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Abstract

We estimate the effects of a lower male/female sex ratio on female labor market partici-
pation and outcomes in Mexico, where international migration has led to a relative scarcity
of men. We identify this effect by using an instrumental variables strategy that relies on
historical migration patterns. Our results indicate that in states where there are relatively
fewer men, women are more likely to participate in the labor market, have white collar
or “brain” jobs, earn higher wages and work fewer hours. These results are robust to the
inclusion of state, age-cohort, and year fixed effects, and to different measures of migration
and sources of data. Remittances do not explain our main findings, instead they result from
increased schooling for women who stay behind.
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1 Introduction

The natural ratio of men to women is approximately one to one (Sen 1990) However many
factors including sex-selective abortion, war, violence, incarceration and migration can alter
this ratio and lead to missing men or missing women. We focus on the case of absent men,
which can have important consequences on marriage, fertility, human capital acquisition and
labor markets. When men are scarce women are less likely to marry and have children, and
more likely to marry lower educated mates and bear children out-of-wedlock (Abramitzky et al.
2011, Angrist 2002, Charles and Luoh 2010). Women also are more likely to enter and remain
in the labor force. For example, Acemoglu et al. (2004) find that the large-scale deployment of
men in the U.S. during WWII led to higher female labor force participation after the war, while
Goldin (1991, 2006) -despite finding that many women who entered the labor force during the
war exited by 1950-documents the period as a tipping point with continued increases in the
labor force participation of women thereafter. Meanwhile, Angrist (2002) finds that decreases
in the relative number of men among specific immigrant groups in the U.S. led to increases in
labor force participation among women in those same immigrant groups.

In this paper we examine the case of Mexico, where large-scale international migration -
which has been largely young and male- has led to a decline in the ratio of men to womenE]
Raphael (2013) finds that the decline in the relative number of men has important impacts on
women who remain in Mexico, decreasing marriage rates and child bearing, and increasing

educational attainment and labor force participationE] The latter findings complement recent

!'The natural rate is about 1.04 with slightly more male birth than female birth (Fisher 1930, Angrist 2002). For
a general overview on sex ratios and differences in mortality across countries see Cullen et al. (2015)

2For example, in the year 2000 the ratio of men to women age 18 to 25 in Mexico was 0.91, while the corre-
sponding ratio in the U.S. among Mexican born individuals was 1.51. Early arrival data to the U.S. show this ratio
to be 1.99 for 1900-1909, 1.50 for 1910-1919 and even 2.20 for 1920-1929 (Angrist 2002).

3The strongest impacts Raphael (2013) finds are for education: moving from a specific state where men are



work which shows that the effects of migration on education in Mexico vary by gender. For
example, Antman (2015) shows that as a result of the remittances that stem from migration, and
women’s increasing control over these resources given the absence of men, investments in the
education of girls increase relative to boys.

Evidence from these papers on the impacts of male migration on female education and labor
force participation leads to our research question, which is whether the increases in women’s
human capital attainment are large or sustained enough to change their labor market outcomes,
such as occupational choice, wages and hours worked. Specifically, we study whether the rel-
ative scarcity of men results in Mexican women entering higher skilled and better paying jobs.
Theoretically this is an open question. There is substantial evidence that Mexican migrants tend
to be young, male, from rural areas, and from the middle of the education and wage distribution
(Durand et al. 2001, Chiquiar and Hansen ZOOS)EI This suggests that if women are entering the
labor force and taking available labor market opportunities, they could be doing so in the mid-
dle of the education and wage distribution. Alternatively, increased investments in education
triggered by migration could allow women to acquire jobs at the higher end of the distribution.

Given these ambiguities, we empirically examine what happens to women’s labor market
outcomes when the sex ratio changes. To do this we use Mexican census data from 1990 to
2015. In addition to time variation, we exploit variation across Mexican states and age groups.

We start by documenting the dramatic decline in the sex ratios in Mexico, particularly for young

relatively scarce to one where they are abundant leads to a 20% increase in enrollment and a 6% increase in years
of education among 20-25 year old women.

“There is a larger debate in the migration literature on negative and positive selection with evidence for both
sides, see (Moraga 2011, McKenzie and Rapoport 2010). We do not think, however, that any impacts of male
migration on female labor market outcomes depend on a story of positive selection. Specifically, negative selection
into migration would mean that lower educated men are more likely to migrate, while higher educated men would
be more likely to stay in Mexico. In this case, there still might an effect on women’s labor market outcomes through
increases in education, delayed marriage or childbearing. There also might be an effect through remittances, which
could drive increases in education for women and subsequent increases in labor force participation and higher
skilled jobs.



cohorts and recent census years. We also examine the extent to which international migration
explains this variation, and find that the percentage of households with an international migrant
is negatively and significantly related to the sex ratio, and that migration explains a large portion
in the variation across states.

We next estimate the impact of declining sex ratios on women’s labor market outcomes. To
control for the potential endogeneity of the sex ratio we create a demand-pull instrument. This
instrument, which uses predicted migration, exploits the fact that most Mexican migrants go to
the U.S., and their destinations are largely driven by historic patterns and migration networks
(Durand et al. 2001, Munshi 2003) Using three different migration data sources with data
at the Mexican and U.S. state level, we document this historical persistence and show that
our instrument is a good predictor of sex ratios. We provide numerous tests of the instrument,
showing the relationship is not driven by particular sending or receiving states or by our measure
of demand for Mexican labor, and is only based on U.S. locations where historical networks
exist.

We find that declines in the relative number of men have significant impacts on women’s
labor market outcomes. A one standard deviation decline in the sex ratio (0.05) leads to a 3-4
percentage points increase in women'’s labor force participation, a 3-4 percentage point increase
of women in white collar and a 5-6 percentage point increase in “brain-intensive” jobs. We
also find that women’s wages increase between 3-5 percent, while the female share in the top
twenty-five percent of earners goes up by 1-2 percentage points, providing further evidence
that women move into higher skilled occupations in the absence of men. These results all

constitute large changes relative to their respective means, and are robust to several different

>Mexico is the largest source country of U.S. immigration, at about one third of the US foreign-born population
(Hanson and MclIntosh 2010).



model specifications. In sum we find strong evidence that the absence of men results in women
entering higher skilled and higher paid jobs over time.

The contribution of our paper is twofold. First, we add to the small but growing literature on
the impact of absent men in developing countries. Most papers study this question in the context
of developed countries, but often the factors leading to declining ratios of men to women, such
as international migration, wars and violence, are more prevalent in developing countries. Fur-
thermore, understanding the impacts on female outcomes is important given that increases of
female incomes and employment outside the home may benefit the status, education and health
of both women and children, which in turn increases their country’s development and growth
(Duflo 2012).

Second, our paper advances the current literature by examining the impacts of absent men
not just on labor force participation, but on labor market outcomes for working women. Given
their increased educational attainment, this intensive margin analysis is a logical extension of
the previous literature. It also complements work which has examined female labor force par-
ticipation and occupational choice more generally in Mexico. For example, Pagan and Sanchez
(2000) have studied the changes of outcomes such as self-employment or employment in spe-
cific sectors in Mexico from the beginning of the early 1990s. Evidence from Juhn et al. (2013,
2014) on the effect of trade liberalization on female labor market outcomes finds that female
wages and employment in blue collar occupations improve but not in white collar occupations.
We add to this literature by considering another factor— an exogenous shock to the sex ratio due
to out-migration of males— on female labor market outcomes in the sending country.

The rest of the paper is structured as follows: section [2{describes the main data sources and

shows descriptive statistics; section [3| discusses our empirical strategy; section 4 presents the



results and tests of the instrument; section [5|explores mechanisms through which changing sex

ratios may impact women’s labor market outcomes; and section [| concludes.

2 Data

To examine the evolution of sex ratios we use data from the 1990, 2000 and 2010 Mexican
Census and the 2015 Intercensal Survey, accessed through the IPUMS International webpage
(IPUMS)E] For each census year we make 8 year age groups by state. We have five cohorts, two
younger cohorts (18-25 and 26-33 years old), and three older cohorts (34-41, 42-49 and 50-57
years old). Together this yields a total of 640 age group-state-year combinations.
Figure[I|panel A shows the average sex ratios in Mexico for each of the years in our sample.
The figure shows that similar to most countries, the sex ratio for younger age groups (ages 0
to 9) is well over one, reflecting the slightly higher natural number of male births. The sex
ratio declines sharply starting in the 18 to 25 age group, where the ratio is well below one for
all years, and remains below one for all remaining cohorts. The sex ratios for older cohorts
also are lower in 2015 than in the previous years, showing that for these cohorts the problem
of “absent men” became more, rather than less, acute over time. Our findings mirror those of
other paper, which also find that in later periods when Mexican migration increased, migrants
were predominantly male (Hanson and MclIntosh 2010, Durand et al. 2001, Raphael 2013). In

particular, Durand et al. 2001 find that the distribution of migrants is male dominated in all

The reasons for why we do not use the following years in our analysis are as follows: the 1960 and 1970
Census are missing two states— Baja California Sur and Quintana Roo— which did not exist as separate entities
until 1974. The 1980 Mexican census data copies for some major administrative districts were destroyed and are
not available anymore (Rabell 2000, Raphael 2013). The 1995 population and dwelling counts predates the ACS,
which began in 2001 and is used to construct the stock of missing men in non-Census years and 2010. The 2005
intercensal survey does not have information on hours, occupation or income. Nevertheless, our results are similar
if we include the 1960 and 1970 data and are available upon request.



periods and that it even has increased over time (77% male in 1970-1974 while 87% male by
1990-92).

To show that the ratios in Mexico are distinctive, we compare them to those from the U.S.
and Brazil, a country with similar income levels to Mexico, using Census data from IPUMS.
The results, presented in Figure [T| panel B, confirm that Mexico’s trajectory is unique. In the
year 2000, in the U.S. the sex ratio for the 18 to 25 age group was 1.04, while that for Brazil
was 0.999. For Mexico the ratio was 0.9, which means that relative to the U.S. or Brazil there
was one fewer man for every ten women in that age group. This large gap between the sex
ratios in Mexico and the other countries remains through the 34 to 41 age groups, highlighting

the distinctive problem of missing men in Mexico.

