A challenge encountered in the data extraction was the limited information available to compute 

g. Standard deviations for the treatment, control, and total sample groups were often missing, even 

after attempting to correspond with authors in attempts to acquire this information.  In such cases, the 

standard deviation of the outcome variable was approximated using the formula from Borenstein et al. 

(2009b)  

ሺ6ሻ		ܵ௣ ൌ ܧܵ ∗ ඨ
nୡ ∗ n୲
nୡ ൅ n୲

 

 where SE is the Standard Error of a means test (e.g. standard error of the regression coefficient  

estimate).  

5.2 Creating an effect size per intervention  

Most studies provide more than one impact estimate, but in order to arrive at summary effect 

sizes and aggregated effect sizes we have to combine them to arrive at a single effect size estimate per 

outcome for each program. Estimating summary effect sizes7 requires careful procedure to avoid 

permitting a single group of evaluation survey respondents to influence the aggregate 

disproportionately. For example, it is common that a treatment effect is reported in a study for the 

entire, pooled evaluation sample and subsequently reported for sub-groups of the same sample, such 

                                                      
7 These can include intervention level, study level, and other types of aggregates.   
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as gender. The median number of treatment effect estimates per study is 12, with some reports 

providing more than 100 estimates. In such instances, there can be a multitude of treatment effects 

reported for the same group where there is no a priori reason to give preference to one measure over 

another.   

In these scenarios it is possible to mitigate the disproportionate influence on the aggregate effect 

sizes. One way is by identifying a set of effect sizes that are derived from the same independent group 

of participants and then, where applicable, selecting the effect sizes for this group where it is possible 

to establish a preference, for example, keeping only pooled estimates and discarding of subgroup 

estimates when appropriate. By dropping some of the effect sizes derived from the sample, we remove 

redundancy.8,9   

Once redundant effect sizes are removed, it is likely to still be left with multiple effect sizes for 

each independent group without clear justification for dropping some over others. In order to arrive at 

overall effect sizes so as to have one effect size per intervention, we apply the method for combining 

effect sizes from the same independent population suggested by Borenstein et al. (2009a). The 

approach is as follows: Let gij and SE݃,݆݅ be the ith effect size, where  i	ൌ	ሺ1,	.	.	,	mሻ, and its standard 

error, respectively, for the sample population (e.g. intervention) identified by j. To arrive at a single 

combined effect size for intervention we take a simple average:   

(7) g୨ ൌ
ଵ

୫
∑ g୧୨
୫
୧ୀଵ , 

and calculate the standard error of gj by  

(8) SE୥,୨ ൌ ටቀଵ
୫
ቁ
ଶ
൫∑ SE୥,୧

ଶ୫
୧ୀଵ ൅ ∑ ρ୧୩SE୥,୧୨SE୥,୩୨୧ஷ୩ ൯, 

where ρik is the correlation coefficient between gij and  gkj. 10  

5.3 Creating aggregate effect sizes for groups of interventions:  

With one effect size per intervention, we are able to create aggregate effect sizes for different 

groupings of interventions as well as an aggregate effect size for the whole sample.  Given the breadth 

of interventions included in our sample it is likely that not all interventions have an identical effect 

size but, rather, that each intervention’s true effect size (݅ߠሻ deviates from the true aggregate effect 

                                                      
8 Here by redundancy we mean providing additional information about a group that is not needed for the desired level of 
aggregation. For example, if the goal is to create program aggregates for all participants, then male and female sub-
group estimates may be dropped.  On the other hand, if the goal is to create an aggregate for females for each program, 
then pooled estimates would be dropped.   
9 For the purpose of brevity, we do not include the guidelines we used to drop effect sizes within each group here. This 
is available upon request.   
10 Ideally we would estimate ݇݅ߩ from the data. However, due to the lack sufficient number of observations an 
assumption on ݇݅ߩ was required. The assumption of 0 = ݇݅ߩ would likely overestimate precision, while the assumption of 
  will likely underestimate precision. We take the more conservative assumption that 1 = ݇݅ߩ
  .݇ ≠ ݅ ݁ݎ݄݁ݓ (݆ ,݅) ∀ 1 = ݇݅ߩ
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size for the overall group it belongs to.  Furthermore, each observed effect size, estimated by Hedges’ 

g, contains a sampling error and there g will either be less than or greater than ݅ߠ. This can be 

expressed as   

(9) g݅	ൌ	ߤ	൅	݅ߞ	൅	݅ߝ	ൌ	݅ߠ	൅	݅ߝ , 

where ߤ is the true aggregate effect size for the group as a whole,  ݅ߞ is the deviation of the true 

effect size of intervention i from the group’s aggregate effect, and ݅ߝ is the sampling error.  In order to 

estimate the true aggregate effect size for the group as a whole (ߤ), equation (9) is estimated using a 

random-effects regression. Moreover, in order to obtain the most accurate estimate of ߤ, a weighted 

random effects regression is applied in which the weights are each study’s inverse variance11.    

In the case of PSS, we provide a weighted average of the effect sizes such that each study 

within the group carries equal weight for the aggregates. As with Hedges’ g, the PSS average is based 

on independent groups created by methods described in Section 5.2.  

5.4 Multivariate analysis  

  The multivariate analysis estimates regressions of the effect size on covariates of interest.  

Adding to the results from the expansive version of this Systematic Review (see Kluve et al. 2016), in 

this paper we conduct a quantitative analysis using the Review’s data base, applying random effects 

inverse-variance weighted random effect regressions on the SMD, and add two more estimation 

methods: probit regressions of positive and statistically significance estimator and weighted least 

square regressions with clustered standard errors on Hedges’ g.   

 For analysis of the PSS indicator, Ipss,i we estimate the following probit model via Maximum 

Likelihood:  

(10) ProbሺIpss,i	ൌ	1|Xiሻ	ൌ	ΦሺXiδ) , 

where Φሺ.) is the Cumulative Distribution Function (CDF) for the standard normal distribution,  

Xi a vector of the covariates of interest, and δ the vector of parameter being estimated. The covariates 

include intervention characteristics, outcome characteristics, and study characteristics. The results 

from this model are reported as marginal effects.    

 For the analysis of the Hedges’ g, we estimate the following weighted least squares (WLS) 

regression:   

(11) Yij	ൌ	Xijδ	൅	εij , 

                                                      
11 Note that the study’s variance corresponds to the term in equation 8 squared.  
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where Yij is effect size i extracted from study j and Xij are the relevant covariates values for the 

sample (or sub-sample) used in estimating.	Yij. For all regressions we used the fully disaggregated 

effect sizes to retain the variation with respect to covariates. We weight the regressions by the inverse 

of the number of effect size observations contributed by each intervention and cluster standard errors 

at the intervention level.  

It should be noted that the three multivariate methods that are being applied represent different 

strengths and weaknesses. When taken together, these multivariate methods provide us with a clear 

view of the findings. The inverse-variance weighted random effects regressions enable more precise 

estimates from the studies in the meta-analysis to have greater influence on covariate coefficients.  

However, since these regressions are not weighted by the number of observations that each 

intervention contributes, and we are using fully disaggregated data to enable greatest variation of 

covariates, it is possible that the interventions that contributed greater number of estimates and 

subgroup estimates have an unduly disproportionate influence on the regression results. Moreover, as 

discussed above, there is a very wide range of estimates that each study contributes.  

On the other hand, the WLS regressions, weighted by the inverse of the number of observations 

contributed from each intervention, assures that no single intervention has a disproportionate amount 

of influence on results. Moreover, in the WLS regressions the errors are also being clustered at the 

intervention level. Given that groups of estimates were taken from different interventions, clustering 

the errors provides conservative estimates in the likelihood that the error structure contains 

heteroscedasticity at the intervention level. In contrast to the random effects regression, the WLS 

regressions are limited in that effect sizes based on estimates with great precision are handled the 

same as those of lesser precision.  

Finally, the probit models, while being more general by only capturing the positive direction 

and statistical significance of estimates, permit us to use a much broader sample since SMDs and 

Hedges’ g require information that is often not available in studies. Only about two-thirds of the 

estimates that have information to be included in a probit regression also have enough information to 

calculate or impute an SMD or Hedges’ g. Probit regressions on a binary variable similar to the one 

we apply are at times criticized in that statistical significance is driven by sample size. In order to 

mitigate this effect, we include sample size as a covariate. Further, we also include the weights and 

cluster errors as in the weighted least squares regressions, following the same rationale discussed 

above for the WLS regressions. Card et al. (2015) find that there is effectively no difference in their 

(qualitative) results derived from meta-analytical models based on effect sizes and models based on 

sign and significance.   
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6. Empirical results  

6.1 Results for aggregate effect sizes  

The review of the 113 primary studies led to the identification and coding of 3,402 treatment 

effects. We have the information necessary to construct the PSS indicator variable for a total of 2,932 

effect sizes and to compute Hedges’ g in 2,059 cases. The number of effect sizes is substantially 

higher than in other systematic reviews. This, to some extent, is the result of intensive efforts to 

acquire missing information from authors; primary studies only provided the required information to 

compute Hedges’ g for roughly 13 per cent of reported treatment effects.   

Taking all the intervention summary effect sizes, combined to have one per intervention by 

applying equations (7) and (8), we estimated the inverse variance weighted random effects model 

shown in equation (11) and created the aggregate PSS for the pooled sample as well for several 

subgroups of interventions and outcomes separately. These are all shown in Table 4.   

Overall the results from the random effects model show that youth employment interventions 

have a positive and statistically significant effect but that this does not apply to all sub-groups of 

interventions. Slightly more than one-third of the impact estimates are positive and statistically 

significant. Across the different dimensions captured in Table 4 we observe that the percentage of 

positive statistically significant estimates typically lies in this approximate range with a few 

exceptions that are above forty percent (subsidized employment interventions and some of the design 

features). The aggregate random effects model (equation 9) is consistent with this, with an overall 

estimate for  

Hedges’ g of .04 and a 95 percent confidence interval from .02 to .06 standard deviations. Although 

most subgroups have an aggregate effect size estimate that is positive and statistically significant, we 

did not find evidence that programs in which the main intervention focus is employment services or 

subsidized employment (along with interventions whose single focus was not specified) have an effect 

size that is statistically different from zero. The precision (i.e. the standard error) for these three types 

of intervention – employment services, subsidized employment, focus not specified – did not hold 

extreme or outlying values relative to the estimates of other sub-groups, suggesting that the low 

magnitude of their effects was the reason for the generally insignificant effect sizes. Card et al. (2015) 

confirm this for employment services using a meta-analysis sample of youth and adults, at all time 

horizons (short-term, medium-term, and long term impacts).  

There is a significant contrast between entrepreneurship promotion interventions and skills 

training interventions with respect to the unconditional aggregate effect sizes. Whereas both types of 

interventions have similar proportions of positive and statistically significant impact estimates (.37), 

the magnitude of aggregate effect size for entrepreneurship programs overshadows that for skills 

programs (.12 compared to .05) while having a much lower level of precision (standard error of .08 
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compared to .02). Nonetheless it seems – from the perspective of unconditional estimates – that 

entrepreneurship promotion programs have greater treatment effect magnitudes. It should be noted 

that entrepreneurship programs and skills training programs are often implemented in different 

contexts. There is much variation for skills training programs, partly due to the significant number of 

skills programs in our sample, in terms of target populations, scale, implementers, and location, 

among other factors, while entrepreneurship programs in our sample are more homogeneous and have 

a tendency of being implemented at a smaller scale, targeting poor and disadvantaged populations, and 

more frequently taking place in lower-income countries. Hence, this difference in effect size 

magnitudes should be interpreted with caution and requires testing with conditional analysis, which 

we do below in the multivariate regressions.  