2.1 International Migration

In the case of Mexico the changing sex ratios can be explained by international migration,
particularly to the U.S. In Appendix |I| we use a simple theoretical framework to show how the
sex ratio in any period is a function of the earlier sex ratio, and the out and return migration rates
for men. In this section we test these theoretical predictions using census data, which contains
information on international migration starting in the year 2000.

To measure migration incidence we use the percentage of households in a state that reports
having a household member migrate abroad in the past five years. We then regress the sex ratio
for each age group on the migration incidence for each state by census year. Panels A and B
of Table [I] shows a negative and significant relationship between the incidence of international
migration and the ratio of men to women in all age groups for both census years 2000 and 2010.

For example, the coefficient on international migration incidence in the first column implies



that, in the year 2000, a one standard deviation increase in the percentage of households with
international migrants (3.1 percentage points) is associated with a decline in the ratio of men to
women age 18-25 of 0.04. Furthermore, international migration can explain a large percentage
of the variation in sex ratios across states. In the year 2000, 53% of the variation in the sex
ratios of 18-25 year olds and 67% of the variation in the sex ratios of 26-33 year olds can be
explained by international migration incidence.

To further test if international migration explains sex ratio imbalances in Mexico we exam-
ine the relationship between another potential cause of missing men-homicides— and sex ratios
in the year 2010. From 2007 to 2010 Mexico experienced a dramatic increase in homicides
due to a drug war, which began in late 2006 after the federal government launched an attack
on drug trafficking organizations. The homicides have been concentrated among young men
and in a small number of states (authors’ calculations using data from the National Institute of
Statistics and Geography, INEGI). Given this variation across age groups and states, homicides
over this period also might explain changing sex ratios. As shown in panels C and D of Table
however, this is not the case. Using two measures of homicides-the total per 10,000,000 in-
habitants in the year 2010 and the totals for 2007 to 2010 per 10,000,000 inhabitants-we find no
significantly negative relationship between either measure and the sex ratio for any age group.
The R-squared values also are quite low, showing that homicides explain little of the variation
in sex ratios across states!’]

Finally, we calculate sex ratios for Mexican born individuals in the U.S., the main des-

tination country for Mexican immigrants. We use data from the U.S. Census and American

"It also is possible that missing men can lead to lower homicide rates, since young men tend to be not only
the main victims, but also the main perpetrators of violence. However, some of states that experienced the highest
levels of violence also have experienced high levels of out-migration, which suggests this does not explain the lack
of a significant relationship between homicides and sex ratios.



Community Survey, accessed through IPUMS. The results, presented in panel C Figure|l| show
a clear sex imbalance for all years. The sex ratios are well above one for almost all cohorts
and years, and in some years and age groups are as high at 1.5, which means there are 15 men
for every 10 women in a particular age group. This provides further evidence that large-scale

international migration of men led to declining ratios of men to women in Mexico.

2.2 Labor Market Outcomes

We use the Mexican Census and Intercensal Survey to define various labor market outcomes
for women. We start with labor force participation, defined as the percentage of women in an
age group and in a state that reports having an occupationﬂ We next consider the percentage
of women in the labor force who are employed in jobs defined as white collar/blue collar jobs,
as “brain”/“brawn” jobs and as “male dominated” jobs. White collar jobs are defined using two
digit occupational codes and include categories such as professionals, technicians, managers,
administrators, directive officials, and office workers. All other categories are defined as blue
collar. “Brain” jobs are defined using one digit occupational categories (ISCO codes), and in-
clude legislators, senior officials, managers, professionals, technicians, associate professionals,
and clerks (ISCO=1, 2, 3 or 4). All other categories, which include service workers, agricultural
and fishery workers, crafts and related trade workers and elementary occupations are defined
as “brawn.” This categorization follows the current literature on brawn-intensive and brain-
intensive occupations, which a number of authors have employed in the Mexican context (Vogl

2014, Rendall 2013, Bhalotra et al. 2015).

8We choose this over employment status as the coverage is higher. The overlap between the two, however, is
quite high. For example, in 1990 98.7% of those who are employed report an occupation, while in 2000 and 2010,
98% and 99.1%, respectively, do so.



We also consider the percentage of women who are employed in traditionally male domi-
nated professions. These are defined as “brain” occupations in which, as of 1960, more than
75% of the labor force was male. They include occupations such as engineers, chemists,
lawyers, doctors, writers, and managers in both public and private firms. Finally we look at
wages, measured by the log of average monthly earned income, and hours Workedﬂ We also
consider the percentage of women who fall within the top 25% of earners for a given state and
year. All earned income values are converted to year 2000 pesos using CPI data from INEGI.
We note that hours worked data are only available for the 1990, 2000 and 2010 census, making
the sample size for this outcome smaller.

Summary statistics for all of the labor market measures are shown in Table [AT| while sum-
mary statistics by census year and age group, which shows the variation across both, are shown
in Table 2| The table starts with labor force participation, and illustrates the steady increase for
women over time. For example, for the 26 to 33 age cohort (second column) average participa-
tion rises from 25.2% in 1990 to 46.3% in 2015. The table also shows an increase in women’s
participation in higher skilled jobs over time. For example, for the 26 to 33 age cohort, the
incidence of white collar jobs among working women rises from 59.5% in 1990 to 61.9% in
2015. Meanwhile, the percentage of women in male dominated professions remains relatively
low across all age groups. This suggests that, despite the increase in women participating in
white collar jobs, the segregation within more specific job types may not have declined much.

In terms of income, we do not see increases in average monthly income over time across
cohort. We do see, however, an increase in the percentage of women who are in the highest

earner category. This suggests income gains are concentrated at the higher end of the income

9Income is restricted to those who worked more than zero hours, had non-zero income, and did not have a top
coded income.
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distribution. Finally, weekly hours worked from 1990 to 2015 remains relatively constant with
a slight decline for most age groups. This suggests any increase in earnings is not coming from

large changes in hours worked.

3 Empirical Strategy

To estimate the effect of changes in the male-female sex ratio on female labor market outcomes,

we use the following specification:

Men

LMOutcome.g = By + b1 (—
Women

) t+X;t7+5c+5t+5s+€cst (1)

The dependent variable is a particular labor market outcome for women in an 8 year age group
¢, in state s and year t. We focus on the years in which women are most active in the labor
force, between 18 and 57 years old. This is modeled as a linear function of the sex ratio, industry
controls (X, ), and state, year, and age group fixed effects. If a decline in men relative to women
led to increases in women entering the labor market and in certain high skilled occupations, then
we expect 3 to be negative. If this has subsequent effect on wages, we would expect 3, to be
negative as well. The impact on hours worked, however, is ambiguous, since depending on
whether the income or substitution effect dominates, workers may reduce or increase hours
worked with higher paying jobs.

There are two concerns over the endogeneity of the sex ratio. First, there are concerns
that the sex ratio could be influenced by women’s re-location decisions, if for instance, women
with characteristics that impact their labor market outcomes move to states with more (or less)
favorable sex ratios. As a result, the sex ratios may reflect the out-migration of men, but also

the in-migration of women with certain characteristics. Thus to ensure that the sex ratios do not

11



purely reflect the changing location decisions of women, we limit the sample to non-movers,
defined as those who reside in their state of birth. This is the closest we can come to eliminating
movers, as the census does not include location histories[/]

The larger concern about endogeneity, however, stems from labor demand shocks. For
example, if an industry that employs a large section of the population shrinks, men may migrate
in search of work while women who stay face reduced employment opportunities. To control
for this we include the percentage of the state’s labor force by census year that is employed
in each industry, as defined by 2 digit codes. This captures some changes in the employment
landscape for men and women over time

More importantly, we instrument for the sex ratios using a measure of predicted migration
that relies on shocks to the demand for Mexican migrant labor from the U.S. The instrument
exploits the fact that international migration is the key source of changes in sex ratios over
time and the vast majority of Mexican migrants go to the United StatesE] Specifically, male
migration is a function of the supply of labor from Mexico and the demand for Mexican labor
in U.S. markets. The supply of labor likely is endogenous to the labor market outcomes of
women who stay behind, but the demand for Mexican labor is not if it is driven by factors that
are idiosyncratic to U.S. markets. We thus can use a measure of this demand as an instrument
for sex ratios. Key to the feasibility of this demand measure is the fact that Mexican states have

historically been sending migrants to different locations in the U.S. and labor demand, in turn,

""Movers make up 23.5% of individuals in our Census sample. For comparison we estimate labor force outcomes
and sex ratios for the sample that includes movers. These second stage results from our instrumental variable
regressions (outlined below) are presented in Appendix Table[A2] The results do not differ greatly from the main
ones, suggesting that internal migrants are not a major concern for our analysis.

"Later we report results omitting these controls as robustness.

12For example, in the year 2010 international migration explained 56% of the variation across states in the sex
ratios of 18-25 year olds, while homicides explain only 3% of the variation. Thus this large event which affected
young men in particular states does little to explain sex ratios.
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varies across these locations. We use this variation to predict sex ratios across Mexican states

and time, as we detail below.
3.1 Instrumental Variable Strategy

To generate an exogenous measure of the demand for Mexican migrants in the U.S. we create a
measure of predicted male migration that follows that developed by Card (2001):

The instrumental variable is defined as:

51
Zg:l Mg TgetAgs

Ncst (2)

PredictedMaleMigration,.g =

Where: M, is the number of male migrants from Mexico in U.S. state g as of a given year.
This stock is a function of the demand conditions in U.S. state and supply conditions in the
sending Mexican state. 7, is the fraction of Mexican male population in U.S. state g as of a
given year that are in age group c. This captures differences in migration patterns by age group.
The combination of sending Mexican state and U.S. receiving state is determined by Ay, or
the fraction of Mexicans in U.S. state g that are from Mexican state s. These weights are time
invariant and rely on the persistence of migration patterns over time, thus isolating the demand
pull shock from the stock of Mexican men as explained in the next section. Since the sex ratio
should be independent of the size of a Mexican state, we divide by N, the number of Mexican
men in age group ¢, Mexican state s, in year ¢. The instrument therefore is the percentage of
men in each age group and year predicted to be missing in each Mexican state.

To calculate both M, 7,. and we use data from 1% micro samples from the U.S. Census and

the American Community Survey (ACS), as accessed through IPUMS for 1990, 2000, 2010

3The use of an exogenous instrument for local migration demand is also similar to a Bartik-style instrument
(see Theoharides 2014).
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and 2015. For each census or ACS year we calculate the total number of Mexican born men in
each age group living in each U.S. stateEf]

To calculate \,; we ideally would have historical migration patterns from a year prior to any
of our census periods for all Mexican states going to all receiving states in the U.S. However,
historical information that is representative at the state level both in Mexico and the U.S. is
scarce and unrepresentative, as it does not cover all receiving U.S. states. We therefore rely on
data from more recent years to assign Mexican men in specific U.S. states to specific states in
Mexico. The data we use come from three different sources, described in detail in section [3.2

We thus construct three sets of weights and compare the results.
3.2 Weighting Matrix Data Sources

The first data source we use for the weighting matrix is the EMIF Norte Survey (Encuestas
sobre Migracion en las Fronteras Norte y Sur de México, or Surveys on Migration to the North-
ern and Southern borders of Mexico) (EMIF) Using a probabilistic sampling methodology
for mobile populations, this dataset collects information on migrants, 15 years old and older,
coming from Mexico and in transit to the US. Most migrants crossing to the US travel through
one of 23 locations. Migrants are interviewed in locations in the northern Mexican border and
at airports during 12 months of the year. Since the majority of migrants are male and we are in-
terested in changes in the sex ratio, we use migration patterns for men. In the survey, migrants

are asked the state where they were born, and the US state to which they plan to travel. We

14Table presents Tgc values for the year 2000 for the 12 largest receiving U.S. states. The table shows that
variation exists in the distribution of Mexican men across age groups. Thus the number of younger and older age
groups that leave different Mexican states varies depending on their receiving state in the U.S.

SAccording to EMIF methodology document, 94 percent of migrants travel through one of
8 locations http://www.colef.mx/emif/metodologia/docsmetodologicos/Metodologia%
20Emif%20Norte%20y%20Sur.pdf

1oWe thank Anne Le Brun for suggesting this data source in a Card style instrumental variable.
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use this information to calculate a matrix of migration flows from a particular Mexican state
to a particular US state. The data are first collected in 1995 and, in order to abstract from the
idiosyncrasies of any given year, we use an aggregate collected in several rounds from 1995 to
201 1 There are 2,415,855 observations in the aggregated dataset.

The second data source is a module on international migration included in the 2002 National
Survey of Employment (ENE), conducted by INEGI. This survey is representative at the state
level in Mexico and asks households about members who have migrated abroad in the past five
years. Members are asked the state in Mexico where the migrant lived before leaving and the
specific state in the U.S. where they arrived. The survey therefore captures migration flows over
the 1997 to 2002 period.

The third data source comes from recently released information from Mexican consulates in
the United States on the issuance of identification cards, known as matriculas consulares (MC)
or consular registration card. Matriculas consulares are issued to individuals living abroad as
proof of Mexican citizenship. The cards issued follow the same security standards as the Mex-
ican passport and can serve as identification also in the United States (Riosmena and Massey
2010)@ Both legal and illegal immigrants can apply for them, and it is estimated that 40% of
all Mexicans living in the U.S. have one The data are compiled by the Institute for Mexicans
Living Abroad, a government agency that is part of Mexico’s State Department. The data are
available on an annual basis from 2008 to the present, and to abstract from the immediate im-
pact of the financial crisis, we use data from 2010. These data therefore capture the number of

immigrants from particular states in Mexico that applied for a MC from a particular state in the

17Speciﬁcally, we use data from surveys in 1995, 2001, 2002, 2008, and 2011.

"8 Mexican consulates began issuing these certificates in 1871. http://www.ime.gob.mx/es/
estadisticas-de-mexicanos—-en-estados-unidos

“Correspondence from Direccion IME Global on 17th July 2014.
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U.S. in 2010.

To provide more clarity on the instrument, we calculate the average predicted male migra-
tion to the US across states for the year 2000, a year in which sex ratios were very low, and
compare the results using the three migration data sources. These means are shown in Table
Bl The means are the predicted proportion of male migrants by age group, such that the value
of .195, found in the first row in column one, means that 19.5% of the men between the ages
of 18 and 25 from a given state, on average, are expected to reside in the U.S. rather than that
Mexican state. These predicted values vary across states depending on the size of the popula-
tion and migration incidence. The table shows that predicted migration is highest for the 26 to
33 year age group, and slowly declines in subsequent age groups. Unsurprisingly, the lowest
level of migration is predicted for the 50 to 57 year old age group. The table also shows consis-
tency across all three weighting data sources. This further supports the assertion that migration
patterns are largely driven by historic factors and likely do not change dramatically over time.

The exclusion restriction partially rests on the argument that the weights are a result of
historic migration patterns and therefore are independent of shocks within states in Mexico that
compel people to migrate. Previous research has documented that new migrants tend to go to
areas where earlier cohorts from the same origin have gone (Bartel 1989, Conover 1987). To
the extent however, that new migrants follow pre-established migration patterns, we can then
use more recent information on migration patterns. While weights prior to 1995 do not exist
for all the U.S.-Mexican state combination, we do have multiple years of EMIF data and can
examine the correlation of these weights over time. Using 1995 and 2011 data, the correlation
of the lambdas are .83, corroborating the idea that migration patterns are stable over time. We

provide more checks of the assumption that the weights capture historic migration networks in
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Section

4 Results

4.1 First Stage Regression

In the first stage regression predicted male migration is used as an exogenous determinant of the
ratio of men to women in an age group, state, and year. The instrument captures stocks rather
than flows of migrants, and thus predicts the number of Mexican men in an age group living in
the U.S. as of any given year, rather than the number who have left over a certain time period.

We estimate this first stage regression using the following equation:

M
(i) = ap + ag PredictedMale Migrationes + X5,y + 0c + 0y + 05 + €cst (3)
Women/ est

The first stage results are shown in Table ] Each cell contains the estimated coefficient on the
sex ratio for age group c, in state s and year t. We show estimates including state fixed effects
(ds) or industry controls (X,;), and both. All results include age group and year fixed effects.
Standard errors are clustered at the state-age group level. Overall the first stage results are
strong. For all three sources of the weighting matrix the predicted migration value is negative
and significant, showing that higher numbers of men predicted to be in the U.S. are associated
with lower male to female ratios in the sending states in Mexico. Thus predicted migration to

the U.S., appear to be strongly correlated to sex ratios across age groups, states and years.
4.2 Instrument Robustness Check

Before proceeding we provide several checks of the validity of the instrument. The exclusion re-
striction holds if the predicted number of male migrants is independent of factors that determine

both women’s labor market outcomes and the incentives for men to move. This exogeneity, in
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turn, relies on the time-invariant weights and rests on the argument that these weights capture
historic trends rather than contemporaneous supply shocks. Given the unobservable nature of
the supply shocks we cannot directly test these assumptions. We instead provide several indirect
robustness checks to bolster our argument that the instrument is valid.

We start by examining the assumption that the weighting system reflects historic networks
of migrants and that it is through these networks that information about demand conditions is
received by men in Mexico. This is key to the argument that the instrument captures a response
to demand conditions in the U.S. rather than supply conditions in Mexico. If this assumption
holds an increase in employment opportunities for Mexican men in U.S. states where men from
a given Mexican state historically have not gone should have no impact on the sex ratio in that
Mexican stateEy] To check this assumption we randomly assign stocks of men between the
observed minimum and maximum numbers in U.S. states for each of the weighting matrices.
We repeat this exercise 1000 times and use the mean value to construct a new instrument. As
shown in column (2), although the coefficients remain negative, they are nearly 15% of the size
of those from the original instrument. This suggests that male out-migration responds strongly
to conditions in U.S. states where there is an established network, but weakly where these
networks are negligible.

We next address concerns that in some cases migration networks are so strong that the stock
of Mexican men in the receiving U.S. state reflects supply conditions in the sending state. In this
case the instrument may simply allocate “absent men” back to where they came from, and will
cease to be exogenous to local supply conditions that affect women’s labor market outcomes.

For example, the majority of men in the U.S. state of Alaska come from the Mexican state

20For example, if men from Oaxaca do not migrate to Arizona, an increase in job opportunities in Arizona
should do little to predict gender ratios in Oaxaca.
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of Michoacan (the EMIF average weight is 68%). If Michoacdn sends most of its migrants
to Alaska, and if there are no changes in these patterns over time, the instrument will largely
assign these men back to Michoacén. In this case the number of predicted absent men will be a
function of supply shocks in the sending location.

To address this we create a new instrument that removes strong connections between sending
and receiving states. We first define strong connection as one where the weights for both the
sending and receive state exceed 15% (above the 90th percentile). In other words, more than
15% of migrants from a given Mexican state go to a particular U.S. state, and more than 15%
of migrants in that U.S. state are from a particular Mexican state We next define strong
connections as those where the weights for a sending Mexican state are at or exceed 50% in any
U.S. state. For example, the Alaska-Michoacdn connection described above is removed. The
results are shown in Columns (3) and (4), respectively, of Table[5] The results are very close to
the ones that use the original weights, which suggests strong connections do not drive our first
stage results.