In terms of outcomes, the aggregate estimates indicate analogous findings for earnings and 

employment results, as both have a similar proportion of impact estimates being positive and 

significant (.32 and .37) as well as effect size (both at .04). Breaking down these into more specific 

outcomes (where we have sufficiently large number of observations), we find that the impacts of 

youth employment programs tend to be the largest on the probability of employment.12 Youth 

employment program effects on other employment outcomes, which include labor force participation, 

unemployment duration, quality of employment,13 and hours worked, carry smaller values and drive 

the aggregate effect size for employment outcomes down. On the other hand, we observe similar 

magnitudes (.03 and .04) for impacts on income and hourly wages (or equivalent), which are the two 

most common types of earnings outcomes.   

The aggregate effect sizes show that several elements of the program design may have a 

significant impact on the outcomes of programs, specifically including 1) a focus on features that will 

increase the likelihood that participants will finish and/or perform better in the programs 

(engagement), 2) proactively using information about individual participants to direct them to the 

services that best fit their constraints (profiling), and 3) providing service providers with incentives 

based on results. The contrast is starkest with respect to the proportion of the estimates in evaluations 

that were positive and statistically significant. Programs with engagement mechanisms had over twice 

the proportion of positive and statistically significant estimates (.41 compared to .17) while 

implementing profiling and providing service providers incentives led to having increases of 13 

percent and 11 percent, respectively, in large proportion of positive and statistically significant 

evaluation estimates. However, as with other unconditional estimates discussed in this section, 

without conditional (multivariate) analysis the weight placed on these differences is limited, and they 

cannot be generalized, since often profiling and engagement mechanisms are more highly associated 

with some programs over others. For example, subsidized employment programs by their nature 

                                                      
12 To provide a more representative picture we have combined employment and unemployment probabilities.   
13 Quality of employment captures intervention effects on outcomes such as attaining a fixed contract and receiving 
benefits.   
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include financial incentives to continue participation, since there is a direct link between payment and 

attendance.   

Table 4. Effect size summary  

 

Summary effect size and positive significance estimates

Lower 
Bound Upper Bound

Main category of program
Skill Training 0.37 0.05 0.02 0.07
Entrepreneurship Prom. 0.37 0.12 0.04 0.19
Employment Services 0.17 0.00 -0.03 0.02
Subsidized Employment 0.41 0.02 -0.01 0.05
Unspecified 0.30 0.04 -0.03 0.10

Outcomes
Earnings Outcomes (combined) 0.32 0.04 0.02 0.05
Employment Outcomes (combined) 0.37 0.04 0.03 0.06
Specific outcomes: 

Employment Probability 0.39 0.06 0.04 0.08
Number of hours/days worked 0.26 0.03 0.00 0.06
Income 0.35 0.04 0.02 0.06
Salary/Wage 0.35 0.03 0.02 0.05

Design features
Offered extra services: 
Yes 0.37 0.05 0.01 0.08

No 0.34 0.04 0.02 0.05

Profiled participants:
Yes 0.41 0.06 0.02 0.10
No 0.28 0.04 0.01 0.06
Participant engagment mechanism :
Yes 0.41 0.04 0.03 0.06
No 0.17 0.03 0.00 0.06
Incentives to service providers
Yes 0.43 0.06 0.03 0.09
No 0.32 0.05 0.01 0.08

Type of participant
Male 0.35 0.04 0.02 0.06

Female 0.31 0.08 0.04 0.11

Low income/disadvantaged:

Yes 0.35 0.06 0.03 0.10

No 0.34 0.03 0.01 0.05

Country
High Income Countries 0.34 0.02 0.00 0.03
Low & middle income (combined) 0.37 0.09 0.06 0.12

Low income 0.34 0.15 0.10 0.21
Middle income 0.38 0.06 0.03 0.10

Sub-saharan Africa 0.31 0.14 0.09 0.19
Latin American & Caribbean 0.50 0.10 0.05 0.15

Total 0.35 0.04 0.02 0.06

 Percent Positive 
& Statistically  

Significant

Aggregate* 
Hedge's G 

95% Confience Interval (G)

Notes: All aggregated measures estimated are based on independent groups. Aggregate Hedge's G 
represents estimate of μ from random effects inverse variance weighted regression (see equation 9 
above). For variable definitions see Appendix. 
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Finally, the aggregate estimates provide initial evidence that youth employment programs in 

certain macroeconomic contexts and targeting certain populations have better evaluation results in 

general. These differences present themselves, in varying degrees, in terms of income level and 

country income, where programs that target low-income populations have more positive effects and 

programs in high-income countries have lower effects, as compared to those in low- and middle 

income countries.   

6.2 Multivariate meta-regression results  

The main objective of this analysis is to look at the effect of different covariates on labor 

market outcomes, focusing on both the probability of having a positive statistically significant impact 

and the average standardized mean difference (or effect size) as measured by Hedges’ g and SMD and 

applying the three methods discussed above: weighted least squares, (inverse-variance weighted) 

random effects, and probit regressions. We first analyze the effects of these covariates on aggregate 

labor market outcomes – both employment and earnings combined. We then look separately at 

aggregate labor market outcomes for high-income countries, and low- and middle-income countries.  

Finally, we estimate separate regressions for the effects on employment and earnings outcomes.   

In terms of covariates we focus on four dimensions: the type of program (main intervention 

category); the country context; individual characteristics of the participants; and general information 

about program design, including whether it is accompanied by extra services.14 In addition, we add 

variables to control for different types of evaluation/publication (RCT, sample size, peer-reviewed 

journal, estimated unadjusted differences in means, and follow-up after one year).15 Controlling for 

sample size is key for estimating the probability of a positive statistically significant impact, since it 

accounts for the possibility that large-sample studies are more likely to find statistically significant 

impacts. The results for our full sample are presented in Tables 5 through 7, for the three 

methodological approaches: (i) Weighted least squares Hedges’ g, (ii) Random effects SMD, (iii) 

Positive sign and significance. For brevity, Tables 8 to 19, which contain the separate multivariate 

results – again for each of the three methods – for high- and low-income countries and earning and 

employment outcomes separately are included in Appendix 3.  

6.2.1 Results from the full-sample regressions  

The regression tables report six different specifications, each comprising different sets of 

covariates (full specification in column (6)). In the estimation results for the pooled sample there is no 

strong pattern of specific program types or combinations of interventions systematically 

outperforming others. Some programs, such as a subsidized employment intervention, may at times 

have smaller effect sizes or a lower likelihood of having a positive statistically significant impact. In 

                                                      
14 This refers to having services in a category of intervention aside for the main intervention category.  
15 Detailed definitions of select variables are provided in the Appendix.   



28  
  

general, it therefore appears that there are no consistent statistically significant differences between 

types of programs across our estimation methods (see Tables 5 to 7). Note at this point, however, that 

subsequent stratification by country income group (see section 6.2.2) does reveal impact heterogeneity 

by intervention type. In particular, skills training and entrepreneurship interventions produce the 

greatest impacts in low- and middle income countries based on the random effects regressions.  

The result here suggests that some of the unconditional differences in aggregate effect sizes 

found in the prior section may not hold when accounting for important contextual features. Following 

our theory of change, we expect that the effect of a given intervention on labor market outcomes (for 

youths) will depend on beneficiaries’ characteristics and country context, and thus this result is not 

surprising. For some population groups, for instance, employment services are likely to be the most 

relevant intervention, whereas for others wage subsidies are more important in creating positive 

outcomes.   

At the same time, the results support the stylized fact observed in the prior section that 

combining alternative interventions (having extra services) increases the likelihood of success of a 

given program (And again we preview that this finding is particularly pronounced for the low- and 

middle income country group, see below). Thus, once controlling for relevant covariates, offering 

services that complement the main intervention can increase the magnitude of the effect from .05 to 

.09 standard deviations (Tables 5 and 6) and the probability of success by 14 to 21 percent (Table 7). 

Again, this is consistent with our theory of change. Most population groups are likely to face multiple 

constraints affecting their likelihood of getting a job, the types of jobs they get, and associated 

earnings. The Economic Empowerment of Adolescent Girls (EPAG) in Liberia, which showed strong 

evaluation results, combined six months of classroom-based training followed by employment 

services through six months of follow-up support in entering wage employment or starting a business. 

Also having a positive impact, the Teenage Parent Demonstration in the U.S. aimed to address 

multiple constraints on youth employment outcomes. Being mandatory for teenage mothers receiving 

welfare, it provided a wide array of services that were employment oriented including enrolment in 

alternative education programs, participation in job training, job search guidance, and employment. 

Programs that only address one of these constraints are less likely to have an impact than those that 

are multi-pronged. It is not possible, however, to identify the one specific multi-component 

combination that always works; the types of interventions that are needed seem to be specific to the 

individual and the country context. Even within the Teenage Parent Demonstration, implementation in 

some sites included additional specific services like transportation stipends which were not broadly 

applied.   

The pooled results also suggest that, systematically, programs implemented in low- and middle 

income countries have been more likely to succeed and have larger effect sizes than programs 

implemented in high-income countries. For instance, the likelihood of success in high-income 
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countries can be between 21 to 32 percent lower than in low-middle income countries. One 

explanation is that differences in performance are explained by differences in the severity of the 

constraints facing beneficiaries to access jobs and improve their earnings. High-income countries 

could be dealing, on average, with population groups that are harder to serve or for whom there are 

fewer job opportunities relative to those facing beneficiaries in low- and middle-income countries. 

Moreover, the larger impacts can be associated with low- and middle-income countries having a low 

starting point. We also conjecture that programs in the latter set of countries tend to be newer and 

might have benefited from better designs and technical innovations.  

Regarding beneficiaries, we do not find differences in program performance based on their age 

or gender. However, we find that programs that focus on vulnerable workers – either low-income 

workers or youth at risk – have larger effect sizes (by a value in the range of .05 to .07, see Tables 5 

and 6), although we do not observe consistent effects on the likelihood of having a positive and 

statistically significant impact. This is consistent with the aggregates discussed above (Table 4). While 

the difference in the likelihood of having a positive effect was small, with low-income (more 

vulnerable) participants slightly higher at .35 versus .34, the magnitude of the aggregate effect size 

was twice that of programs not targeting low-income and disadvantaged participants. The most 

probable explanation for this result is that programs that deal with targeted groups of vulnerable 

beneficiaries are better able to target the necessary interventions, not only in terms of the types of 

interventions offered but also their content and/or design.   

Another important result from the analysis is that program design and implementation matter. 

As discussed in the previous section, the majority of youth employment programs have not been able 

to have statistically significant positive impacts. This, most likely, does not imply that the programs 

are not needed, but instead that there are problems in terms of design and implementation. The 

programs might not have positive results because they are not using the right combination of 

interventions, given the constraints facing beneficiaries. They also may be affected by implementation 

challenges, e.g.: was the program implemented as designed? Did the program participant group reflect 

the targeted population? Did participants complete all components?   

Although our set of variables to control for program design and implementation is limited, we 

are able to capture effects regarding three elements that international experiences suggest are key 

determinants of program success: profiling systems, systems to monitor and follow up on 

beneficiaries, and incentives for providers.   

  

  

  
  



30  
  

 

Table 5.  Weighted Least Squares Hedge's g  regressions: pooled sample
(1) (2) (3) (4) (5) (6)

Main intervention category 
(base=skills training)
Entr. Prom. 0.032 0.012 0.050 0.053 0.026 0.055

[0.62] [0.23] [0.97] [1.37] [0.59] [1.43]
Empl. Serv. -0.064** -0.041* 0.023 0.074** 0.000 0.026

[2.57] [1.82] [0.62] [2.07] [0.01] [0.57]
Subs. Empl. -0.036 -0.013 -0.071* 0.017 -0.059 0.007

[1.28] [0.48] [1.91] [0.48] [1.15] [0.19]
Unspecified 0.002 0.024 -0.002 -0.045 -0.013 -0.122

[0.04] [0.61] [0.03] [0.78] [0.24] [1.61]
Evaluation features
Log Evaluation Sample Size -0.015* -0.012 -0.020** -0.004 -0.004

[1.94] [1.31] [2.38] [0.51] [0.53]
Publication Peer-Reviewed -0.033 -0.042* -0.059** -0.064** -0.072***

[1.45] [1.86] [2.23] [2.49] [2.88]
Eval. design:RCT -0.029 -0.056 -0.048* -0.035 -0.030

[0.96] [1.61] [1.74] [1.29] [1.27]
High income country -0.042 -0.106*** -0.133*** -0.088*** -0.135***

[1.50] [3.41] [5.52] [2.81] [4.80]
Program design features
Additional services -0.007 0.051** 0.024 0.067**

[0.23] [2.07] [0.83] [2.33]

Participant profiling 0.062* 0.074*** 0.069* 0.053

[1.80] [2.80] [1.93] [1.57]

Participant engagement mechanism 0.092** 0.073*** 0.063** 0.088***

[2.60] [2.92] [2.09] [3.15]
Incentives for service providers 0.067* 0.046 0.084** 0.026

[1.78] [1.36] [2.43] [0.75]

Program has soft skills training -0.005 0.031

[0.11] [0.90]

Outcome characteristics
Employment outcome 
(base=earnings outcome)

0.012 0.001

[0.65] [0.04]
Estimated unadjusted difference in 
means

-0.105* -0.189**

[1.75] [2.24]

Measured over one year after exit 
from program

0.088*** 0.102***

[3.66] [4.13]

Target/evaluation group

Low income / disadvantaged 0.061** 0.018

[2.47] [0.59]
Male (base=male and female 
combined)

-0.041 -0.036

[1.68] [1.44]
Female (base=male and female 
combined)

0.012 0.027

[0.51] [1.26]

Younger Participants -0.025 0.048

[0.77] [1.32]
Type of implementer (base=Private 
and public sector joinly implement)
Government only 0.007 -0.023

[0.19] [0.49]
Private sector only 0.023 0.050

[0.39] [1.30]
Constant 0.072*** 0.223*** 0.137 0.127 0.066 -0.003

[3.99] [2.92] [1.53] [1.63] [0.91] [0.03]
R2 0.02 0.06 0.17 0.28 0.15 0.33
N 2,001 2,001 1,369 1,024 1,250 962

Number of studies: 96 96 70 58 62 51

Number of interventions: 97 97 58 42 51 37

Notes: Regressions weighted by inverse of number of observations coming from each intervention and errors clustered at the 
intervention level. Marginal effects evaluated at the variable means reported for probit regressions. For variable definitions see 
appendix. 
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Table 6.  Random Effects SMD  regressions: pooled sample
(1) (2) (3) (4) (5) (6)

Main intervention category 
(base=skills training)
Entr. Prom. 0.037** 0.014 0.001 0.076*** 0.061*** 0.097***

[2.15] [0.81] [0.06] [3.36] [2.74] [3.87]
Empl. Serv. -0.027*** -0.009 -0.003 0.115*** -0.008 0.067**

[2.78] [0.91] [0.24] [6.10] [0.36] [2.25]
Subs. Empl. -0.031*** -0.003 -0.047*** 0.007 -0.045** -0.018

[3.72] [0.29] [3.08] [0.36] [2.32] [0.67]
Unspecified -0.040*** -0.029** -0.046*** -0.064*** -0.026* -0.049**

[3.09] [2.18] [3.12] [3.50] [1.70] [2.33]
Evaluation features
Log Evaluation Sample Size -0.010*** -0.006** -0.015*** -0.004 -0.003

[4.83] [2.22] [4.24] [1.58] [0.67]
Publication Peer-Reviewed 0.001 -0.015 -0.012 -0.022** -0.019**

[0.07] [1.56] [1.40] [2.25] [2.14]
Eval. design:RCT -0.013* -0.019* -0.050*** -0.071*** -0.076***

[1.74] [1.86] [4.56] [6.20] [6.24]
High income country -0.037*** -0.084*** -0.137*** -0.093*** -0.152***

[4.72] [7.22] [11.77] [7.25] [10.80]
Program design features
Additional services -0.001 0.061*** 0.063*** 0.096***

[0.09] [5.03] [4.14] [5.81]

Participant profiling 0.032*** 0.048*** 0.058*** 0.023

[2.79] [3.60] [4.64] [1.31]

Participant engagement mechanism 0.064*** 0.072*** 0.058*** 0.107***

[5.12] [6.30] [4.61] [8.09]
Incentives for service providers 0.031*** 0.043*** 0.065*** 0.058***

[2.96] [3.93] [5.48] [4.32]

Program has soft skills training -0.025* -0.003

[1.79] [0.23]

Outcome characteristics
Employment outcome 
(base=earnings outcome)

-0.020*** -0.018***

[2.85] [2.60]
Estimated unadjusted difference in 
means

-0.009 -0.018

[0.65] [1.33]

Measured over one year after exit 
from program

0.046*** 0.050***

[5.51] [5.93]

Target/evaluation group

Low income / disadvantaged 0.071*** 0.047***

[5.55] [3.11]
Male (base=male and female 
combined)

-0.007 0.002

[0.68] [0.15]
Female (base=male and female 
combined)

-0.005 0.000

[0.55] [0.06]

Younger Participants -0.013 0.010

[1.52] [1.18]

Type of implementer (base=Private 
and public sector joinly implement)

Government only -0.026* -0.042**
[1.93] [2.13]

Private sector only 0.036** 0.033*
[2.07] [1.88]

Constant 0.048*** 0.159*** 0.107*** 0.099*** 0.095*** 0.003
[12.66] [8.77] [3.97] [2.65] [3.46] [0.07]

R2 . . . . . .
N 2,059 2,000 1,369 1,024 1,250 962
Number of studies: 98 96 70 58 62 51
Number of interventions: 97 97 58 42 51 37
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Table 7.  Positive & statistically significant probit regressions: pooled sample
(1) (2) (3) (4) (5) (6)

Main intervention category 
(base=skills training)
Entr. Prom. 0.028 0.013 0.042 0.054 -0.007 0.002

[0.25] [0.12] [0.35] [0.42] [0.08] [0.03]
Empl. Serv. -0.139 -0.123 -0.048 0.067 -0.366** -0.277*

[1.45] [1.34] [0.39] [0.45] [2.27] [1.84]
Subs. Empl. 0.035 -0.106 -0.235*** -0.053 -0.342*** -0.195

[0.42] [1.37] [2.60] [0.38] [3.17] [1.61]
Unspecified -0.044 0.094 0.021 0.092 0.063 -0.231

[0.46] [1.01] [0.14] [0.49] [0.43] [1.28]
Evaluation features
Log Evaluation Sample Size 0.034* 0.035* 0.028 0.061*** 0.067***

[1.81] [1.72] [1.00] [3.79] [2.82]
Publication Peer-Reviewed -0.052 -0.050 -0.048 -0.033 -0.074

[0.71] [0.64] [0.54] [0.43] [1.03]
Eval. design:RCT -0.075 -0.095 -0.054 -0.119 -0.020

[1.16] [1.22] [0.74] [1.60] [0.27]
High income country -0.094 -0.214** -0.324*** -0.208** -0.288***

[1.37] [2.32] [3.05] [2.57] [3.39]
Program design features
Additional services -0.050 0.011 0.140* 0.214**

[0.58] [0.14] [1.67] [2.49]

Participant profiling 0.168** 0.196*** 0.173** 0.086

[2.36] [2.58] [2.42] [1.16]

Participant engagement mechanism 0.273*** 0.222** 0.228** 0.241**

[2.68] [2.09] [2.51] [2.52]
Incentives for service providers 0.121 0.161 0.107 0.006

[1.30] [1.30] [1.36] [0.06]

Program has soft skills training -0.226** -0.201**

[2.50] [2.10]

Outcome characteristics
Employment outcome 
(base=earnings outcome)

-0.014 -0.049

[0.27] [1.08]
Estimated unadjusted difference in 
means

0.050 -0.218

[0.34] [1.46]

Measured over one year after exit 
from program

0.187*** 0.253***

[2.86] [4.22]

Target/evaluation group

Low income / disadvantaged 0.077 0.102

[0.77] [1.02]
Male (base=male and female 
combined)

-0.047 -0.091

[0.74] [1.60]
Female (base=male and female 
combined)

-0.001 -0.042

[0.01] [0.85]

Younger Participants -0.026 0.128

[0.24] [1.34]

Type of implementer (base=Private 
and public sector joinly implement)

Government only -0.019 0.000
[0.17] [0.00]

Private sector only 0.224* 0.299**
[1.87] [2.51]

N 2,932 2,058 1,441 1,068 1,323 1,007
Number of studies: 104 94 67 55 60 49
Number of interventions: 105 98 58 42 51 37
Notes: see Table 5 notes.
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There is strong evidence that programs that profile beneficiaries and/or have systems in place to 

monitor/follow beneficiaries and keep them in the program are more likely to succeed and have larger 

effect sizes. Profiling, for example, allows program managers to better understand and respond to the 

needs/constraints facing different groups of beneficiaries. A program proactively taking information 

from participants to enable them to succeed, such as the Programa de Capacitación Jóvenes con 

Futuro (JCF) in Colombia or the Galpao Program in Brazil, uses information about participant 

aptitudes to place them in the type of training where candidates may be most likely to succeed. 

However, profiling does not necessarily imply that each individual needs to have a differentiated 

treatment. Instead, the ability to group beneficiaries into broad categories – from those who require 

minimal support to those who are hard to serve – seems to be critical for the performance of the 

program. The Adolescent Girls Employment Initiative (AGEI) in Nepal applied an innovative 

approach by incorporating a results-based system whereby training providers received different bonus 

payments for successfully placing participants from specific vulnerable populations in “gainful” 

employment.   

Similarly, the continuous follow-up and engagement of beneficiaries is important for program 

performance. Following up beneficiaries is not only necessary to assess whether a given intervention 

is delivering the expected results, but also to obtain timely feedback in terms of whether adjustments 

to the intervention are required, both in the composition and intensity of different services. In general, 

this requires having in place adequate monitoring and evaluation systems. For example, the Women’s 

Income Generation Support (WINGS) in Uganda, which focused on entrepreneurship promotion 

activities, required that staff maintain close supervision of business activities for the first few business 

cycles and provide advice on meeting market challenges and implementing sound business practices. 

While continuous follow-ups and monitoring also address the problem of beneficiary drop-out, 

providing incentives for beneficiaries to stay in the program can also be used for this purpose. The 

Satya/Pratham program in India, which provided young women with specific skills training, required 

beneficiaries to deposit Rs 50 per month for continuing in the program. This required participants to 

be ready to commit a total of Rs 300 for the entire duration of the training program with a promise 

that upon program completion, they would be repaid Rs 350.   

The evidence regarding incentives for providers continues to support what we saw in the 

aggregate group statistics (Table 4) but is less persuasive regarding its influence on the proportion of 

results that are positive and statistically significant. In principle, programs that pay service providers 

based on results and performance are more likely to have positive impacts. There are different 

examples of how contracts and payment systems can be structured in this way. The 2008 Employment 

Package, a Turkish subsidized employment program, combined a payroll tax subsidy to employers for 

newly hired employees with cuts in their social security payments of employers. For Contrat Jeune en 

Entreprise in France, a subsidized employment program with a negligible impact based on its 

evaluation results, firms were entitled to claim a subsidy whenever they hired an eligible young 
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worker on an open-ended contract. Unfortunately, the information about contracting and payment 

system in our sample of programs is quite sparse. We are thus only able to distinguish between 

programs that provide some type of incentive system to providers explicitly mentioned in the program 

materials and programs that do not have such an incentive.   

Another important finding in terms of program design is that training programs that focus on 

soft or non-cognitive skills may not be the silver bullet that many expected them to be. Several studies 

have emphasized the role that non-cognitive skills have in determining labor market outcomes. 

Programs such as the Jovenes in Latin America became well known, in part, because of their focus on 

training that aims to improve non-cognitive skills. Our results suggest, however, that other things 

being equal, programs that include training in socio-emotional and behavioral skills do not necessarily 

do better than other programs. On the contrary, once we control for key design features, these 

programs seem to have been less likely to achieve positive outcomes.   