We also examine whether the first stage results are driven by particular receiving and send-
ing states. For receiving states the concern is that Mexican immigrants travel to a handful of
locations in the U.S., in which case the instrument might not capture historic migration patterns
across the entire U.S. but instead show a response to U.S. demand conditions of only a few
specific states. For example, in the face of supply shocks all Mexican states may send men to

California, the largest receiving state in the U.S., regardless of pre-existing networks or demand

2I'The double weighting comparison achieves two things. First it ensures that U.S. states that have small Mex-
ican migrant populations and are not major receiving areas remain. For example, while the majority of Mexican
migrants in Alaska are from Michoacdn, less than 1% of migrants from Michoacén actually go to Alaska. Second,
it ensures that large receiving states like California and Texas are not eliminated. Many Mexican states send the
majority of their migrants to these two states, but in order for supply shocks in specific sending areas to explain
the stock of migrant men the sending areas have to dominate the overall composition.
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conditions in California To test this we remove the largest receiving states in the U.S. Using
the EMIF average weights, we define the largest U.S. receiving states as those in which either
all Mexican states or all but one Mexican state has a presence. This exercise removes four
states: California, Texas, Arizona and Florida. We then re-estimate the predicted migration
flows using U.S. states except these four, and estimate the relationship between these modified
predicted demand and the sex ratios. These results are shown in Column (5) of Table [5] They
show that the first stage is not driven by these main receiving U.S. states, as the coefficients
on the modified demand remain negative and significant. This provides more evidence that the
instrument indeed captures U.S. demand shocks.

A related concern is that the correlation between predicted migration flows and sex ratios
is due to a small number of states with high rates of international migration, in which case the
instrument would fail to predict sex ratios for the vast majority of Mexican states. To test this
we remove Mexican states with the highest level of international migration in the year 2000
(the first census where this information was included). We define high migration states as those
where more than 10% of households said they had an international migrant (95th percentile).
This removes two states: Michoacdn and Zacatecas. The results, in Column (6) of Table[5] show
the first stage results are not driven by these two states. The coefficient on predicted demand
remains similar in size, negative and significant for all three weighting mechanisms, providing
further evidence that the results are not driven by a few key sending states.

Finally we consider alternative measures of the demand for Mexican born male labor us-

ing annual data from the Annual Social and Economic Supplement of the Current Population

22Data from earlier U.S. Censuses show persistence in the ranking of U.S. states as recipients of Mexican
migrants. In 1940 and 1950 this correlation is 0.93, indicating that U.S. states that were the largest recipients of
Mexican migrants in 1940 continued to be in 1950.
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Survey (CPS), as accessed through IPUMS. The advantage of the CPS is that it is collected
annually, allowing us to examine changes over shorter time periods than the Census. The dis-
advantage, however, is that the sample is much smaller than the Census or the ACS, which
leads to noise in the number of observations in age-cohort-U.S. state cells in any given year. To
alleviate this concern we consider Mexican born and Hispanic men (this includes other Latin
American immigrants) and the median number of employed individuals over a five year period.
Specifically, we calculate changes to the median number of Mexican born and Hispanic men in
each age group, employed in different U.S. states in the five years previous to the year in ques-
tion. For example, for the year 2000 we calculate the difference between the median number
of Mexican born and Hispanic male workers in the 1995-1999 period and 1990-1994 period.
We then allocate the changes from the CPS using our three weighting measures, arguing that,
respectively, these constitute measures of changing demand for Mexican male labor. The results
of the first stage are shown in column (6) of Table [5] The coefficients are very similar to those
from our original instrument, providing evidence that our first stage is robust to using changes

in employment from an alternative data source as our measure of demand for Mexican male

labor. ]
4.3 Second Stage Regressions

The second stage results are shown in Table ] Each cell contains the estimated coefficient on
the sex ratio for an age group c, in state s, and year ¢. Standard errors, clustered at the age
group-state level, are presented in parentheses. For each outcome we report second stage IV

coefficients for all three weighting matrices and OLS coefficients for comparison.

ZWe do not use changes for our original instrument given the lack of a consistent time period across all of the
years. For example, since there is not 1980 data for Mexico, we would have to use a 20 year change for 1990
(compare to 1970) data.
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The results show that decreases in the number of men to women have strong impacts on the
labor market outcomes of women. Starting with labor force participation in column (1), all of
the coefficients are negative and significant, with the IV coefficients ranging from -0.666 to -
0.822. This means a one standard deviation decrease in the male to female ratio (approximately
0.05) results in an increase in women’s labor force participation of 3-4 percentage points. Given
that a women’s labor force participation rate averages 35, this constitutes an increase of 10-
12%— a non-trivial amount. We also find that among women in the labor force, they are more
likely to be in white collar or brain jobs if the sex ratio is low. Specifically, according to the
coefficients in column (2), a one standard deviation decrease in the male to female ratio leads to
an increase in the percentage of women in white collar jobs that ranges from 3 to 4 percentage
points (7%-9% of the mean). Meanwhile, the percentage of women in brain jobs is predicted
to increase between 14% and 16% of the mean. We therefore find strong evidence that “absent
men” increase women'’s participation in high skilled jobs.

We also find evidence that the increasing prevalence of women in higher skilled jobs is
reflected in earnings. On average, a one standard deviation decline in the ratio of men to women
is associated with an increase in log monthly earned income that ranges from 3% to 5%. Using
ENE and MC migration weights, we also see 1-2 percentage point increase (6%-10%) in the
percentage of women in the top 25% of earners. This suggests the gains from higher skilled
jobs might be concentrated at the upper end of the earnings distribution. Finally, for hours
worked we find a robust positive coefficient, indicating that as men become relatively scarce,
the average number of hours women work in a week falls by 1-2%.

In sum, we find that declines in the number of men relative to women leads to significant

increases in women’s labor force participation and their number in high skilled professions.
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Meanwhile, we find increases average wages and a decline in hours work, but we are unable to

statistically discern a robust impact on the fraction of women in male dominated professions.
4.4 Robustness Checks

We check the robustness of the results to changing the controls included, using alternative data
sources for our historical migration weights, and using an alternative measure of demand for
Mexican male labor in the U.S. for our instrument.

We start by examining the robustness of our results to removing industry controls, due to
concerns over their endogeneity. The second stage results from a model that excludes these
controls are shown in Table|/| The results are largely consistent with those presented in Table
[l Specifically, labor force participation, white collar and “brain” jobs show increase female
involvement when the sex ratio falls. We also see some indication (at the 10% statistical level)
of an increase in women’s participation in male dominated professions. The results for log
monthly earned income, top 25% of earners and weekely hours work are consistent in sign, but
not always significant across all three migration data sourcesEr]

We also estimate results using historic weights from two sources. The first is migration rates
from 1924 collected by Foerster (1925). This measure consists of data from Mexicans arriving
at border ports and at districts in Los Angeles, San Antonio and El Paso, during April 1924. The
numbers of migrants arriving is reported by state of birth from 28 Mexican states. The second
is a representative sample collected by Taylor on Mexican migrants in different locations in

California, Texas and Illinois (Taylor, 1930 and 1932)@ These historic weights pre-date our

24We also estimate a model with lagged industry controls, using industry composition from the previous Census
period. These results, shown in Table[A5]also are similar to our original ones, providing further evidence that the
contemporaneous industry controls are not driving our results.

ZFor California, he reports data from 29 different Mexican states of birth, of migrants registered by the As-
sociated Labor Bureau, Imperial Valley, between April 1926 and June 1927 (Taylor 1930). For Illinois, the data
document the state of origin in Mexico for about 28 states and cover Mexican immigrants in Chicago and the
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sample and would be ideal, except they only cover three U.S. states. We therefore do not
consider them in the main analysis, but use them to check whether the direction of the results
observed persistsE] The second stage results are shown in Table 8| Although the instrument is
weaker, the direction of the results is consistent to those from our original model.

Finally, we present second stage results using changes in the stock of men from the CPS
allocated back to each Mexican state as our measure of changing demand for Mexican male
labor. Consistent with our main findings, results reported in Table [9] show increases in female
labor force participation, white collar and “brain” jobs, income and a reduction in weekly hours
work. Our findings therefore are not driven by using the stock of Mexican born men from the

U.S. Census and ACS in our instrument.
4.5 Other Outcomes

One question that arises is whether or not women increasingly move into any type of job once
men leave, or rather they move more intensively into higher skilled jobs. To answer this question
we estimate the instrumental variables model using the percent of women in the labor force in
blue collar or “brawn” jobs as outcome variables. These results are shown columns 1 and 2
of Table and the positive coefficients indicate that women are 3 to 6 percentage points less
likely to be employed in either type of job when men are relatively scarce (6 to 10% of the
mean). The impact of absent men therefore results in women entering higher skilled and higher

paying jobs, but not lower skilled jobs

Calumet region for the late 1920s (Taylor 1932). For Mexican residents of Dimmit County and Zavala County,
Texas, Taylor found data on the place of baptism and Mexican state of origin covering the late 19th century until
the late 1920s (Taylor 1930).

26There is a high correlation between the historic weights and the EMIF average weights for the 3 states with
data. For Texas the correlation between the two sources is 0.52. For California, the correlation is 0.24. For Illinois,
the correlation is 0.45.

2TWe also estimated the effects of migration on the men who remain in Mexico, and found that men who stay
behind are are significantly more likely to enter “brawn” jobs, show no evidence of entering white collar jobs, and
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5 Channels

One of the main channels through which the absence of men can impact women’s labor mar-
ket outcomes is through human capital accumulation. Specifically, as a result of there being
fewer men, women may acquire more education. This may be due to fewer marriage market
opportunities (Raphael 2013 ); an increase in the resources available to invest in education due
to remittances; an increase in the availability of high skill jobs due to an absence of male can-
didates; or an increase in time since women have less to do in the home (Goldin 1991). We
therefore investigate two human capital accumulation outcomes: total years of schooling and
whether or not a woman went to college, defined as more than 16 years of schooling. The
results shown in Table|10|indicate that a decline in the sex ratio of one standard deviation (ap-
proximately 0.05) leads to an increase in education of 0.6 to 0.9 years. Given that women get
on average 8 years of education, this constitutes an increase of 8% to 11%. Meanwhile, for
college education we find negative coefficients in all cases, and one significant coefficient. This
provides some evidence— although weak— that the additional schooling comes at later years@
Next, we want to determine whether our results could be driven by remittances sent by the
absent men to their family members in Mexico. First, we look at the effects of remittances on the
labor market outcomes by defining high and low remittance states using various cutoffs from the
distribution of the percentage of households in a given state that report receiving remittances in
the year 2000 Census dataFf] Given the potential sensitivity of the definition of high remittances,

we define high remittance states using three cutoff points in the distribution (top 50%, top 75%

have weak and much smaller in magnitude evidence of entering “brain jobs”. Our results for women therefore do
not reflect uniform changes in the composition of low and high skill jobs for men and women.

2For marriage (defined as never having married), as shown in column 5 of Table we find no significant
results. Where never married is an indicator variable that takes a value of one for single women, and zero for
married, widowed, divorced, separated or in a consensual partnership.

2The remittance module is only included in the year 2000 and 2010 Censuses.
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and top 90%) and check for consistency of the results. The list of states in each group is at
the bottom of Table We re-estimate the IV results for labor market outcomes using the
EMIF weights, our preferred weighting mechanism, and include an interaction of the sex ratio
with a high remittance dummy variable to test for significant differences across the two types
of statesm The results are shown in Table The reduction in hours worked appears to be
driven by high remittance states. As shown in column 7, the coefficient on the interaction term
is positive and significant across two definitions of high remittance states. We also see some
evidence of a smaller decrease in income in these high remittance states (column 5) which is
consistent with fewer hours worked. These results are consistent with a story of income effects,
in which remittances reduce the amount women need to work outside the home. Meanwhile, the
other outcomes, increase female labor force participation, % women in white collar jobs and
% women in “brain” jobs do not appear to have strong evidence indicating that the response
differs across high and low remittance states. This implies that the effect of having relatively
fewer men on these variables, is present even in the absence of high remittances.

Second, to further investigate whether remittances explain the higher levels of schooling
attained by women, we estimate the IV results for the outcomes listed in Table [I0] by remit-
tance level. The results in Table show that the interaction term for high remittance states
is mostly insignificant or when significant not consistently so across the different cut-off lev-
els. This indicates that high remittances do not explain the increased schooling observed when
men are relatively scarce. In summary, in this section we document that the increase in high
skilled female labor force participation observed appears to result from women acquiring more

education, and that this investment in human capital is not driven by remittances.

30we prefer the EMIF because, unlike the MC data, it is representative at both the state and national level; and
unlike the ENE, it is representative of both individuals and entire families who move to the U.S.
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6 Conclusion

In this paper we explore the impact of absent men on the labor market outcomes of working
age women in Mexico. Mexico is a developing country that experienced dramatic changes in
the relative ratio of men to women due to the international migration of men. The absence of
potential employees and of potential mates may have changed the labor market opportunities
of women. Using a model which instruments for the sex ratio and predicts migration stemming
from U.S. demand, we find that declines in the relative number of men have large effects on
the labor market outcomes of women. We document effects not only on the extensive margin,
with women entering the labor force, but also along the intensive margin, with women entering
higher skilled and higher paid jobs over time.

We use three different data sources for our instrumental variable strategy and find the results
to be consistent across them. We also run a series of robustness checks with different controls
and the results remain. Unlike men who stay, women are less likely to enter low skill jobs when
there is a relative scarcity of men. These differences in type of employment for women could be
explained by looking at potential mechanisms. In particular we find that increased educational
attainment may explain these results since women who face lower relative number of men have
more years of schooling. Additionally we find some evidence that women in high remittance
states decrease hours worked which is consistent with a story of income effects.

As documented in different contexts, once women enter the labor force, the cost of working
declines and the gains from working increase (Acemoglu et al. 2004, Angrist 2002). Once in
the work place, gender differences in occupations and roles seem to continue to matter (Blau
and Kahn 2017). Male migration in Mexico, may have contributed, either by necessity or by a

change in women’s opportunities, to a break in those societal norms that defined the economic
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roles of women. This change need not emerge from migration, but it allows us to better under-
stand what drives women to participate in higher skilled and higher paid jobs. Women may be
observing higher skilled job opportunities becoming available and thus prepare themselves for

these positions by seeking more education.
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7 Figures and Tables

Figure 1: Sex Ratios
Panel A: By Census Year and age group, Mexico
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Source: Brazil, Mexican, U.S. Census and ACS, accessed through IPUMS.
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Table 1: Sex Ratios and International Migration

(1) (2) (3) 4) (5)
Age groups: 18-25 26 to 33 34t0 41 42 to 49 50 to 57
International Migration
Panel A: 2000
% HH with international -0.013%**  -0.014*** -0.011***  -0.005* -0.006*
(0.002) (0.002) (0.002) (0.003) (0.003)
R? 0.53 0.67 0.58 0.10 0.11
Observations 32 32 32 32 32
Panel B: 2010
% HH with international -0.029%**  _(0,032*** -0.019%** -0.016*** -0.02]1%**
(0.005) (0.006) (0.005) (0.005) (0.007)
R? 0.56 0.49 0.34 0.26 0.25
Observations 32 32 32 32 32
Homicides
Panel C: 2010
Homicides per 10,000,000 0.043 0.053 -0.001 0.008 -0.003
(0.032) (0.039) (0.029) (0.028) (0.037)
R? 0.06 0.06 0.00 0.00 0.00
Observations 32 32 32 32 32
Panel D: 2007-2010
Homicides per 10,000,000 0.012 0.017 -0.005 0.002 -0.004
(0.012) (0.015) (0.011) (0.011) (0.014)
R? 0.03 0.04 0.01 0.00 0.00
Observations 32 32 32 32 32

Source: Sex ratios and the percent of households (HHs) with international migrants are from the Mexican
Census, accessed through IPUMS. Homicides are from municipal death records compiled and made
available by INEGI. Note: Standard errors in parenthesis. *** p-value<0.01, ** p-value<0.05, * p-

value<0.1.
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Table 2: Summary Statistics on Labor Market Outcomes
age group 18-25 26-33 34-41 42-49 50-57
Women’s Labor Force Participation (%)

1990 253 252 216 17.1 11.2
2000 353 392 415 363 274
2010 33.0 451 475 460 36.0
2015 31.3 463 47.1 457 359
Women in White Collar Jobs (%)

1990 483 595 467 384 270
2000 317 405 39.1 308 219
2010 586 61.8 56.1 55.1 495
2015 56,5 619 542 520 489
Women in “Brain” Jobs (%)

1990 48.6 593 459 369 248
2000 328 41.8 40.1 316 222
2010 331 40.6 349 341 258
2015 329 436 369 354 314
Women in Male Dominated Professions (%)

1990 5.3 10.3 8.5 7.2 6.0
2000 4.5 9.0 7.9 6.9 4.7
2010 3.8 7.6 6.0 5.7 4.7
2015 4.6 8.3 6.3 5.7 5.4
Log(Average Earned Monthly Income), women
1990 776  8.03 8.04 808 7.97
2000 7.62 795 810 8.05 7.86
2010 7.77 8.09 8.12 8.21 8.15
2015 7.73 802 803 8.06 8.05
Women in Top 25 of Income (%)

1990 9.1 192 221 221 19.3
2000 8.3 22.1  28.0 257 202
2010 8.7 214 215 255 213
2015 102 23.0 23.0 242 236
Weekly Hours Worked, for women

1990 428 39.6 402 40.8 41.6
2000 433 403 387 38.8 38.0
2010 42.1 405 399 394 389

Source: Hours worked are only available in the 1990, 2000 and 2010 Census. Income is scaled to 2000
year peso values using CPI information provided by INEGI. The size of the 1990-2015 sample is 640.
The size of the 1990-2010 sample is 480. White collar jobs are defined using two digit occupational codes
and include categories such as professionals, technicians, managers, administrators, directive officials,
and office workers. See section [2.2| for details on definition of categories. Additional summary statistics
are available in Appendix Table [AT]
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Table 3: Predicted Male Migration to the U.S., year 2000

Weighting Source: EMIF ENE MC
@ @ 3
18-25 age group mean 0.195 0.213 0.195
std. dev  0.136 0.177 0.137
26-33 age group mean 0.292 0.315 0.291
std. dev  0.215 0.269 0.214
34-41 age group mean 0.280 0.306 0.282
std. dev  0.200 0.259 0.198
42-49 age group mean 0.245 0.256 0.237
std. dev  0.160 0.210 0.157
50-57 age group mean 0.174 0.195 0.179
std. dev  0.113 0.163 0.113
Total mean 0.235 0.257 0.237
std. dev  0.173 0.222 0.172

Source: Authors’ calculations. Note: First row number is the mean values across states. The second row
number is the standard deviation.

Table 4: First Stage Regression

Outcome variable: Sex ratio (men/women)
(1) (2) 3)

Predicted Migration, EMIF  -0.207**% -(0.149%** -(.228*%%*

(0.028) (0.018) (0.028)
R? 0.58 0.50 0.61
Predicted Migration, ENE ~ -0.135%*%*  -0,097%**% -(,155%%*

(0.021) (0.012) (0.022)
R? 0.56 0.48 0.59
Predicted Migration, MC -0.186%**  -0.151%** -0.206%**

(0.025) (0.014) (0.025)

R? 0.58 0.52 0.60
State Fixed Effects Yes No Yes
Industry Controls No Yes Yes
Observations 640 640 640

Source: Mexican Census, accessed through IPUMS. Note: Robust Standard Errors, clustered at state-
age group level in parentheses. All regressions include the following controls: year, age group fixed
effects. Some regressions contain state fixed effects and % of the state’s workforce employed in different
industries by year (2 digit code). Hours worked are only available in the 1990, 2000 and 2010 census.
*#* p-value<0.01, ** p-value<0.05, * p-value<0.1.