The interpretation of the result is that, if programs are not set up to address the needs of 

beneficiaries through good profiling and follow-up systems, appropriate contracting and payments 

systems, and a diversified package of interventions, simply adding a soft skills training component is 

unlikely to make a difference. This may be due to a broad set of non-technical skills components that 

have been applied that have made it difficult to determine empirically which are the most likely to 

have positive impacts, and for which target group. The JOBSTART program in the U.S. offers an 

illustration of a training program with soft skills components and limited impacts. JOBSTART 

applied an intensive exposure model through which it provided school dropouts training which 

included work-readiness, life, and communication skills. Another example is Entra 21 in Latin 

America, which was implemented in several countries by different organizations and had a design that 

incorporated “life skills.” However, “life skills” was defined broadly, ranging from writing resumés 

and job search assistance to reproductive health (Alzua 2007).   

Finally, the results suggest that programs implemented by the private sector alone, as opposed 

to joint public-private implementation or sole implementation by the government, seem to lead to 

moderately larger gains (as shown in the random effect regressions and probit regressions, Tables 6 

and 7). The estimates show that programs solely implemented by the private sector have greater 

outcomes by .03 to .04 standard deviations, compared to jointly implemented programs (Table 6) and 

an increased chance of having a positive and significant effect of 20 to 30 percentage points (Table 7). 

The main interpretation of this result is that programs managed by the private sector may be more 

likely to have built-in incentives to respond to the needs of employers and job seekers.   

In terms of the type of evaluation/publication, the estimation results do not suggest many strong 

patterns. The only variable that correlates significantly is the time of the follow-up survey relative to 

the baseline survey: program evaluations that estimate impacts over one year after the intervention are 

more likely to identify significant results (a finding in line with the detailed timing patterns carved out 
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in Card et al. 2010, 2015) This indicates that, in most cases, ALMPs do not have immediate effects 

either on employment rates or on earnings. Time is required to properly implement the program and, 

subsequently, to deliver the necessary services. Also as anticipated, the sample size is positively 

correlated with the likelihood of positive statistical significance.   

6.2.2 Differences by country income level  

Stratifying the sample by country income group addresses a key dimension of impact 

heterogeneity of youth interventions. Specifically, we look at two groups, high-income countries and 

low-middle income countries, and present empirical results for both. Clearly, making comparisons 

between high- and middle-low income countries is challenging, because sample sizes and the number 

of programs within each group is reduced. At the same time, the types of interventions in the groups 

of countries are markedly different. For instance, in high-income countries employment services and 

subsidized employment are more frequent. Middle-low income countries, on the other hand, tend to 

focus more on entrepreneurship programs. Many of the result patterns reported by country group 

below are consistent with those found in the pooled results, so we focus on highlighting those for 

which we observe relevant heterogeneity between the two country groups or results deviating from the 

pooled results. The regression results are found in Tables 8 to 13 in Appendix 3.   

One result from looking at country groups is that, whereas impact differences between program 

types is not very strong overall, some pronounced intervention patterns emerge. In some specifications 

for high-income countries, for instance, we see that wage subsidies tend to be less successful than 

other programs, which is consistent with other reviews of this type of program (see Almeida 2012). In 

contrast, for low- and middle-income countries, some specifications indicate that entrepreneurship 

programs fare better, as well as skills training programs. Moreover, for low- and middle-income 

countries, many of the studies indicate that programs that add extra services to the main intervention 

tend to do better, whereas this pattern is not pronounced for high-income countries (Tables 10 and 11).    

There are also different findings in terms of program design and implementation. In high 

income countries there is no conclusive evidence about the role/importance of profiling but, on the 

other hand, we observe evidence that providing incentives to service providers increase both the 

proportion of positive evaluation estimates and the effect size magnitude (Tables 8 to 10). In contrast, 

the evidence that incentives to service providers have a large impact is tenuous in the results for low 

and middle income countries. For high income countries we also find that programs implemented 

solely by the private sector or public sector are no better or, in some specifications, achieve lower 

outcomes than those jointly implemented in a public-private partnership. The results for low- and 

middle-income countries reverse this pattern and show there is an advantage in outcomes for those 

programs that were solely implemented by the private sector, which have greater impacts between .07 

and .11 standard deviations (Tables 11 and 12) and an increased probability of having a positive and 

statistically significant outcome of between 38 and 56 percent. In low income countries there is 
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evidence about the importance of profiling and follow-up and engagement systems, albeit no 

consistent evidence regarding the role of incentives for providers.   

6.2.3 Differentiated effects on employment and earnings   

Most of the results discussed above in terms of the role of different types of interventions, the 

type of beneficiaries, and program design hold when we look separately at effects on employment and 

earnings, although there were some differences regarding how youth employment programs affect 

earnings and employment outcomes. The results for the separate regressions for employment and 

earnings outcomes are found in Tables 14 to 19 in Appendix 3.  

In the case of employment outcomes, there is also some evidence suggesting that 

entrepreneurship programs have tended to do better, but only in terms of the magnitude of the impact. 

One explanation can be that in the case of programs supporting self-employment and/or small scale 

entrepreneurship the creation of jobs is more directly under the control of the program, relative to 

programs that need to connect individuals to wage employment. The important question, however, is 

how sustainable these jobs are in the long term. They can be created more easily but their retention 

rate can also be lower. Unfortunately, our analysis cannot address this question.   

There is strong evidence that subsidized employment programs are less effective than skills 

training programs in increasing participant incomes, while there is no available evidence for either 

type of intervention for employment outcomes. This is a reasonable result, since the constraints that 

skills training programs address are the limits to available human capital and the lack of participant 

skill sets that are demanded by the private sector, and hence earn a greater wage, while subsidized 

employment programs focus on providing participants the opportunity to enter the job market, where 

they may build networks and develop a career. For example, the Ninaweza Youth Empowerment 

Program in Kenya targeted young women in informal settlements in Nairobi and included class-room 

training and employment support. While the program demonstrated overall positive impacts in both 

employment and earnings, the evaluation found earnings effects to be statistically significant more 

often than employment effects. Whereas for some treatment groups there was no statistically 

significant impact on employment, the authors find it was actually the type of employment that made 

a difference between treatment and control. The higher human capital provided through technology 

training led to program beneficiaries more often attaining full-time positions and employment in more 

productive modern sectors, while control group participants were more often employed as casual 

laborers. In many cases, subsidized employment programs often focus directly on reducing 

unemployment, such as the 2008 Employment Package (Turkey) which was created in order to 

increase the formal employment of youth, with the ancillary goals of both improving employment 

rates and reducing the prevalence of workers who are not registered by their employer with a social 

security institution.  
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While most results regarding program design features were consistent with those found in the 

pooled regression, we observe that incorporating well-defined participant engagement mechanisms 

into the design plays a strong role in improving earnings outcomes. While the effects of engagement 

mechanisms are most statistically significant in both magnitude (effect size) and predicting the percent 

of positive and statistically significant impact estimates, the effect is statistically significant across 

specifications for earnings. This may demonstrate that providing strong guidance to program 

participants through case workers or mentors, which is among the most common form of monitoring 

implemented in employment programs, allows participants to take advantage of better opportunities in 

the market, such as higher income employment or employment in which their skills are more highly 

valued.   

  
7. Conclusion  

Labor market prospects for youth are a cause of concern for policymakers worldwide. As a 

result, many programs have been implemented to bring youth into the labor market, connect them to 

jobs, increase their earnings, and/or help them set up a business. However, the majority of these 

programs have not been properly evaluated and therefore there has been, to date, limited information 

available about the types of interventions that work and the reasons why.   

This paper aims to improve our understanding of the effectiveness of youth employment 

programs, focusing on skills training, entrepreneurship promotion, employment services, and 

subsidized employment. To this end, we identified all relevant empirical studies with rigorous 

evaluations produced over the last ten years. We created a database with 113 studies and coded 

information about impacts on employment and earnings, beneficiaries, and program design and 

implementation (Kluve et al. 2016). Our empirical analysis uses three methodological approaches, 

Random Effects meta regressions for the Standardized Mean Difference by programs, Weighted least 

squares for Hedges’ g, and probit models of having positive and statistically significant evaluation 

estimates.   

The results of the analysis show that, overall, youth programs have positive effect sizes. 

However, just above one third of the programs in our database display statistically significant positive 

effects. The interpretation of this result is not that youth employment programs, in most cases, do not 

work. Instead, much of the difference in performance seems to be related to design and 

implementation factors, as well as the characteristics of the country and population of beneficiaries.   

In general, programs have been more successful in middle- and low-income countries. This may 

be because the programs’ investments more strongly affect target populations that are very vulnerable 

(low-skilled, low-income). We also conjecture that because these programs are more recent they 

might have benefited from innovations in design and implementation. There are, however, no 

systematic differences in performance by the age or gender of the beneficiary.   
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We do not find strong evidence that certain types of programs, or combinations of programs, systematically 

outperform others. In low- and middle income countries, skills training and entrepreneurship programs seem 

to produce the largest impacts. In high-income countries, this pattern is less pronounced. Some programs, 

however, seem to be better at affecting certain outcomes than others. There is some evidence that 

entrepreneurship programs can do better at increasing employment rates than other programs, perhaps 

because by design the intervention directly “creates” a job for each beneficiary. At the same time, 

employment services and wage subsidies are less likely to succeed if the goal is to increase earnings.   

We find evidence that programs that integrate multiple interventions are more likely to have a 

positive impact, in particular in low-middle income countries. Hence, while there is no specific 

combination of services that always works, programs that add complementary services to the main 

intervention, regardless of what those are, tend to do better. The interpretation is that the success of 

youth employment programs rests on their ability to respond to multiple needs/constraints facing a 

heterogeneous group of beneficiaries. In other words, the efficient portfolio of services is specific to 

the population of beneficiaries. Programs that target multiple categories of beneficiaries are likely to 

need multiple portfolios of interventions. One implication is that successful youth employment 

programs will need to be able to offer a comprehensive set of interventions, from training, to 

counselling, intermediation, and income support.   

We also find evidence about the importance of profiling and individualized follow-up and 

monitoring systems in determining program performance. Consistent with the finding above, 

programs that are able to profile beneficiaries are also able to better respond to their needs. Profiling 

does not necessarily imply having services tailored to each individual. Instead, it often involves being 

able to group beneficiaries in broad categories, from those requiring minimal support to the most 

disadvantaged or hard-to-reach. Efficient follow-up systems and incentives to keep youth in the 

program are, not surprisingly, also critical for success. This often implies having in place robust 

monitoring and evaluation systems.   

Evidence about the importance of incentive systems for services providers is also positive, 

although weaker. At least conceptually, programs that pay providers based on performance are more 

likely to achieve their objectives. It remains unclear, however, what the best types of contracting and 

payments systems are and how these need to be adjusted depending on the context. Unfortunately, in 

our analysis, we are unable to capture these differences in design and therefore only code whether a 

given program offers some type of incentive at all. Still, in our full specifications, we find that 

incentives for providers are associated with a higher chance of success and larger size effects.   

Finally, we find that programs solely implemented/managed by the private sector lead to 

moderately higher gains. This suggests that this type of program implementation may be better at 

providing built-in incentives to program providers to respond to the needs of employers and 

jobseekers.   
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The findings of this systematic review also bring to light the importance of including 

information on programs costs in impact evaluations. Our findings provide insights into mechanisms 

and designs features that may improve youth employment program performance, but the general 

unavailability of standardized information on program costs limits our ability to make absolute 

statements about the efficient allocation of resources available for improving outcomes.  The 

infrequent presentation of standardized program costs measures alongside impact evaluation results 

may be the largest gap in our knowledge of what works for youth employment programs.  
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Appendix 2. Variable definitions  
  

 

 

Employment outcomes 
Employment Probability, Unemployment Probability, Participation Rate,  Hours Worked (or equivalent) ,  
Unemployment Duration, and Quality of Employment (e.g. contract, fixed, benefits).