36



‘T'o>onpea-d .
‘co0>ontea-d 4, ‘10°0>oneA-d 44 “(SHH JO %01 ey} Jojeid sojes uoneI3Iuwir) sedejedez pue UgdeoUdIJA :S91els SUIpuas urew sapnjoxa (9) uwnjo))
“BPLIO[{ PUB BUOZIIY ‘SBXJ], ‘BIUIOJI[B)) :SAIBIS SUIAIIIAI 1SAZIR] SOpN[OXd (G) UWN[0)) ‘9% (S SPRdXad JY3Iom S ) Y} A[UO IdYM SUONIAUUOD SIPN[OXD
() UwN[O) 9G] PIIX2 SIYSFIoM UBIIXAJA PUB ‘S'(] oY) YIOQ 2I3ym SUONIUUOD SpN[oxa (g)uwnjo) “(pod NIIp 7) 1ok AQ salnsnpul JUISHIP Ul
pakordua 90103I0M S,21R1S oY) JO 9, S109]J0 paxy dnoi3 aFe ‘Jeak ‘9re1s :S[0NU0D JUIMO[[0] Y} apnjoul SuolssaI3al [y sasoyiuated ur [9A9] dnoid
o3e-91€)S T8 PaId)ISN[O ‘SIOLIF pJepuelS 1Snqoy “(USWOoM/UU) Ol XoS=9[qeLiea Juapuada( 910N ‘SINNI YSNoIy) passaode ‘snsua)) UBIIXIA :90IN0S

0v9 009 09 09 09 09 0t9 SuoneAIdsqQ
960 6S°0 860 09°0 09°0 LSO 09°0 i~ |
(S€00) (#€0°0) (€£90°0) (ST0°0) (620°0) (110°0) (ST00)
s [ GC0 #xxVVC 0" %xx09€°0" +xx90C°0" #xxGCC 0" #xx7€0°0  %xx90C°0- DIA ‘UOTIBISTIA PIOIPal]
SS0 860 650 650 650 LSO 650 i~ |
(0£0°0) (€€0°0) (1S0°0) (T200) (8200 (1100 (2200
#55091°0"  wxxP61°0"  #x%9S€°0-  ##sxPST°0- #55SL1°0"  #xxb€0°0"  #xxSST°0-  HNH ‘UONRISIA PAIOIpaId
G50 19°0 6S°0 19°0 790 LSO 19°0 |
(8€0°0) (LEO0) (€90°0) (820°0) (0£0°0) (I10°0) (820°0)

#xx 110707 5xx10€°07  %%x09%°0- #%x8CC 0" ##5S6C0°0"  5xx7€0'0"  #xx8CC0-  JINH ‘UONBISIA PIOIpAId
o8uey) SdD  SurpueS  SUIAIGOQY — ZSUONOAUUO))  SUONIAUUO))

puewo 189318 1593818 Suong 3uong SIYSTOM SIYSTOM
QADRUIA)Y  Sulpnpoxyg Juipnoxyg — SuIpnpxyg Surpnjoxyq wopuey| [emoy
@) 9 ©) () (€) () (M

SYO9YD $sauISNqoy Juawnnsuy ;S d[qeL,

37



‘T'o>onrea-d . ‘o' o>onpea-d 4 ‘10°0>on[eA-d 4y "OTISTIEIS patenbSIyD) AT Y deed-uaSIoquiary] 0] spuels -3 "onsnels
OYOSIJ-ISLISUY J0J Spue)s J-y "SA1I0301ed JO UONIULSp U0 S[1eIop J0J[g g/ Uonoas 99§ "snsuad ) [0Z PUB 000T ‘0661 AU} Ul 9[qe[TEAR ATUO OJE PIYIOM SINOH
*(9p0d N3Ip 7) JeaK AQ SOLNSNPUI JUISYIP UT paAo[dwa 90I0JI0M S, 1BIS A JO 9, ‘S109J9 paxy dnoi3 o3e Ieak ‘o1e1s :S[0JU0D JUIMO[[O] Y} Ipn[oul
suoIssaI3al [y ‘sosoypuared ur [oA9] dnoid oFe-o1els Je paIolsn[d ‘sIoly pIepuelS ISnqoy 910N "SINNJI YSNoIyl passadoe ‘Snsua)) UBIIXIJN :90IN0S

08v 0¥9 0¥9 019 0¥9 019 0¥9 SUONBAIISQO
0L'8C (4% (3727 611 611 6111 61V paxenbsy) 4-3
1€¢C¢ 89°¢9 89°¢9 89°69 89°69 89°¢9 89°¢9 onsnels 4 4-V
<0 L80 80 180 6L°0 880 880 d
(Toz'L) (€01°0) (85€°0) (6£0°0) (TL10) (€L1°0) (SS1°0)
«VLY €1 3V 0" 3 [L8°0" LY0°0- s L0 T~ wxxP9L0- #%%CC8°0-  (UQWOM/USUW) ONET XoF
DIA :XIIRIA SUNYSITop
68°0C £ece £ece £ece £ece £ece £ece paxenbgry) -3
CI'ee 606t 6061 6061 6061 606t 6061 onsnels 4 d-vV
9¢0 980 £€8°0 18°0 6L°0 L80 680 d
(90L'9) (zs1°0) (S9t°0) (¢¥0°0) (9L1°0) (¢61°0) (L91°0)
%00V 11 #%x96€°0" #5001~ 870°0- s L9 T~ G180 #%%999°0-  (UQWOM/USUI) ONT XoF
ANA :Xe Sunysiom
LY 1Y 0y ¢S oy cs 0¥ ¢S 0¥ ¢s 0¥ ¢S (1248 paxenbSy) -3
09°'1v ¢1'99 ¢1'99 ¢1'99 ¢1'99 ¢1'99 ¢1'99 onsnels 4 d-V
8S0 880 780 180 180 880 680 zd
(6£0°9) (S80°0) (z62°0) (S€0°0) (I¥1°0) (TS1°0) (S¥1°0)
+598'8 SCI'o- +x579°0- 020°0- #3590 T~ %%%9L9°0- #xx£69°0-  (UOWIOM/USW) OTJBI XoF
AINH XIEA SunySopm
19°0 880 780 18°0 ¢80 060 680 d
(1L8'1) (0¥0°0) (621°0) (810°0) (9%0°0) (€50°0) (#90°0)
IvC1- £90°0- w3 56€°0" wxx (V00" w3 LSV 0" wxxCEC0" #xx617'0-  (UOWOM/USUL) O1T XoF
ST10
uowopy, £q  swoouy UQWOp, £q  SUOISS9JOI] sqor sqor Ie[[o) uonedonred
POYIOM 96z dor, Qwoouy pojeurwio  ureig,, AMYM 9010
SINOH ur poureq S[eIA UI ur ur Ioqe|
APloom UQWIOM 9% A[JIUOJN SO] UQUWIOA\ 9, USUWIOA 9, USWOM % Jrewdq
(L) 9) (S) (¥) (€) (2) (1)

SINSY AJ ‘95eIS PU0dS :9 A[qe],

38



‘10>onpea-d . ‘g o>onreA-d 4y ‘10" 0>on[eA-d 4. -O1ISTIR)S pazenbgIy) T X deed-uadioquia[y] 10J Spuels -3 "O1Snels J aYosid-ISL3uy 10J spuels
d-V "Se110321ed Jo uonIuyap uo s[rejap 10j[g g/uonsss 995 snsuad 010z pue 0007 ‘0661 U UI A[qe[reae ATUo o1e payIom smoH ‘sesaypuated ur [oA9] dnoid
93e-91e]S 18 PaIdISN[O ‘SIOLIF pIepuelS 1Snqoy “(USWOoM/USUI) OBl Xo§=3a[qelIea Juapuada(q 910N "STNNI YSNOoIy) passaode ‘Snsua)) UBDIXIJA :90IN0S

08% 0v9 09 0¥9 0¥9 0¥9 09 SuoneAIasqQ
€TIE 667 667 667 667 667 667 paxenbsSy) 4-3
LSTE 11°9¢ 11°9 11°9§ 11°96 11°96 1196 onsnels J 4-v

€50 980 18°0 8L0 8L0 L80 L80 |
(90¢°8) (sT1'0) (16£°0) (S¥0°0) (S81°0) (L61°0) (S91°0)
$10°01 610 915°0- £080°0-  sxsb9L T #4%108°0" #%%S9L°0-  (USWOM/USW) ORI XoF
OIN XIIBIA SUDYSIOM
€e'6T 81°LE 81°LE 81°LE 8I°LE 81°LE 81°LE paxenbsy) 4-
WSt 9t 0¥ 9t 0¥ 9%’ 0% 9%’ 0% 9t 0F 9t 0¥ onsnels 4 4-V
0S°0 680 080 8L0 8L0 980 880 A
(T6S°8) (€61°0) (S50 (6¥0°0) (80T°0) (LET0) (#81°0)
0TV vl %xS0¥°0- +£56°0" £660°0-  ###8ST'T-  ##%616°0°  %%%¢S9°0-  (UdWOM/UdW) OjeI XoF
HANH XURIA SunySIom
01°¢h 1S 11°CS 11°ZS 11°ZS 11'eS 11°CS paxenbsy) 4-
98¢ €'9¢ €¥'96 €98 €98 €'9¢ €¥'96 onsnels  4-v
(090°L) (160°0) (sTe0) (6£0°0) (LST"0) (LLT0) (SST°0)
9Tt's 990°0- LETO- 6%0°0- #xx110°T-  %%%889°0-  ##x679°0-  (USWOM/USW) ONeI XA
ADNH XA SUDySIom
USWOM AQ Qwoouf UQWOAM AQ  SUOISSQJOI] sqofr sqof Ie[jo) uonedronieq
pPaYIOM 9,6 dog, Quwoou] pajeurwio(y  urerq,, AIYM 90104
SINOH ur paureq S[eIA Ul ur ur loqe1
APTooM UQWIOM % A[IUOJA SO] UQWIOA\ 9, USUWIOM 95 UQWOAM % olewra
(L) 9) (S) (¥) (€) (2) (1

(sjonuo) Ansnpuy ON) SYo9yD) SSauUISNqoy ‘@FelS puodas :/ dqeL,

39



"T'0>onfea-d , ‘g0 0>oneA-d ..
‘10°0>on[ea-d .., onsnels parenbgy) N7 3 deed-uaSioquiary 10 Spuels -3 "onsnels . aYosid-1s1usuy I0J Spuels -V "So11039)ed JO uonIuyap uo
s[rejop 10j[z 7] uonoas 995 "sNsuAd O1OZ PUL 000T ‘0661 U U A[qe[reA. ATUo oIe pasIom SIOH "(9pod NSIP 7) Jeak £q sarnsnpur JuaIdyIp ur pakordurd
Q0IOI0M S, 21B)S AU} JO 9, ‘S3109)° paxy dnoig afe ‘1eak ‘9iels S[0NUO0D SUIMO[[O] AY) IpN[OUl SUOISSAIZAI [[y “sasayjuared ur [9a9] dnoi3 a3e-91es Je
PaI19)SN[O ‘s101Ig pIepuels 1snqoy 910N (0€61) I0[ARL, pue (SZ61) 1915100 Woif sIYItom OLIOISIH “SINNI YSNOoIy) Passadde ‘Snsua)) UBIIXIA :90IN0S

08y 09 019 019 019 019 019 suoneArssqQ
088 S0'6 S0'6 S0'6 S0'6 S0'6 S0'6 parenbgIy) 4-3
co'L Ly9 LY9 LY9 LY9 LY9 LY9 nsneIs J 4-v
050 SCl- Ge0- 69°0 0L°0 8L0 780 ed
(180°01) (16%°1) (€ve€) (991°0) (€€9°0) (L99°0) (2ot"0)
SIce xx£€0°¢" xxC16°9- 661°0- * L1171~ 980°1- 8C1°0- (uowom/uaW) ORI X9§
UoWOM AQ  Qwoou] UQWOM AQ  SUOISS9JOI] sqor sqof re[jo) uonedronreq
POYIoM 96z doL, Qwoou[ pojeutwioq | ureiq,, AMYM 90104
SINOY ur paureq QeI UI ur ut Joqe|
AD[O9AN  UQWOM 9 A[UIUOJA SO] UQUIOA\ 9, USQWOA 9, USWOM % orewaq
(L) ©) () () () @ 0

SIYSTOAN QHOISTH ‘YYD SSauIsnqoy a8e)§ puodas :§ dqeL,

40



‘T0>onea-d . ‘Goro>onea-d .y ‘10 0>onea-d .. onsSneIs parenbsy) N 1 deed-ua3roquia[y] 10J spuels 4-3 onsnels g
OYYOSIJ-ISLISUY 10] Spue)s J-V "SO1I0501ed JO UONIUYAP U0 STeIop I0J[g g/Uomnoas 99§ 'snsuad 0107 PUB 000T ‘0661 AU} UI 9[qe[TeAR ATUO oIe PIYIOM SINOH
*(9p0od N3Ip 7) 18K AQ SALNSNPUI JUAIIYIP Ul poAo[dwa 92I0[I0M S, 91B1S A} JO 9 ‘S1091J9 paxy dnoid oFe ‘1eak ‘a1els :S[0JUO0D SUIMO[[0} Y} Ipn[oul
SuoIssaISar [y “sasaypuared ur [oA9] dnoiS oFe-a1e)s e paId)sn[d ‘SIoNg pIepue)S I1Snqoy :QI0N "SINNI USNOIY) Passadde ‘Snsua)) UBIIXIJN :90IN0S

08% 0v9 09 09 09 09 09 SUONEAIasqQ
60'v¢ Iy I 1y I 1Y I 1Y I 1Y I 1Y paxenbgry) -3
L1°6€ 8CT°0S 8CT°0S 87°0S 87°0S 8T°0S 8CT°0S onsnels 4 4-V
170 780 €L0 SLO 09°0 1L°0 880 |
(6L6'9) (0ST°0) (805°0) (650°0) (Ssz0) (692°0) 9L1°0)

w3 COV CC  %xxL8G°0~  %%xCCCC #5%081°0" %xxC68 1~  wxxCSL'1- #%%£65°0-  (UOWOM/USU) ONeT XoF
OIN :XIIBJA Suny3iom

8Y°CC £9°6¢C £9°6¢C £9°6C £9°6C £9°6C £€9°6C paxenbsSy) -3
7E€€C 8'6¢ 78'6¢ 78'6¢C 78'6¢C 78'6¢C 8°'6¢C onsnels 4 4-V
1€0 8L0 1.0 SLO £€9°0 0L0 880 zd
(LST'6) (L1T°0) (0£9°0) (690°0) (062°0) (82€°0) (€61°0)
23991600 %%%99L°0- %%%905°C- #3%xC0L'0"  4xx86L° T %xx618°1- 0LT0- (uowom/usur) oner XaS
ANA XA Sunysom
09°0¢ ¥¥'9C ¥¥'9¢ ¥¥'9¢C ¥¥'9¢ ¥¥'9¢C ¥v'9C paxenbsy) 4-3
6C°0C 6S°0¢ 6S°0¢ 650¢ 65°0¢ 65°0¢ 6S°0¢ onsnels 4 4-V
770 L80 8L°0 LLO £€9°0 L0 880 zd
(¥SL'L) Or1°0) (S¥S°0) (190°0) (10€°0) (60€°0) (602°0)

#2xE£15°0C €10 x4 £G6]- w#LE1°07 w81 #xx059°1- xx [ CY'0" (UoWOM/USUT) ORI X3G
JINA XIeN Sunysrop

USWop Aq swoouy UQWOAM, AQ  SUOISSQJOI] sqor sqor Je[[oD) uonedronred
[SERIIVY 9,6 dog, Quoou| pareurwoq Jurexq,, AIYM Q010
SINOH ur paureq J[eIA Ul ur ur loqe|
APTooM USWIOM 9% AJJIUOJA SO] USWIOA\ 9 USUIOM 9  USWOM % dlewd]
(L) (9) (S) (¥) (€) (2) (1)

e1e@ SdD SuIsn UIJA JO 001§ Ul S25uny) YIm AJ ‘93e)S PU0dRS :6 d[qe],

41



‘T0>onpea-d . ‘corg>onea-d ., ‘70’ 0>onea-d
s (9POO NIIP 7) Jeak AQ SLISNPUI JUISJJIP UT POAO[dWID 90IOTIOM S,9181S AU} JO 9, ‘S109]J9 paxy dnoi3 ae ‘Ieak ‘91els :S[0nu0d JUIMO[[0) 9Y) Ipn[oul
SuoIssaI3al [y ‘sosoyyuared ur [oa9] dnoid oFe-a1els e paIdlsn[d ‘sIolyg pIepuelS ISnqoy Q10N "SINNJI YSNoIyl passadoe ‘Snsua)) UBJIXIJ (90INOS

0t9 0v9 09 0t9 09 SUOTIBAIISqQ
660 060 ¥6°0 6L°0 88°0 |
(€L0°0) (S90°0) (S96°1) (€L1°0) (€L1°0)
900°0 wxxCLT0"  #x5CL09T-  #x%L0TT  #%x€9L°0  (USWOM/USW) OIBI XoF
OIN :XIIEBJA Suny3iom

660 060 €6°0 6L°0 LS80 _~|

($80°0) (LLO0) (82S0) 9L1°0) (261°0)

£90°0 601°0" #xx90€ LT 55891 T  #%%SI8°0  (USWOM/USW) ONRI XdS
AN X SUNYSIOM

660 680 $6°0 18°0 88°0 A

($90°0) (L90°0) #19°1) (Iv1°0) (TS1°0)

€20°0- $€0°0- sk €ELTI"  sesxLLl0]  %%%9,9°0  (USWOM/USW) ORI XIS
ATNE XHRIA SUNYSIOM

660 060 960 S8°0 060 A

(Teo0) (8200 OcL0) (900 (€50°0)
€600 ##19€1°0"  ##%699'9"  ##x09Y'0  ##xTETO  (USWOM/USW) OBRI X3

S10
poTIIRIA pareonpyg UOWIOA\ sqofr Sqof Te[[o)
JOAIN a39110D I0J Jumerq,, ang
oYM are oypy  Surjooyds ur g, ur 9
USWIOM 95 USWOAM 9%  JO SIedX Jrewro] qlewdq
(©) () (€) @ (1

SINSY AJ 95r)IS pu0dag ‘sowodnQ _YIO 01 2[9eL

42



‘To>onea-d .. ‘o g>onyeAa-d 4y ‘TO0>onRA-d 4y SOLIOTIIRD
JoyTew Joqe[ JO UONIULAP UO S[reIap Joj[z g uonoas 005 -eo[eUIS pue ‘BoeXe() ‘SO[QIO]A ‘OS[EpPIH ‘enyenyry) ‘BWI0)) ‘SoJUSI[edsensy sapn[our os[e
omuodrad YIS YL, 1S010d SIN'T UBS PUB ‘0dSI[e[ ‘0Io1IoNL) ‘ojenfeuens) sapnjour os[e a[nuadiad yiG/, Y[, "Sed9)edryZ pue JLIBARN ‘UBOBROUDIA ‘OFueIng
sopnpour 9[nuadIad Yiog YL, "(00y euruing) pue Ing eleg Suipn[oxa) snsua) )OOZ Y} JO St SOOUBNIWI JAISIAI JBY) SP[OYasNoY JO 9, 3y} 10} P[OYSAIY}
QAOQE 9S0Y) SB Pauyap a1t S9Je)s QOUBNIWAI YSIH "S9jels doueniwal y3Iy Joj Awwnp & pue ‘(apod NIIp 7) Jeak AQ SOLISNPUI JUAIQMIP Ul pakoidwo
90IOJIOM $,91BIS AU} JO 9, ‘S109jJ9 paxy dnoi3 oFe pue ‘Ieak ‘91els S[ONUO0D SUIMO[[0] SY) 9pN[oul SUOISSaITaI [y “sasaypualed ur [oa9 dnoig a3e
-91e]S Je PAIvISN[d ‘SIOLI pIepuelS I1Snqoy (Uewom/udw) onel XoS=9[qeLreA juapuada :9JON ‘SINNJI YSNOIY) PIssadoe ‘Snsud)) UBIIXIJA :90INOS