Earnings outcomes Earnings, Income, Household Income,  Consumption,  Salary , or hourly  wage (or equivalent).

Incentives for service providers  

Funders of the project provide implementors payments (or bonuses) contingent on participant performance.  
Performance can refer to the outcomes of participants (getting a job after program) or performance within 
program such as completion or higher test scores. 

Incentives for participants  
Most frequently payments or living stipends that are contingent on attendance.  This also include incentives 
for participation such as taking away welfare or unemployment benefits. 

Monitoring
Direct one  on one supervision of program participants often through scheduled visits with a case manage or 
mentor.

Participant profiling 

Profiling is the identification of individual factors that  represent a risk in the labor market and assigning 
appropriate services based on this. Collecting the  information to asses the main contraints (risks) in the 
labor market include caseworker mentor discretion, detailed screening, eligibility rules, or statistical profiling 
among others. A program is considered to profile if it uses information to assign particpants specific 
services among an array of services offered or to determine the intensity of services (duration, etc.). A key 
element of this is that the program collects information and proactively assigns services. 

Exra services
The program offers services that fall into more than one of the four main categories (skills training, 
employment services, subsidized employment, and entrepreneurship promotion). A commonn case is 
offerring skills training combined with employment services. 

Low-income/ disadvantaged 
populations

This includes  low income, disadvantaed, at risk, and vulnerable youth and is based on targetting described in 
the evaluations.

Country income groups
Based on the World Bank's country and lending group definitions for the 2015 fiscal year. See  
http://data.worldbank.org/about/country-and-lending-groups.

Unadjusted mean differences The evaluation did not apply covariate adjustment in estimating treatement effect that was used. 

Younger participants
Codes a younger participant sample if the approximate mean age of the evaluation sample is below 22 
years. 

Implementers
Government implementers include local, regional, national governments, and multilateral organizations. 
Private sector implemeters consist of private firms, foundations, and NGOs. 

Soft skills training Training in non-cognitive, socio-emotional,  and/or life skills. 

Unspecified categroy 
programs

 Program balances equally among more than one service category (skills traning, entrepreneurship 
promotion, subsidized employment, employment services) and the evaluation information does not list any 
single service as predominant.  

Select variable definitions



 

Appendix 3. Results for high- and low-income ountries, earnings and employment outcomes  
  

 

Table 8.  Weighted Least Squares Hedge's g  regressions: high income country sample
(1) (2) (3) (4) (5) (6)

Main intervention category 
(base=skills training)
Entr. Prom. -0.074*** -0.076***

[2.72] [3.00]
Empl. Serv. -0.061* -0.049 0.057 0.182** 0.231** 0.301**

[1.99] [1.52] [0.72] [2.60] [2.32] [2.70]
Subs. Empl. -0.035 -0.020 -0.026 0.035 0.023 0.092

[0.90] [0.53] [0.45] [1.06] [0.48] [1.36]
Unspecified 0.020 0.019 0.006 -0.036 -0.001 -0.193*

[0.47] [0.49] [0.09] [0.64] [0.03] [1.83]
Evaluation features
Log Evaluation Sample Size -0.020** -0.013 -0.025** -0.010* -0.001

[2.16] [1.32] [2.21] [2.01] [0.07]
Publication Peer-Reviewed -0.046 -0.089 -0.152*** -0.148*** -0.220**

[1.47] [1.53] [2.95] [3.19] [2.83]
Eval. design:RCT -0.049 0.007 0.049 -0.011 0.057

[1.52] [0.17] [1.11] [0.36] [0.58]
Program design features
Additional services 0.021 0.105* 0.031 0.120

[0.38] [2.06] [0.66] [1.55]
Participant profiling 0.007 0.071* 0.047 0.050

[0.17] [1.94] [1.08] [0.99]

Participant engagement mechanism 0.073 0.238*** 0.108 0.294*

[1.25] [3.62] [1.63] [2.00]

Incentives for service providers 0.100 0.170*** 0.146** 0.098*

[1.49] [4.56] [2.76] [1.76]
Program has soft skills training 0.045 -0.012

[0.67] [0.05]

Outcome characteristics

Employment outcome 
(base=earnings outcome)

0.015 0.011

[0.70] [0.64]
Estimated unadjusted difference in 
means

-0.041 -0.181***

[1.05] [2.96]
Measured over one year after exit 
from program

0.096** 0.073

[2.51] [1.54]

Target/evaluation group

Low income / disadvantaged 0.044 0.127

[0.88] [0.53]
Male (base=male and female 
combined)

-0.011 -0.009

[0.52] [0.48]
Female (base=male and female 
combined)

-0.060* -0.035

[2.02] [1.45]

Younger Participants 0.014 0.080*

[0.31] [1.96]
Type of implementer (base=Private 
and public sector joinly implement)
Government only -0.110*** -0.201

[3.35] [0.94]

Private sector only -0.166*** -0.045
[3.48] [0.36]

Constant 0.053* 0.235** 0.015 -0.281* -0.076 -0.470*
[1.98] [2.46] [0.12] [2.02] [0.63] [2.05]

R2 0.02 0.08 0.08 0.46 0.25 0.60
N 1,300 1,300 792 511 705 480
Number of studies: 54 54 38 30 35 27
Number of interventions: 53 53 28 18 25 16
Notes: see Table 5 notes.



  
 

Table 9.  Random Effects SMD  regressions: high income country sample
(1) (2) (3) (4) (5) (6)

Main intervention category 
(base=skills training)
Entr. Prom. -0.031 -0.04

[0.75] [0.96]
Empl. Serv. -0.013 -0.012 -0.043** 0.153*** -0.011 0.372***

[1.21] [1.01] [2.20] [3.90] [0.13] [3.15]
Subs. Empl. -0.022** -0.018 -0.029 0.029 -0.024 -0.031

[2.36] [1.46] [1.43] [1.21] [0.33] [0.53]
Unspecified -0.025* -0.028** -0.033** -0.078*** -0.033* -0.084***

[1.78] [1.97] [1.96] [3.40] [1.88] [3.24]
Evaluation features
Log Evaluation Sample Size -0.006** -0.006 -0.012** -0.007* -0.011**

[2.52] [1.62] [2.54] [1.87] [2.11]
Publication Peer-Reviewed -0.002 -0.02 -0.054*** -0.038** -0.048***

[0.22] [1.28] [3.61] [2.48] [3.08]
Eval. design:RCT -0.017* 0.014 0.005 -0.040* -0.086***

[1.83] [0.91] [0.26] [1.76] [2.81]
Program design features
Additional services -0.051** 0.128*** 0.012 0.078*

[2.57] [4.09] [0.46] [1.88]
Participant profiling -0.003 0.028 0.041** 0.018

[0.19] [1.27] [2.06] [0.52]

Participant engagement mechanism 0.037 0.195*** 0.034 0.074

[1.48] [5.28] [1.07] [1.35]

Incentives for service providers -0.027 0.102*** 0.018 -0.027

[1.64] [4.25] [0.66] [0.63]
Program has soft skills training -0.042 -0.459***

[0.60] [2.90]
Outcome characteristics
Employment outcome 
(base=earnings outcome)

-0.009 -0.007

[1.00] [0.81]
Estimated unadjusted difference in 
means

-0.040** -0.047***

[2.30] [2.75]
Measured over one year after exit 
from program

0.071*** 0.070***

[6.39] [6.64]

Target/evaluation group

Low income / disadvantaged 0.092*** 0.491***

[2.78] [3.55]
Male (base=male and female 
combined)

0.006 0.007

[0.51] [0.60]
Female (base=male and female 
combined)

-0.029** -0.023*

[2.37] [1.92]

Younger Participants -0.008 0.008

[0.78] [0.85]
Type of implementer (base=Private 
and public sector joinly implement)
Government only -0.067*** -0.434***

[3.55] [3.19]

Private sector only 0.01 -0.205**
[0.20] [2.00]

Constant 0.031*** 0.094*** 0.102** -0.299*** 0.109 0.018
[6.65] [4.28] [2.37] [3.27] [1.07] [0.12]

R2 . . . . . .
N 1,299 1,299 792 511 705 480
Number of studies: 54 54 38 30 35 27
Number of interventions: 53 53 28 18 25 16
Notes: see Table 5 notes.



  

 

 

 

 

Table 10. Positive & statistically significant probit regressions: high income country sample
(1) (2) (3) (4) (5) (6)

Main intervention category 
Entr. Prom. -0.330** -0.186

[2.19] [1.31]
Empl. Serv. -0.138 -0.159 0.025 0.801*** -0.977*** 0.809***

[1.10] [1.37] [0.16] [5.30] [3.46] [14.71]
Subs. Empl. 0.026 -0.208** -0.292** -0.289** -1.216*** -1.391***

[0.25] [2.16] [2.53] [2.32] [5.69] [15.33]
Unspecified -0.045 0.083 -0.089 -0.081 0.02 -0.750***

[0.44] [1.01] [0.79] [0.78] [0.15] [18.62]
Evaluation features
Log Evaluation Sample Size 0.025 0.040** 0.06 0.048*** -0.001

[1.34] [2.23] [1.55] [3.57] [0.04]
Publication Peer-Reviewed -0.143* -0.371*** -0.203* -0.256** -0.022

[1.69] [3.05] [1.88] [2.32] [1.02]
Eval. design:RCT -0.157* 0.036 0.08 -0.084 -0.088***

[1.95] [0.45] [0.88] [0.80] [2.70]
Program design features
Additional services 0.171 1.070*** 0.175 1.436***

[1.42] [6.86] [1.46] [19.07]
Participant profiling 0.002 -0.104 0.150* -0.669***

[0.02] [1.56] [1.77] [14.64]
Participant engagement mechanism 0.528** 0.339

[2.06] [1.20]
Incentives for service providers 0.285*** 1.116*** 0.333*** 0.496***

[2.75] [9.88] [2.76] [9.08]
Program has soft skills training -0.967*** -2.364***

[4.14] [10.55]
Outcome characteristics
Employment outcome -0.071 -0.053*

[1.62] [1.90]
Estimated unadjusted difference in 0 -0.089***

[0.16] [11.80]
Measured over one year after exit 0.012 -0.047

[0.10] [0.39]
Target/evaluation group
Low income / disadvantaged 0.829*** 3.019***

[4.60] [18.18]
Male (base=male and female 0.006 0.01

[0.18] [0.72]
Female (base=male and female -0.04 -0.028

[0.99] [0.79]
Younger Participants 0.088* -0.032

[1.70] [1.19]
Type of implementer (base=Private 
Government only -0.097 -0.971***

[0.89] [7.45]
Private sector only 0.027 -0.063

[0.18] [0.65]
Constant

N 1,715 1,334 845 492 756 459
Number of studies: 60 54 37 29 34 26
Number of interventions: 60 54 28 18 25 16
Notes: see Table 5 notes.



  

 

 

 

 

Table 11.  Weighted Least Squares Hedge's g  regressions: low- and middle-income country sample
(1) (2) (3) (4) (5) (6)

Main intervention category 
Entr. Prom. 0.037 0.036 0.031 0.041 0.001 0.036

[0.61] [0.57] [0.56] [1.08] [0.02] [1.13]
Empl. Serv. -0.048 -0.039 0.03 -0.015 -0.134 -0.207***

[1.06] [0.82] [0.54] [0.25] [1.54] [2.99]
Subs. Empl. -0.018 -0.01 -0.109* 0.106* -0.065 0.224***

[0.50] [0.29] [1.87] [1.92] [0.85] [4.34]
Evaluation features
Log Evaluation Sample Size -0.007 -0.018 -0.036*** 0.011 -0.029

[0.50] [1.10] [3.10] [0.73] [1.22]
Publication Peer-Reviewed -0.012 0.000 0.036 -0.009 0.100*

[0.53] [0.01] [1.20] [0.22] [1.99]
Eval. design:RCT -0.013 -0.084 -0.114*** -0.045 -0.141***

[0.23] [1.59] [3.99] [1.22] [4.90]
Program design features
Additional services 0.022 0.098*** 0.125 0.183**

[0.37] [3.52] [1.50] [2.24]
Participant profiling 0.105*** 0.094*** 0.059 0.052

[2.80] [3.17] [1.38] [1.51]
Participant engagement mechanism 0.118** 0.067** 0.072* 0.077

[2.39] [2.40] [1.87] [1.70]
Incentives for service providers 0.03 -0.05 -0.001 -0.128***

[0.48] [1.13] [0.01] [3.79]
Program has soft skills training -0.037 0.008

[0.72] [0.11]
Outcome characteristics
Employment outcome 0.026 0.021

[1.02] [0.78]
Estimated unadjusted difference in 0.159*** 0.171***

[4.97] [4.61]
Measured over one year after exit 0.032* 0.02

[1.84] [1.34]
Target/evaluation group
Low income / disadvantaged 0.104*** 0.108**

[3.36] [2.38]
Male (base=male and female -0.092*** -0.054

[3.28] [1.44]
Female (base=male and female 0.012 0.039*

[0.68] [1.90]
Younger Participants -0.068** 0.001

[2.17] [0.05]
Type of implementer (base=Private 
Government only 0.061 0.001

[0.97] [0.02]
Private sector only 0.110* 0.039

[2.04] [0.56]
Constant 0.092*** 0.149 0.191 0.314*** -0.013 0.263

[3.90] [1.13] [1.27] [3.13] [0.12] [1.72]
R2 0.01 0.01 0.23 0.26 0.20 0.31
N 701 701 577 513 545 482
Number of studies: 42 42 32 28 27 24
Number of interventions: 44 44 30 24 26 21
Notes: see Table 5 notes.



  

 

 

 

 

 

Table 12.  Random Effects SMD  regressions: low- and middle-income country sample
(1) (2) (3) (4) (5) (6)

Main intervention category 
Entr. Prom. 0.017 0.02 0.048** 0.050* 0.047** -0.002

[1.01] [1.09] [2.10] [1.90] [1.98] [0.06]
Empl. Serv. -0.032 -0.033 0.012 -0.029 -0.092* -0.226***

[0.96] [0.98] [0.30] [0.67] [1.71] [3.58]
Subs. Empl. 0.003 0.007 -0.077*** 0.084* -0.060** 0.153***

[0.13] [0.29] [2.89] [1.65] [2.13] [2.63]
Evaluation features
Log Evaluation Sample Size -0.024*** -0.020*** -0.030*** 0.004 0.009

[5.08] [2.99] [3.70] [0.55] [0.77]
Publication Peer-Reviewed -0.003 0.025* 0.070*** 0.021 0.050**

[0.21] [1.76] [3.95] [1.21] [2.38]
Eval. design:RCT -0.021 -0.074*** -0.108*** -0.090*** -0.090***

[1.56] [4.99] [5.08] [5.42] [4.02]
Program design features
Additional services 0.049** 0.078*** 0.195*** 0.290***

[2.16] [2.95] [5.43] [5.62]
Participant profiling 0.110*** 0.126*** 0.067*** 0.094***

[5.81] [5.38] [3.07] [3.67]
Participant engagement mechanism 0.048** 0.052** 0.054** 0.015

[2.29] [2.06] [2.37] [0.50]
Incentives for service providers 0.051*** -0.021 0.022 -0.061**

[2.63] [0.70] [1.03] [2.03]
Program has soft skills training -0.074*** -0.094***

[3.55] [2.92]
Outcome characteristics
Employment outcome -0.032*** -0.030**

[2.71] [2.48]
Estimated unadjusted difference in 0.106 0.116

[1.01] [1.17]
Measured over one year after exit -0.012 -0.002

[0.85] [0.16]
Target/evaluation group
Low income / disadvantaged 0.075*** 0.056**

[3.33] [2.00]
Male (base=male and female -0.063*** -0.028

[3.62] [1.52]
Female (base=male and female 0 0.021

[0.00] [1.50]
Younger Participants -0.013 0.043**

[0.77] [2.05]
Type of implementer (base=Private 
Government only 0.033 0.105**

[0.82] [2.09]
Private sector only 0.073*** 0.106***

[3.28] [3.08]
Constant 0.088*** 0.280*** 0.198*** 0.302*** 0.053 0.024

[14.71] [6.85] [3.11] [3.86] [0.80] [0.27]
R2 . . . . . .
N 760 701 577 513 545 482
Number of studies: 44 42 32 28 27 24
Number of interventions: 44 44 30 24 26 21
Notes: see Table 5 notes.



  

 

 

 

 

 

 

Table 13. Positive & statistically significant probit regressions: low- and middle-income country sample
(1) (2) (3) (4) (5) (6)

Main intervention category 
Entr. Prom. 0.079 0.078 0.053 0.038 -0.024 -0.05

[0.61] [0.62] [0.37] [0.44] [0.31] [0.93]
Empl. Serv. -0.136 -0.123 0.166 0.125 -0.402* -0.515**

[1.08] [0.94] [1.08] [0.77] [1.83] [2.52]
Subs. Empl. 0.057 0.026 -0.181 0.372** -0.162 0.094

[0.46] [0.25] [1.34] [2.06] [1.32] [0.52]
Evaluation features
Log Evaluation Sample Size 0.047 0.022 -0.052 0.119*** 0.117**

[1.30] [0.49] [1.41] [2.77] [2.27]
Publication Peer-Reviewed 0.124 0.141 0.189** 0.094 0.068

[1.35] [1.36] [2.03] [0.93] [0.71]
Eval. design:RCT -0.045 -0.141 -0.290*** -0.124 -0.241***

[0.42] [1.31] [3.32] [1.42] [2.80]
Program design features
Additional services -0.094 0.053 0.407*** 0.848***

[0.66] [0.56] [2.74] [4.82]
Participant profiling 0.161* 0.129 0.137* 0.249***

[1.65] [1.62] [1.68] [4.36]
Participant engagement mechanism 0.365*** 0.284*** 0.246** 0.144*

[2.83] [3.05] [2.35] [1.81]
Incentives for service providers 0.09 -0.122 -0.071 -0.189*

[0.55] [0.86] [0.57] [1.87]
Program has soft skills training -0.373*** -0.574***

[3.16] [3.75]
Outcome characteristics
Employment outcome (base=earnings 0.107 0.054

[1.45] [0.73]
Measured over one year after exit from 0.168** 0.255***

[2.18] [3.39]
Target/evaluation group
Low income / disadvantaged 0.217** -0.086

[1.96] [0.53]
Male (base=male and female combined) -0.097 0.001

[1.40] [0.01]
Female (base=male and female 0.043 0.034

[0.70] [0.74]
Younger Participants -0.176 0.129

[1.22] [0.92]
Type of implementer (base=Private and 
Government only 0.110 0.031

[0.69] [0.20]
Private sector only 0.388*** 0.560***

[3.00] [2.98]
N 1,217 724 596 530 567 502
Number of studies: 44 40 30 26 26 23
Number of interventions: 45 44 30 24 26 21
Notes: see Table 5 notes.



  

 

 

 

Table 14.  Weighted Least Squares Hedge's g  regressions: employment outcomes only
(1) (2) (3) (4) (5) (6)

Main intervention category 
Entr. Prom. 0.086* 0.082 0.121** 0.126*** 0.150*** 0.117**

[1.67] [1.57] [2.02] [3.02] [2.92] [2.22]
Empl. Serv. -0.065** -0.048* 0.041 0.103** 0.018 0.056

[2.15] [1.74] [1.20] [2.38] [0.31] [1.08]
Subs. Empl. -0.03 -0.007 -0.042 0.03 -0.046 0.019

[1.01] [0.26] [1.11] [0.86] [0.92] [0.53]
Unspecified 0.00 0.005 0.003 -0.036 0.01 -0.098

[0.01] [0.12] [0.05] [0.58] [0.19] [1.18]
Evaluation features
Log Evaluation Sample Size -0.015** -0.012 -0.022** -0.009 0.00

[2.15] [1.52] [2.51] [1.55] [0.05]
Publication Peer-Reviewed -0.022 -0.060*** -0.087*** -0.097*** -0.097***

[0.85] [2.82] [3.66] [4.22] [4.05]
Eval. design:RCT -0.005 -0.028 -0.044 -0.046* -0.029

[0.17] [1.12] [1.52] [1.86] [1.20]
High income country -0.02 -0.077*** -0.114*** -0.071** -0.127***

[0.64] [2.80] [4.26] [2.23] [3.86]
Program design features
Additional services -0.003 0.045* 0.038 0.072**

[0.09] [1.91] [1.34] [2.48]
Participant profiling 0.053 0.083*** 0.088** 0.075*

[1.67] [3.02] [2.52] [2.03]
Participant engagement mechanism 0.03 0.051* 0.001 0.081**

[0.86] [1.79] [0.03] [2.53]
Incentives for service providers 0.085** 0.064 0.096*** 0.05

[2.32] [1.62] [2.77] [1.25]
Program has soft skills training -0.053 0.008

[1.12] [0.25]
Outcome characteristics
Estimated unadjusted difference in -0.093 -0.189**

[1.58] [2.23]
Measured over one year after exit 0.082*** 0.102***

[3.32] [3.79]
Target/evaluation group
Low income / disadvantaged 0.051* 0.021

[1.78] [0.65]
Male (base=male and female -0.025 -0.027

[1.18] [1.19]
Female (base=male and female 0.013 0.015

[0.50] [0.74]
Younger Participants -0.037 0.041

[1.24] [1.19]
Type of implementer (base=Private 
Government only -0.029 -0.056

[0.80] [1.17]
Private sector only 0.037 0.072*

[0.63] [1.77]
Constant 0.072*** 0.198*** 0.144* 0.155 0.166** -0.05

[3.80] [2.81] [1.80] [1.69] [2.31] [0.57]
R2 0.04 0.06 0.16 0.36 0.22 0.43
N 1,331 1,331 905 619 798 568
Number of studies: 86 86 63 52 56 45
Number of interventions: 91 91 53 38 47 33
Notes: see Table 5 notes.



  

 

 

Table 15.  Random Effects SMD  regressions: employment outcomes only
(1) (2) (3) (4) (5) (6)

Main intervention category 
Entr. Prom. 0.047* 0.034 -0.005 0.119*** 0.075** 0.145***

[1.79] [1.26] [0.15] [3.52] [2.39] [4.30]
Empl. Serv. -0.029* 0.015 0.008 0.121*** -0.001 0.077**

[1.92] [0.90] [0.45] [5.20] [0.04] [2.10]
Subs. Empl. -0.030** 0.015 -0.025 0.028 -0.026 0

[2.34] [1.03] [1.28] [1.21] [0.96] [0.00]
Unspecified -0.050*** -0.035* -0.045** -0.065*** -0.023 -0.053**

[2.69] [1.82] [2.25] [2.77] [1.12] [1.96]
Evaluation features
Log Evaluation Sample Size -0.023*** -0.008** -0.016*** -0.005 0

[7.02] [2.21] [3.74] [1.49] [0.11]
Publication Peer-Reviewed -0.02 -0.029** -0.036*** -0.052*** -0.054***

[1.63] [2.09] [3.12] [3.62] [4.57]
Eval. design:RCT -0.026** 0.001 -0.02 -0.061*** -0.052***

[2.41] [0.09] [1.50] [4.12] [3.49]
High income country -0.034*** -0.079*** -0.115*** -0.089*** -0.125***

[2.92] [5.07] [7.71] [5.36] [7.54]
Program design features
Additional services -0.022 0.040*** 0.063*** 0.077***

[1.38] [2.75] [3.37] [4.03]
Participant profiling 0.028* 0.065*** 0.059*** 0.053**

[1.94] [3.94] [3.82] [2.56]
Participant engagement mechanism 0.074*** 0.059*** 0.055*** 0.087***

[4.12] [4.08] [3.04] [5.32]
Incentives for service providers 0.023 0.047*** 0.064*** 0.061***

[1.59] [3.40] [4.16] [3.76]
Program has soft skills training -0.042** -0.027

[2.05] [1.52]
Outcome characteristics
Estimated unadjusted difference in -0.014 -0.037*

[0.67] [1.85]
Measured over one year after exit 0.047*** 0.050***

[4.10] [4.55]
Target/evaluation group
Low income / disadvantaged 0.054*** 0.039**

[3.35] [2.15]
Male (base=male and female -0.009 -0.002

[0.70] [0.18]
Female (base=male and female 0 0.004

[0.02] [0.33]
Younger Participants -0.025** 0.004
Type of implementer (base=Private 
Government only -0.040** -0.084***

[2.16] [3.53]
Private sector only 0.060*** 0.036*

[2.59] [1.70]
Constant 0.063*** 0.274*** 0.112*** 0.084* 0.108*** -0.024

[10.54] [9.96] [3.04] [1.83] [2.84] [0.50]
R2 . . . . . .
N 1,382 1,330 905 619 798 568
Number of studies: 88 86 63 52 56 45
Number of interventions: 91 91 53 38 47 33
Notes: see Table 5 notes.