08% 09 09 0v9 0v9 09 09 SUONEAIasqQ
09°0 880 ¥8°0 18°0 780 6380 6380 A
(9¥8°L) (991°0) (TLS0) (190°0) (I1¥2°0) (897°0) (8€7°0)
0SS'T1 61°0- 659°0 £00°0- 1S1°0- Y11°0- 180°0- (9%06) 2¥e3s QOUBHIWAI YSIH X (USWOM/USUI) 0T XS
(S06't) (6,00 (TTe0) (#€0°0) (9ST1°0) (8ST1°0) (8%1°0)
LTY'E S¥0°0- #%x916°0" 610°0- #xx€00' 1" #%%679°0"  %%%099°0- (uowom/uawr) o1jel Xog
906 doJ, =sa1e1§ QouenIway YSIH
19°0 88°0 €80 18°0 €80 638°0 88°0 |
(9L6'9) (sT10) (0¥¥'0) (6¥0°0) (S12°0) (0€2°0) (20T°0)
#xxC1S 1T €50°0- #%€S0°T S10°0- «0Tr 0~ «L1¥°0- 960°0 (%S L) 18IS QOUBPIAI YSIH X (USWOM/UIUI) ORI XIS
(TELY) (6L0°0) (8€€°0) (9€0°0) (6€1°0) or1°0) (€ST°0)
00T'S- 760°0- +x+E8C 1" 110°0- #xx018°0"  ##x€CF' 0" #%+CSL°0" (uowom/udw) O1jel Xog
9,6/, doJ, =sa1e1§ QouenIway YSIH
090 88°0 €80 18°0 80 680 6380 A
(L8¥'9) Q110 (L1¥°0) (6¥0°0) (€61°0) (L0Z0) (80T°0)
#xx0€€'8T  650°0- *€9L°0 610°0- L1€0- 7ST0- I11°0- (9%08) 91e3s QoUBPIWAI YSIH X (USWOM/USW) O XS
(296°S) (#80°0) (€9€°0) (9%0°0) (LY1°0) (S91°0) (902°0)
YLE L €L0°0" #x+81€°1- €00°0- #%%S8L°0"  ##x¥SP0-  #%x965°0- (uowom/uowr) onel XaS
9,06 doJ, =sa1e1§ SouenIway YSIyg
UOWOM AQ  Qwoou] UQWOM AQ  SUOISSIJOI] sqof sqor re[[o) uonedronred
PIOM 96z dog, Quwodu| pareurwoq Jurergq,, AU Q0I0
SINOH ur paureq J[eIA UT ur ur Joqe]
APloom UQWIOM 9% A[JIUOJN SO] USWOA\ 9, UQUIOM 9, USUWIOM 9% e
(L) 9) (9] (%) (€) (2) (D

SIYSTOM ATINA €S918IS 20URNIWY MO pue Y3IH Aq sowodn( 1| J[qel,

43



Appendix —(For online publication)

1 Theoretical Framework

This section details a simple theoretical framework, which follows Raphael (2013), to show that
the sex ratio in any period is a function of the earlier sex ratio, and the out and return migration
rates for men.

Let M’ be the total number of men in state s and age group c in time ¢, where ¢ — 1 would
designate the previous period. Assuming no mortality and that only international migration
drives migration ﬂows,@ then the difference M!, — M! ! is the change in the number of men.
It can be shown that if the out and in migration rates are similar for men and women, the sex
ratios do not change over time. Given that the in country migration rates are roughly balanced
across sexes this is less likely to drive changes in sex ratios

Let Mt equal the number of men in an age group and state that migrate internationally m
between ¢ — 1 and ¢, and M,, equal the number of men in an age group and state that return
from abroad r between ¢t — 1 and ¢. The number of men in a given age group and state, in year ¢
can be expressed as a function of the number of men in the previous period minus international
migrants plus returning migrants.

Mﬁs = Mgs_l - Mgsm + Mgsr (1)
The age group of women can be expressed in the same manner:
Wcts = VVcts_1 - Wctsm + Wctsr (2)

To simplify the sex ratios further, we assume there is no in or out international migration for
women, which means W, = TW! . The sex ratio in any given year can be written as a function
of the ratios in the previous year and the in r and out /m migration rates for men:

M, MDY — M+ M! MY MY M!

— cSm csr _ csm + CcST (3)

t t—1 - t—1 t—1 t—1
W, W, Wi, W, W,

This can be re-written to show that the sex ratio in any period is a function of the earlier sex
ratio, and the out and return migration rates for men.

Mt Mtfl Mtfl Mtfl
£ = _=_ = + 1| outmigration,.s + = + 1| returnmigration.g 4)
Wi, Wi [Wc’f;l } [W,f;l ]

3IThis is based on data showing large differences in international migration rates but negligible differences in
national migration rates by sex.

32For example, according to the 2009 Encuesta Nacional de la Dindmica Demogréfica (ENADID, or the National
Survey of Demographic Dynamics), a nationally representative survey that captures national and international
migration over the past five years, 76% of international migrants to the U.S. over the 2004-2009 period were men,
while only 50% of national migrants were men.
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Table Al: Summary Statistics

N Mean Std.Dev. Min Max
Panel A: Explanatory Variables of Interest

Sex ratio (men/women) 640 0.93 0.05 0.81 1.13
Predicted migration, EMIF 640 0.21 0.17 0.01  0.95
Predicted migration, ENE 640 0.23 0.21 0.01 1.14
Predicted migration, MC 640 0.21 0.17 0.01 0.84
Predicted migration, Historical 640 0.17 0.26 0.00 2.08
Panel B:Control Variables
Labor force in agriculture, fishing, forestry (%) 640 0.18 0.12 0.01  0.60
Labor force in mining (%) 640 0.01 0.01 0.00 0.05
Labor force in manufacturing (%) 640 0.16 0.07 0.04 034
Labor force in electricity, gas and water (%) 640 0.01 0.00 0.00 0.01
Labor force in construction (%) 640 0.09 0.01 005 0.12
Labor force in wholesale and retail trade ( %) 640 0.16 0.03 0.08 0.23
Labor force in hotels and restaurants (%) 640 0.06 0.03 001 024

Labor force in transport and communications (%) 640 0.05 0.01 0.02 0.09
Labor force in financial services and insurance (%) 640 0.01 0.01 0.00 0.04
Labor force in public administration and defense (%) 640 0.04 0.01 0.02 0.09
Labor force in real estate and business services (%) 640 0.04 0.03 0.00 0.14

Labor force in education (%) 640 0.06 0.01 0.04 0.09
Labor force in health and social work (%) 640 0.03 0.01 0.01 0.06
Labor force in other services (%) 640 0.06 0.02 0.03 0.13
Panel C: Labor Market Outcomes
Women’s Labor force participation (%) 640 0.35 0.12 0.05 0.62
Women in White Collar Jobs (%) 640 0.47 0.14 0.08 0.78
Women in “Brain” Jobs (%) 640 0.37 0.11 008 0.72
Women in Male Dominated Professions (%) 640 0.06 0.03 0.00 0.19
Log (Average Earned Monthly Income), Women 640 7.99 0.26 7.27 891
Women in Top 25 of Income (%) 640 0.20 0.09 0.03 0.55
Weekly Hours Worked, for Women 480 40.34 2.10 32.11 56.55
Panel D: Other Outcomes
Women in Blue Collar Jobs (%) 640 0.53 0.14 022 092
Women in “Brawn” Jobs (%) 640 0.63 0.11 0.28 0.89
Years of Schooling, Women 640 8.00 2.43 1.57 1298
College Educated Women (%) 640 0.09 0.06 0.00 0.34
Never Married Women (%) 640 0.20 0.17 002 072
Women Who Have No Children (%) 640 0.20 0.19 0.00 0.71

Source: Hours worked are only available in the 1990, 2000 and 2010 Census. Income is scaled to 2000
year peso values using CPI information provided by INEGI. See section for details on definition of
labor market categories.
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Table A3: Percent of Mexican Born Men in a U.S. State (7), for the 12 largest U.S. receiving
states, year 2000

age group Summary
ey 2) 3) “) ) © D
State 18-25 26-33 34-41 42-49 50-57 young older
Arizona 212 214 175 107 5.7 4277 339
California 179 234 199 122 65 413 386
Colorado 25.1 247 159 9.1 4.2 498 292
Georgia 33.0 28.1 14.0 6.2 2.6 61.1 228
Illinois 207 249 183 114 6.0 45.6 358

New Jersey 319 268 175 6.6 24 586  26.6
New Mexico 144 188 18.0 147 8.9 332 416

New York 30.0 28.7 165 6.4 3.0 58.6 259
North Carolina 34.5 28.0 13.8 6.1 23 62.5 221
Oregon 25.6 279 182 7.8 32 535 292
Texas 187 21.1 186 125 6.9 39.8  38.0

Washington 225 271 173 8.3 4.7 49.6 303

Source: U.S. Census, accessed through IPUMS. Note: Percent of Mexican born men in a U.S. state that
are in a specific age group. Column (6) is the sum of columns (1) and (2). Column (7) is the sum of
columns (3) to (5).
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