  

 

 

 

Table 16. Positive & statistically significant probit regressions: employment outcomes only
(1) (2) (3) (4) (5) (6)

Main intervention category 
Entr. Prom. 0.101 0.101 0.148 0.206 0.231** 0.137

[1.01] [1.08] [1.00] [1.29] [2.03] [1.24]
Empl. Serv. -0.195* -0.192* 0.016 0.104 -0.253 -0.123

[1.76] [1.84] [0.12] [0.57] [1.58] [0.68]
Subs. Empl. 0.032 -0.101 -0.188* -0.113 -0.297** -0.243

[0.36] [1.14] [1.86] [0.75] [2.49] [1.51]
Unspecified -0.075 0.036 0.046 0.052 0.11 -0.23

[0.77] [0.34] [0.34] [0.26] [0.77] [1.06]
Evaluation features
Log Evaluation Sample Size 0.038** 0.038* 0.013 0.059*** 0.056*

[2.14] [1.83] [0.38] [3.50] [1.86]
Publication Peer-Reviewed -0.029 -0.048 -0.096 -0.065 -0.089

[0.37] [0.59] [1.00] [0.76] [0.94]
Eval. design:RCT 0.003 -0.034 -0.013 -0.109 0.002

[0.05] [0.44] [0.15] [1.40] [0.02]
High income country -0.064 -0.217** -0.293** -0.228** -0.316***

[0.80] [2.24] [2.38] [2.56] [2.78]
Program design features
Additional services -0.018 0.052 0.204** 0.257***

[0.20] [0.58] [2.00] [2.67]
Participant profiling 0.138* 0.150* 0.180** 0.075

[1.92] [1.66] [2.56] [0.80]
Participant engagement mechanism 0.183 0.113 0.121 0.195

[1.45] [0.92] [1.05] [1.58]
Incentives for service providers 0.178* 0.225 0.123 0.05

[1.82] [1.60] [1.38] [0.45]
Program has soft skills training -0.336*** -0.233**

[3.04] [2.15]
Outcome characteristics
Estimated unadjusted difference in 0.049 -0.196

[0.28] [1.08]
Measured over one year after exit 0.152** 0.248***

[1.98] [3.22]
Target/evaluation group
Low income / disadvantaged -0.039 0.025

[0.34] [0.20]
Male (base=male and female -0.054 -0.133

[0.66] [1.57]
Female (base=male and female 0.066 -0.017

[0.72] [0.27]
Younger Participants -0.015 0.119

[0.13] [1.08]
Type of implementer (base=Private 
Government only -0.204* -0.19

[1.84] [1.03]
Private sector only 0.195 0.264*

[1.53] [1.96]

R2 . . . . . .
N 1,983 1,299 927 640 821 590
Number of studies: 91 83 59 48 53 42
Number of interventions: 98 92 53 38 47 33
Notes: see Table 5 notes.



  

 

 

 

Table 17.  Weighted Least Squares Hedge's g  regressions: earnings outcomes only
(1) (2) (3) (4) (5) (6)

Main intervention category 
Entr. Prom. -0.025 -0.041 0.015 0.016 -0.025 -0.006

[0.44] [0.76] [0.34] [0.48] [0.67] [0.16]
Empl. Serv. -0.113*** -0.071** -0.005 0.057 -0.073 0.006

[3.81] [2.35] [0.14] [1.07] [1.60] [0.10]
Subs. Empl. -0.120*** -0.081*** -0.148*** -0.097 -0.151** -0.101

[3.47] [3.01] [2.87] [1.39] [2.63] [1.55]
Unspecified -0.051 0.025 0.013 -0.04 -0.01 -0.069

[1.05] [0.48] [0.19] [0.71] [0.18] [1.40]
Evaluation features
Log Evaluation Sample Size -0.019* -0.017 -0.042*** -0.008 -0.038***

[1.72] [1.30] [2.79] [0.71] [2.77]
Publication Peer-Reviewed -0.093** -0.024 -0.004 -0.028 -0.011

[2.05] [0.59] [0.09] [0.73] [0.31]
Eval. design:RCT -0.064 -0.118** -0.122** -0.096 -0.106*

[1.45] [2.15] [2.12] [1.63] [2.02]
High income country -0.088** -0.123*** -0.169*** -0.118** -0.185***

[2.38] [2.74] [3.79] [2.34] [3.79]
Program design features
Additional services 0.049 0.089* 0.079 0.109*

[0.98] [1.70] [1.35] [1.90]
Participant profiling 0.029 -0.023 -0.012 -0.05

[0.64] [0.53] [0.21] [0.86]
Participant engagement 0.110*** 0.102*** 0.095*** 0.092**

[2.92] [3.37] [2.73] [2.64]
Incentives for service providers 0.036 0.000 0.029 -0.005

[0.86] [0.01] [0.71] [0.11]
Program has soft skills training 0.024 0.078*

[0.70] [1.88]
Outcome characteristics
Estimated unadjusted difference 0.051 0.045

[0.91] [0.74]
Measured over one year after exit 0.052* 0.057**

[1.96] [2.06]
Target/evaluation group
Low income / disadvantaged 0.091** 0.014

[2.62] [0.40]
Male (base=male and female -0.064* -0.060*

[1.88] [1.93]
Female (base=male and female -0.033 -0.026

[1.14] [0.97]
Younger Participants 0.004 0.054

[0.08] [1.13]
Type of implementer 
Government only 0.06 0.088

[1.27] [1.52]
Private sector only 0.071 0.074

[1.46] [1.52]
Constant 0.110*** 0.320*** 0.229* 0.380*** 0.149 0.343***

[4.03] [2.98] [1.98] [2.73] [1.43] [2.77]
R2 0.06 0.17 0.33 0.37 0.32 0.42
N 670 670 464 405 452 394
Number of studies: 74 74 55 47 51 44
Number of interventions: 77 77 46 36 42 33
Notes: see Table 5 notes.



  

 

Table 18.  Random Effects SMD  regressions: earnings outcomes only
(1) (2) (3) (4) (5) (6)

Main intervention category 
Entr. Prom. 0.022 0.006 0.056* 0.064* 0.045 0.054

[1.04] [0.27] [1.92] [1.95] [1.42] [1.37]
Empl. Serv. -0.041*** -0.044*** 0.000 0.091** -0.020 0.080

[3.00] [3.13] [0.01] [2.51] [0.61] [1.57]
Subs. Empl. -0.034*** -0.040*** -0.074*** -0.016 -0.125*** -0.048

[3.63] [3.05] [3.02] [0.48] [4.07] [1.03]
Unspecified -0.011 0.016 -0.016 -0.059* -0.017 -0.058*

[0.56] [0.82] [0.73] [1.79] [0.81] [1.75]
Evaluation features
Log Evaluation Sample Size 0.001 -0.005 -0.020*** -0.001 -0.016**

[0.47] [1.15] [3.11] [0.23] [2.41]
Publication Peer-Reviewed 0.029*** 0.018 0.026* 0.013 0.022

[3.24] [1.45] [1.87] [1.07] [1.59]
Eval. design:RCT -0.026*** -0.088*** -0.107*** -0.115*** -0.129***

[2.64] [5.33] [5.29] [5.74] [5.91]
High income country -0.039*** -0.097*** -0.155*** -0.115*** -0.194***

[3.89] [5.58] [7.52] [5.34] [7.27]
Program design features
Additional services 0.082*** 0.106*** 0.108*** 0.148***

[4.04] [4.90] [3.78] [4.74]
Participant profiling 0.037* 0.012 0.024 -0.015

[1.92] [0.49] [0.93] [0.45]
Participant engagement mechanism 0.053*** 0.092*** 0.081*** 0.122***

[3.05] [4.54] [4.29] [5.20]
Incentives for service providers 0.069*** 0.036* 0.078*** 0.049**

[4.53] [1.77] [3.82] [2.00]
Program has soft skills training 0.005 0.036

[0.27] [1.60]
Outcome characteristics
Estimated unadjusted difference in 0.005 0.003

[0.27] [0.14]
Measured over one year after exit 0.047*** 0.053***

[3.79] [4.08]
Target/evaluation group
Low income / disadvantaged 0.086*** 0.062**

[3.57] [2.43]
Male (base=male and female 0.001 0.000

[0.04] [0.01]
Female (base=male and female -0.006 -0.008

[0.45] [0.58]
Younger Participants -0.002 0.017
Type of implementer (base=Private 
Government only 0.031 0.038

[1.40] [1.06]
Private sector only 0.028 0.035

[0.99] [1.11]
Constant 0.037*** 0.067*** 0.089** 0.141** 0.062 0.100

[9.37] [2.88] [2.37] [2.18] [1.41] [1.49]
R2 . . . . . .
N 677 670 464 405 452 394
Number of studies: 75 74 55 47 51 44
Number of interventions: 77 77 46 36 42 33
Notes: see Table 5 notes.



  

 

 

Table 19. Positive & statistically significant probit regressions: earnings outcomes only
(1) (2) (3) (4) (5) (6)

Main intervention category 
Entr. Prom. -0.068 -0.087 0.012 0.001 -0.075 -0.215*

[0.53] [0.64] [0.09] [0.01] [0.75] [1.91]
Empl. Serv. -0.229 -0.197 -0.325** -0.229 -0.631*** -0.629***

[1.36] [1.24] [2.22] [1.28] [4.15] [3.50]
Subs. Empl. -0.304** -0.324*** -0.373*** 0.000 -0.653*** -0.295**

[2.35] [2.68] [2.87] [0.00] [5.75] [2.46]
Unspecified -0.080 0.042 -0.015 -0.088 0.004 -0.152

[0.60] [0.24] [0.07] [0.35] [0.02] [0.96]
Evaluation features
Log Evaluation Sample Size 0.027 0.013 -0.047 0.048** 0.018

[0.99] [0.45] [1.37] [1.97] [0.66]
Publication Peer-Reviewed -0.092 0.038 0.044 0.015 -0.011

[0.91] [0.37] [0.49] [0.25] [0.23]
Eval. design:RCT -0.081 -0.214** -0.265*** -0.288*** -0.225***

[0.87] [2.24] [3.04] [3.80] [3.70]
High income country -0.085 -0.069 -0.251** -0.088 -0.249***

[0.99] [0.61] [2.15] [0.93] [2.82]
Program design features
Additional services -0.020 0.058 0.219** 0.254***

[0.17] [0.61] [2.18] [3.11]
Participant profiling 0.177* 0.187** 0.206** 0.200**

[1.73] [1.99] [1.97] [2.40]
Participant engagement mechanism 0.218** 0.241*** 0.150** 0.209***

[2.03] [2.68] [1.97] [3.08]
Incentives for service providers 0.021 -0.070 0.025 -0.049

[0.18] [0.48] [0.33] [0.54]
Program has soft skills training -0.293*** -0.207***

[3.68] [3.33]
Outcome characteristics
Estimated unadjusted difference in -0.084 -0.209

[0.47] [1.41]
Measured over one year after exit 0.261*** 0.278***

[3.69] [4.45]
Target/evaluation group
Low income / disadvantaged 0.182 0.045

[1.28] [0.44]
Male (base=male and female -0.058 -0.045

[0.75] [0.85]
Female (base=male and female -0.119 -0.131**

[1.37] [2.41]
Younger Participants -0.069 0.076

[0.66] [1.21]
Type of implementer (base=Private 
Government only 0.217* 0.285**

[1.81] [2.27]
Private sector only 0.255** 0.315***

[2.37] [3.34]
R2 . . . . . .
N 949 759 514 428 502 417
Number of studies: 84 77 57 48 53 45
Number of interventions: 80 78 47 37 43 34
Notes: see Table 5 notes.
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Appendix 4. List of included interventions.   

Program Name Country Main intervention category Impact evaluaton reference(s) 

 
Apprenticeship Training Program and Entrepreneurship Support for Vulnerable Youth 
Becate 
Chile Joven 

Contrat de Qualification 

Economic Empowerment of Adolescent Girls (EPAG) 
Employment Fund 
Empowerment and Livelihood for Adolescents (ELA) 
Entra 21 

Entra 21 
Formacion Tecnica y Tecnologica (FT&T) 
Formación en Oficios para Jóvenes de Escasos Recursos 
Further training (medium to long-term) (FT) 
Galpao 
German Apprenticeship Programme 
JTPA 

Job Corps 

Malawi
Mexico 
Chile 

France 

Liberia 
Nepal 

Uganda 
Argentina 

Brazil 
Colombia 

Chile 
Germany 

Brazil 
Germany 

United States 

United States 

Skills training
Skills training 
Skills training 

Skills training 

Skills training 
Skills training 
Skills training 
Skills training 

Skills training 
Skills training 
Skills training 
Skills training 
Skills training 
Skills training 
Skills training 

Skills training 

Cho et al. (2013)
Van Gameren (2010) 
Aedo et al. (2004) 
Consultores (1999) 
Charpail et al. (2005) 
Pessao e Costa and Robin (2009) 
Adoho et al. (2014) 
Ahmed et al. (2014) 
Bandiera et al. (2014) 
Alzua et al. (2007) 
Alzua et al. (2013) 
Alzua et al. (2007) 
Santa Maria et al. (2009) 
Sence (2008) 
Caliendo et al. (2011) 
Kluve et al. (2014) 
Clark and Fahr (2002) 
Bloom et al. (1997) 
GAO (1996) 
Heckman and Smith (1999) 
Heckman and Smith (2000) 
Heckman et al. (1997) 
Kornfeld and Bloom (1999) 
Bampasidou (2012) 
Bampasidou et al. (2014) 
Blanco et al. (2011) 
Blanco et al. (2013) 
Chen (2013) 
Flores-Lagunes et al. (2010) 
Frumento et al. (2012) 
Frölich and Huber (2014) 
Lee (2009) 
Schochet et al. (2003) 
Schochet et al. (2008) 
Zhang et al. (2009)  
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Program Name Country Main intervention category Impact evaluaton reference(s) 
JobStart 
Jordan New Opportunities for Women (NOW) 
Jovenes En Accion 
Labour Market Training 
Lei do Aprendiz 
Livelihoods Training for Adolescent Living 
Mandatory internships(Germany) 
New Chance 

Ohio Transitions To Independence Demonstration 
Preparatory training (PT) 
Procajoven 
Programa Juventud y Empleo 

Programa de Escuelas taller y Casas de Oficio 
Programa de capacitación Jóvenes con Futuro (JCF) 
Programes de Qualificació Professional Inicial (PQPI) 
Projoven 

Quantum Opportunity Program (QOP) 
Satya/Pratham programme 
School-to-Work Opportunities Act (STWOA) 

Secondary Career and Technical Education programme 
Senai Vocational Training 
Short-term training (STT) 
Summer Career Exploration Programme 
Technical and Vocational Voucher Programme (TVVP) 
Utvecklingsgarantin (UVG) 

United States
Jordan 

Colombia 
Sweden 
Brazil 
India 

Germany 
United States 

United States 
Germany 
Panama 

Dominican Republic 

Spain 
Colombia 

Spain 
Peru 

United States 
India 

United States 

United States 
Brazil 

Germany 
United States 

Kenya 
Sweden 

Skills training
Skills training 
Skills training 
Skills training 
Skills training 
Skills training 
Skills training 
Skills training 

Skills training 
Skills training 
Skills training 
Skills training 

Skills training 
Skills training 
Skills training 
Skills training 

Skills training 
Skills training 
Skills training 

Skills training 
Skills training 
Skills training 
Skills training 
Skills training 
Skills training 

Cave et al. (1993)
Groh et al. (2012) 
Attanasio et al. (2011) 
Larsson (2003) 
Corseuil et al. (2014) 
Mensch et al. (2004) 
Saniter (2014) 
Chang et al. (2007) 
Quint et al. (1997) 
Fein et al. (1994) 
Caliendo et al. (2011) 
Ibarraran and Rosas (2007) 
Card et al. (2011) 
Ibarraran et al. (2014) 
Cansino Muñoz-Repiso and Sanchez Braza (2011) 
Santa Maria et al. (2009) 
Blasco et al. (2014) 
Chong and Galdo (2006) 
Chong and Galdo (2012) 
Chong et al. (2008) 
Diaz and Jaramillo (2006) 
Espinoza Peña (2010) 
Galdo et al. (2008) 
Ñopo and Saavedra (2003) 
Ñopo et al. (2008) 
Rodriguez-Planas (2012) 
Maitra and Mani (2014) 
Gong (2005) 
Griffith (2001) 
Neumark and Rothstein (2006) 
Page (2012) 
Hollenbeck and Huang (2006) 
Klasen and Villalobos Barria (2014) 
Caliendo et al. (2011) 
McClanahan et al. (2004) 
Hicks et al. (2013) 
Carling and Larsson (2005)   
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Program Name Country Main intervention category Impact evaluaton reference(s) 

 
Workforce Investment Act (WIA) 
Youth Employment and Migration(YEM) 
Proyecto Joven 

Calificacion De Jovenes Creadores De Microempresas 
Créa Jeunes 
Economic Empowerment of Adolescent Girls (EPAG) 
Formacion Empresarial De La Juventud (Project JUMP) 
Formacion de Lideres Empresariales 
Jóvenes Rurales Emprendedores 
Partner Microcredit Foundation Experiment 
Start and Improve Your Business (SIYB) programme 
The Prince's Trust 
Turning Theses into Enterprises 
Women’s Income Generation Support (WINGS) 

Youth Opportunities Programme (YOP) 
Arbeit Sofort! 
BPO recruiting services 
Counseling and Job Placement for Young Graduate Job Seekers 
Finnish Vocational Labour Market Training (LMT) 
Franklin Subsidized Transport Experiment 
Job search assistance (JS) 
Jordan New Opportunities for Women 2.0 (NOW) 
Mandatory visits to job info. centers(Germany) 
Programa Inserjovem 

School-to-Work Opportunities Act (STWOA) 

Contrat Jeune en Entreprise 
JUMP wage subsidies (JWS) 
Job creation schemes (JCS) 
Jordan New Opportunities for Women (NOW) 
SGB III wage subsidies (WS) 

United States
Serbia 

Argentina 

Peru 
France 
Liberia 
Peru 
Peru 

Colombia 
Bosnia and Herzegovina 

Uganda 
United Kingdom 

Tunisia 
Uganda 

Uganda 
Germany 

India 
France 
Finland 
Ethiopia 
Germany 
Jordan 

Germany 
Portugal 

United States 

France 
Germany 
Germany 
Jordan 

Germany 

Skills training
Skills training 
Skills training 

Entrepreneurship promotion 
Entrepreneurship promotion 
Entrepreneurship promotion 
Entrepreneurship promotion 
Entrepreneurship promotion 
Entrepreneurship promotion 
Entrepreneurship promotion 
Entrepreneurship promotion 
Entrepreneurship promotion 
Entrepreneurship promotion 
Entrepreneurship promotion 

Entrepreneurship promotion 
Employment services 

Employment services 
Employment services 
Employment services 
Employment services 
Employment services 
Employment services 
Employment services 
Employment services 

Employment services 

Subsidized employment 
Subsidized employment 
Subsidized employment 
Subsidized employment 
Subsidized employment 

Hollenbeck and Huang (2006)
Arandarenko et al. (2014) 
Aedo and Nuñez (2004) 
Alzua and Brassiolo (2006) 
Elias et al. (2004) 
Parodi (2003) 
Crepon et al. (2014) 
Adoho et al. (2014) 
Parodi (2003) 
Jaramillo and Parodi (2005) 
Rojas et al. (2010) 
Bruhn and Zia (2013) 
Fiala (2014) 
Meager et al. (2003) 
Almeida et al. (2012) 
Blattman et al. (2013) 
Blattman et al. (2014) 
Blattman et al. (2013) 
Schneider et al. (2011) 
Jensen (2012) 
Crepon et al. (2013) 
Hämäläinen' et al. (2014) 
Franklin (2014) 
Caliendo et al. (2011) 
Groh et al. (2014) 
Saniter (2014) 
Centeno and Novo (2006) 
Centeno et al. (2009) 
Gong (2005) 
Neumark and Rothstein (2006) 
Roger and Zamora (2011) 
Caliendo et al. (2011) 
Caliendo et al. (2011) 
Groh et al. (2012) 
Caliendo et al. (2011)   
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Program Name Country Main intervention 
category 

Impact evaluaton reference(s)

School-to-Work Opportunities Act (STWOA) United States Subsidized employment Gong (2005)
Neumark and Rothstein (2006) 

Special Youth Employment and Training Programme (SYETP) Australia Subsidized employment Knight (2002)
Richardson (1998) 

Stage d'Initiation à la Vie Professionnelle (SIVP) Tunisia Subsidized employment Broecke (2013)
Stages de formation France Subsidized employment Brodaty (2007)
Stages d’Initiation à la Vie Professionnelle (SIVP) France Subsidized employment Brodaty (2007)
Subsidio al Empleo Joven Chile Subsidized employment Universidad de Chile (2012)
Swedish employer-paid payroll tax Sweden Subsidized employment Egebark and Kaunitz (2014)
Targeted Jobs Tax Credit (TJTC) United States Subsidized employment Hollenbeck and Willke (1991)
Travaux d’Utilité Collective (TUC) France Subsidized employment Brodaty (2007)
Youth Hires Canada Subsidized employment Webb et al. (2014)
Youth Practice Sweden Subsidized employment Costa Dias et al. (2013) 

Larsson (2003) 
Youth Wage Subsidies for South Africa South Africa Subsidized employment Levinsohn et al. (2014)
2008 Employment Package Turkey Unspecified Barza (2011)
ALMP for disadvantaged youth in Germany Germany Unspecified Ehlert et al. (2012)
Apprentices Hiring Programme Chile Unspecified Sence (2006)
CET replication sites United States Unspecified Miller et al. (2005)
Jordan New Opportunities for Women (NOW) Jordan Unspecified Groh et al. (2012)
National Guard Youth Challenge Programme United States Unspecified Millenky et al. (2011)
New Deal For The Young Unemployed United Kingdom Unspecified Blundell et al. (2004)

De Georgi (2005) 
Wilkinson (2003) 

Ninaweza Youth Empowerment Programme Kenya Unspecified Alvares de Azevedo et al. (2013)
School-to-Work Opportunities Act (STWOA) United States Unspecified Hall (2000)
Teenage Parent Demonstration United States Unspecified Maynard et al. (1993)

Youth Opportunity Grant Initiative United States Unspecified Jackson et al. (2007)

Notes: There can be more than one intervention per program.  When estimates were provided for intervention with no single category of focus programs were placed under unspecified.    

  




